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INTRODUCTION  

This Scientific Report (Deliverable 2.3) wraps up the research done in Work Package 2 

“GLOBAL DRIVERS: Analysis of tourism and associated mobilities as drivers of social exclusion 

and their spatial articulation” of the SMARTDEST project, following mainly from its tasks 2.2, 

2.3 and 2.4. Hence it offers a number of analytic insights on how global mobilities, and tourism 

in particular, ‘land’ on specific places or classes of places, becoming enmeshed with – and 

potentially fostering – dimension of social exclusion. It also uses the early results from case-

study based research developed in Work Package 3, and namely the diagnostic exploration of 

social exclusionary trends and boosting or mitigating factors in eight case study cities, to develop 

narratives of how contextual geographic and policy-related factors, as well as innovative social 

arrangements, should be taken into account in the analysis and interpretation of the territorial 

effects of tourism mobilities on social cohesion and inclusion.  

In line with the approach developed throughout WP2, the scale of the analysis in this piece of 

work is the regional level (NUTS 1-2) throughout the European space. This consortium 

considers that this scale and the pan-EU approach is a first necessary step – yet obviously not 

sufficient – to examine in deep how social inequalities are produced in the face of the 

transformative agency of tourism mobilities on place. At this scale of analysis, tourism has been 

examined as a driver of regional growth and territorial cohesion in the EU and its 

neighbourhood, in research papers (Paci & Marrocu, 2014; Harb & Bassil, 2020; Llorca-Rodríguez 

et al, 2020) and European research programs like ESPON (Russo et al., 2012; Copus & Noguera, 

2017). Yet the evidence of how tourism plays out in terms of social inclusion is scant, at least at 

a level which could open up the field for new policy approaches that can be framed in the EU 

territorial agenda. Thus, our ambition in this document is to identify the key challenges for social 

cohesion that are proved to be associated with the growth and increased articulation of tourism 

mobilities as a driving force of place development and transformation.  

The territorial scale at which we examine these trends is largely obliged by data availability (most 

conventional data datasets which we use, as tourism movement, migration rates, and social and 

labour data) are only published at NUTS 2 level and in some cases only allow for relevant 

stratification when scaled up at NUTS 1. This scale of the analysis is clearly not able to pick 

significant phenomena that unfold at the very fine scale of ‘destination’, though in some cases 

this NUTS1-2 geography allows a focus on the metropolitan dimension.  

Mere statistical analysis, however sophisticated, hardly provides the evidence that is needed in 

order to understand fully how the ‘chain of transmission’ from the activation and ‘landing’ of 

tourism in specific place and the other manifold mobilities that are assembled to it (of workers, 

citizens, objects, goods, capital, technology and cultures) to their social and economic 

transformation, and eventually to the ‘unsettling’ of resident communities towards actually 

works; and how such transformations are reflected by pathways of exclusion, or coped with 

through innovative social arrangements and policy reforms. These questions are highly 

contextual and will be explored in depth at case study level in the next research Work Packages 

of the SMARTDEST project, using the research techniques that are more adequate for an 

inductive exploration of social phenomena. Nevertheless, the insights presented in this report 

offer an analytic layer which we deem necessary in order to justify the selection of topics for 

further scrutiny that seem to have a certain universal resonance, at least for ’classes of places’ 
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that have had similar trajectories as mobility hubs – whose identification is the first output we 

offer.  

The research dimensions explored in this report follow from our conceptual and analytical 

approach, as laid out in Deliverable 2.1 (Bornioli et al., 2020a), and explored in subsequent tasks, 

collected in Deliverable 2.2 (Bornioli et al., 2020b). Namely, these are 

- The measurement and analysis of the ‘territorial footprint’ of tourism and related 

mobilities, including the infrastructure which makes it possible for such flows to ‘land’ in 

specific places and dwell in them, triggering processes of adaptation and transformation of 

the physical, social and cultural structures that constitute ‘place’ in a dynamic sense. Out of 

our conceptual approach, we are interested in a framing of tourism as flows of people that 

highly enmeshed with a multitude of other human and non-human mobilities (of objects, 

goods, capital, cultures, etc.); the assemblage and fix of such mobilities in specific places plays 

out as a transformative forcefield which unfolds through occupation, valorisation, and 

signification of space in a relational negotiation with local or ‘sedentary’ communities. Some 

of these mobilities and anchoring processes are measurable and can lead to a ‘charting’ of 

places or classes of places that are more or less attractive, or have evolved as such; and 

whose assemblages in relation to the place characteristics (social, geographic, economic) can 

be characterised as critical or unbalanced: among these, the sheer pressure exercised by 

mobile communities including tourists, lifestyle migrants and workforce, in relation to space 

or to local communities, employment markets, housing supply, etc.  

- The measurement and analysis of trends that hint at the production of social 

exclusion, the latter intended as phenomenological end-result of a wide array of (again, 

relational) processes related with the position of members or groups of society in relation 

to space, health, quality of life, and personal or collective ambitions, as processes of 

polarization and inequality, displacement and spatial exclusion – which is related to the loss 

of opportunities (of mobility, work, access to services) – and even marginalisation and 

invisibilisation from public life. Specifically, we have focused a) on poverty and deprivation: as 

a ‘state’ through the perceptions of respondents to the EU-SILC survey, and as an objective 

measure of unaffordability of basic services and incapacity to satisfy basic needs; b) on living 

conditions, in terms of access to affordable housing, material characteristics of the dwelling 

and of the neighbourhood, and on perceptions in regard to health and security; c) and on 

labour through a wide range of indicators, derived from the Labour Force Survey, that point 

at the quality of employment conditions (also in relation to subjective ambitions): secure, 

well-remunerated, stable, dignified, as opposed to atypical work conditions or leading to 

forms of social exclusion, which we consider in this report ‘disadvantaged’ work. Obviously, 

the key focus here is on work within the tourist sector – another dimension of the 

assemblage of mobilities in space, considering the relatively high level of mobility and 

‘transiency’ of the tourism sector workforce.  

- The measurement and analysis of innovation in tourism and of the developments 

of the IT and digital infrastructure and services, a result of policy and/or corporate 

projects that are highly embedded with the global circulation of capital, technology, and policy 

discourses. In the field of smart mobility and smart tourism particularly, these digital-fuelled 

systems are either meant to increase the competitiveness of places through an enhancement 

of their accessibility and navigability for the different ‘mobile’ publics or – responding to the 
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imperative of smart city discourses – to ‘tame’ the unsustainable footprint of the flows that 

feed the global economy towards greater resource efficiency. In either case, and most likely 

as a result of the difficult balance between both objectives, ‘smartened up’ mobilities can have 

either boosting or mitigating effects on the way in which tourism mobilities relate to social 

exclusion. We have presented four research streams connected to this topic: the evolving 

network of people and places that produce innovation in the field of smart tourism, the 

uptake capacity of IT by the travel industry, the ‘smart city’ projects developed in EU cities, 

and the ‘smart apps’ that are deployed in EU destinations and their usership.  

These dimensions have been studies separately in Deliverable 2.2 (Bornioli, Russo, & Valente, 

2020), through a vast exploration of the available sources and the application of suitable analytics, 

to offer a comprehensive, pan-European perspective on their territorial distribution, hinting at 

potential associations in regions and urban areas of the European territory which would flag 

them as those places where the agency of tourism mobilities is potentially leading to the 

intensification (or mitigation) of processes of social exclusion.  

In this Scientific Report D2.3 we close the circle presenting a set of research exercises that offer 

insights on how these dimensions may be tied to one another. We thus employ statistical and 

econometric techniques to obtain results whose main interest lies as much in the testing of 

‘effects’ than in the interpretation of the spatial stratification of such phenomena: are there 

‘classes’ or groups of regions in which, on account of their diverse geographical situations, 

economic status, history and pace of development as ‘attractive places’, levels or capacities of 

technological development supporting and organising tourism mobilities, and even policy and 

welfare regimes, perform remarkably differently when looking at the causal relationships 

between tourism and social in/exclusion? Out of the great variety of indicators and ‘domains’ 

elicited in D2.2 (Bornioli et al., 2020), in this report we have of necessity focused on those that 

presented the most solid attributes in terms of time and geographic data coverage to engage in 

meaningful statistical analysis.  

This exercise is by all means partial in its ambition to examine the manifold relationships that 

can be fathomed between the intervention of tourism mobilities and social exclusionary trends. 

Yet the insights presented in this document constitute a first research milestone for this project, 

suggesting that in spite of the well-established (and unsurprising) result that tourism 

development is a source of regional economic growth – and the more interesting result that in 

certain circumstances it has provided opportunities for the reduction of regional gaps –, there 

still is an issue with social cohesion which is tested at the scale of the whole European territory: 

tourism development in certain classes of places could be associated with the widening of social 

gaps and with the marginalisation of a part of the destination population. Among the findings, it 

emerges that the regional share of deprived working-age adults does not reduce following 

tourism development (Chapter 3); that tourism produces “bad” labour (Chapters 5 and 6); and 

that the rise of short-term rentals might widen income inequalities in urban contexts (Chapter 

7). 

In order to characterise more concretely the unfoldings, mechanisms of transmission, and 

underlying regimes sustaining these relations, it will be necessary to explore them in further 

depth at case study level with a grounded perspective that takes in the perceptions and narrative 

of the affected communities in our effort to seek for solutions that can be rescaled to the 

multilevel policy environment of the EU. However, these early results are per se quite novel, in 
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that they establish that tourism development efforts and more widely policies that sustain the 

attraction of the different related mobilities, commonly motivated by the fact that they would 

bring generalised prosperity to needful territories, have to take care about the challenges of 

social exclusion and be preoccupied with the redistributive effects that specific forms and cycles 

of tourism development seem to be triggering. In this sense we can propose some key policy 

challenges faced by EU regions, and in urban areas concretely, in relation to the topics which 

surface as critical, tackled at the end of this document.  

Contents of the report 

This content is so organised. The next sections present a summary of results and the general 

methodological approach of the Work Package. The remainder of the report is organised into 

four main parts: Part I develops a regional typology of attractive regions for the multiple human 

flows that we conceived as assembled in tourism mobilities, and contracts social trends, captured 

by a wide array of indicators (Chapters 1 and 2). The remaining three parts focus on an equal 

number of domains of social exclusion, based on availability of European harmonized indicators, 

that our theoretical approach links to the development of places and their transformation as 

hubs of tourism-related mobilities: poverty and material deprivation (Chapters 3 and 4), labour 

(Chapters 5 and 6), and housing (Chapter 7). Finally, the last section concludes recapping the 

main outtakes from these exercises and offering a transversal reading; and presenting the related 

issues to be explored at further depth in subsequent stages of the project.  
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SUMMARY OF FINDINGS 

 

PART I: REGIONAL TYPOLOGIES 

Chapter 1 presents a scoping review of classifications on social exclusionary effects and tourism’ 

dynamics. To reduce the complexity of the social dimension, the review focuses on labour 

market-related typologies. The objective of the task was to find leads towards a classification 

that accounts for the tourism as well as a social (exclusion) dimension and simultaneously 

recognizes regional/urban variations. All review classifications were highly heterogeneous, 

particularly when selecting indicators. The more targeted a typology, the weaker was its 

geographical sensitivity. This was due to the genuine lack and limitation of data narrowing the 

scope of interregional comparative research. Moreover, a crucial aspect in constructing and 

interpreting classifications was the contextual view, which adds analytical dept and allows to 

grasp the reach of a typology. The scoping review shows that it is crucial for our research to 

use a solid theoretical basis that integrates aspects of social exclusion and tourism.  

In Chapter 2, we perform a cluster analysis aiming at regrouping classes of regions with similar 

dimensions and evolutions of tourism and related mobilities, from an exhaustive list of indicators 

having to do with tourism intensity and pressures in urbanised areas and other regional types as 

well as migration rates. We have identified 4 regional classes – Low Intensity regions, Steady 

Growers, Fast Internationalisation regions and Tourism Stars – which perform differently in the 

combination of indicators utilised for their characterisation. We then proceeded to test the 

hypothesis that these clusters perform differently in terms of the means values of a long list of 

indicators of social inclusion, regrouped in headings such as health, housing, poverty and 

deprivation, labour, and a few other derived indicators cutting across these domains.  

The key take out of this analysis is that the pace of development seems to have a more critical 

impact on social inclusion that the sheer dimension or even intensity of tourism and other 

related migrations. ‘Fast Internationalisation’ regions, a small group of 4 late comers in the 

European tourism maps, perform consistently awkwardly in terms of social indicators of 

different types, ranging from access to housing (for women and non-European foreigners in 

particular), to household overcrowding (for the over-65 population, risk of poverty and 

deprivation with a particular bearing for female-fronted households, atypical work profiles and 

low levels of employment security. 

As a counterpart, ‘Low Intensity’ regions (a large group of 92 regions in the European core and 

stretching to the periphery from the Iberian peninsula to the eastern and northern edges of the 

EU territory) derive much lesser benefits from tourism and other inward flows of migration, but 

they also show very little of the hindrances through which tourism growth may sustain pathways 

of social inequality and exclusion. The other categories could be defined as ‘intermediate’ – they 

have the profile of regions where some of the most critical aspects of the mobilities-exclusion 

nexus have been creeping up, especially in situations of extreme intensification of tourism 

activity, but at the same time the benefits derived from a longer (and arguably more spatially 
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dispersed) trajectory of growth have been accompanied by a certain stabilisation of social 

structures. Thus ‘Steady Growers’ are 53 regions mostly coastal and including large cities or 

their peri urban regions – that have not reached a stage of development in which tourism 

pressure could be considered excessive especially in relation to housing affordability, and they 

have some the best profile in terms of salaries paid. Yet the trends indicate that they may resent 

from an increasing specialisation in tourism which makes them particularly vulnerable to systemic 

crises like the one that we are currently living with COVID-19.  

On the other hand, ‘Tourism Stars’ are 15 regions (mostly in the Mediterranean and in the 

largest European capital conurbations) where the intensification of tourism and their strong 

degree of specialisation in tourism are challenging social inclusion, for instance nuancing a high 

level of social polarisation, generally unfavourable conditions of poverty and deprivation, and 

adverse work conditions mainly in over congested urban areas. 

PART II: TOURISM AND POVERTY 

This section examines trends of tourism, poverty, and smartness making use of available 

European data from Eurostat, EU-SILC, and LFS. The goal is to explore how social inequalities 

are produced in the face of the transformative agency of tourism mobilities on place, specifically 

looking at conditions of poverty across European regions. The section tries to identify statistical 

associations between indicators of tourism, poverty conditions, and smart development. This is 

a first step towards the direction of establishing causal mechanisms that investigate the role of 

tourism and smartness in the social wellbeing of populations. 

In Chapter 3, we examine whether the number of tourism stays per capita is prospectively 

associated with a decrease in the regional share of households living in poverty deprivation, and 

whether there exist intergenerational inequalities. Results show that the overall association 

between tourism and poverty in Europe is unclear. While for those aged under 30 and over 65 

that tourism is associated with a decrease of poverty deprivation, the regional share of poverty 

deprivation in the 30-64 age group does not seem to be affected by the level of tourism. This 

suggests that not every age group might benefit from tourism, and that tourism might contribute 

to widen intergenerational social gaps – with working age populations (30-64-year-old) 

potentially suffering some kind of financial burdens of tourism development. 

When looking at trends within the tourism clusters developed in Chapter 2, we found that the 

potential positive outcomes of tourism development on poverty alleviation take place in regions 

that have developed somehow sustainably over the years, but not in those regions with very 

high tourism intensity and international presence. 

In Chapter 4, an additional element is added to the investigation, which is the role of regional 

smartness. The conceptualisation was based on the Eurostat indicators of internet accessibility 

and usage and employment in sciences and technology. A descriptive analysis showed that smart 

tourism regions tend to be more equitable. This implies that smartisation might play a role in 

addressing inequalities, and this analysis represent the first step in this direction. 
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PART III: TOURISM AND LABOUR 

This section discusses the implications of tourism development for the labour market. While 

the general idea is that “tourism generates jobs”, we looked at the qualitative, rather than 

quantitative, outcomes of tourism development on the labour market, attempting to assess the 

characteristics of the tourism labour market. 

Chapter 5 discusses the theoretical, methodological, and practical challenges of understanding 

tourism employment data at pan-European level. The issues are not only methodological (lack 

of harmonized data and definition differences between countries), but also related to the very 

concept of tourism labour: defining what tourism labour includes is a challenge in itself. Finally, 

the very nature of tourism jobs, which are intrinsically informal and sharing-based, makes it 

challenging to measure them. The suggested way forward is a more holistic approach to data 

collection, with a redesign of such systems mapped through ‘mitigating’ between datasets and 

ethnographic approaches. 

Informed by these premises, Chapter 6 attempts to come up with a measure of (bad) quality of 

touristic labour on a regional NUTS 1 level. In doing so, a Tourism Labour Adversity Index was 

created, consisting of three dimensions – contractual insecurity, job insecurity, and working 

conditions (unfavourable schedules). It focused on three NACE categories as a comparative 

proxy of tourism work (hospitality, retail, and culture/arts). The regions with the most tourism 

labour adversity were Northern and Middle European regions characterised by a low share of 

tourism workers and Mediterranean regions characterised by a high share of tourism workers. 

Eastern European and a selection of British regions, as well as Norway had very low tourism 

labour adversity. Among those, particularly all the Hungarian, Bulgarian, and Romanian regions 

were characterised by low labour adversity and a very low share of foreign-born tourism 

workers. 

PART IV: TOURISM AND INEQUALITIES 

The final chapter (7) of this report focuses on one specific area in which tourism seems to 

produce social exclusion, which is urban housing. The past decade has seen a rapid increase in 

short-term rentals as a response to the increasing tourism flows, especially in cities. Scholars 

have discussed how this phenomenon has impacted the housing market, increasing rental, and 

buying prices, and subsequently forcing vulnerable residents to move out due to the 

unaffordability of rent. Previous research has examined gentrification processes related to the 

rise of Airbnb and other short-term rentals, focusing on the case-study level. This chapter takes 

a step forward and explores causal relations between tourism pressure and inequality in 

European urbanized areas with a Bayesian Path Analysis based on pan-European data from the 

Project Dataset. 

The findings point to the uneven impact of tourism (especially the Airbnb-driven one) on urban 

communities, and its effect as enhancer of inequalities in cities. The analysis reveals the twofold 

impact of tourism: on the one hand, a positive effect on regional mean income; on the other 

hand, detrimental effects for those who are renting. In other words, tourism intensification 

seems to foster a process by which the most vulnerable residents (e.g., those who cannot or 
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have difficulties to afford rising rental costs) are left behind and, most likely, this could increase 

the gap with residents who rely on more economic resources.  

These findings provide a first estimation of the impact of tourism on urban areas across Europe, 

thus establishing the grounds for a smooth transition between WP2 (cf. Global drivers. Analysis 

of tourism and associated mobilities as drivers of social exclusion and their spatial articulation) and 

the research at the case study level in WP3 (cf. Local effects. Case study-based research on the 

production of urban inequalities). Housing tenure and its role in tourism-induced social 

polarization clearly deserves a closer look during the subsequent phase of case-study research. 
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METHODOLOGICAL APPROACH AND DATA SOURCES 

A combined dataset with tourism and poverty data was created by the research team. This 

includes variables from different sources (Eurostat, EU SILC, LFS); a preliminary version is 

available at https://zenodo.org/record/4058290#.YF7xWa9Kg2w. The dataset contains data 

from 34 countries, in a combination of NUTS1 and NUTS2 level, depending on the availability 

of EU SILC data. For EU-SILC, the countries with NUTS1 classification are Austria, Belgium, 

Bulgaria, Croatia, Denmark, Greece, Ireland, Italy, Norway, Poland, Romania, Serbia, Sweden, 

and United Kingdom. The final dataset includes 164 NUTS regions (69 NUTS1 and 95 NUTS2), 

which cover 34 countries: EU 27, UK, Albania, Serbia, Macedonia, Montenegro, Norway, and 

Iceland. The NUTS1 and NUTS2 data is provided also by the DEGURBA classification, which 

categorises areas according to their level of urbanization. This classification is provided by 

Eurostat since 2012, and includes three categories (Eurostat, 2019):  

• densely populated areas (or cities): at least 50% of the population lives in urban areas; 

• intermediate density areas (towns and suburbs): less than 50% of the population lives in 

rural grid cells and less than 50% of the population lives in urban centres; 

• and thinly populated (rural) areas: more than 50% of the population lives in rural grid 

cells. 

To efficiently create a combined dataset, the research team used R statistical package (R Core 

Team, 2020). For the automatic extraction of the data of Eurostat, the package “eurostat” in R 

(Lathi et al. 2017) was employed. Next to this, we used packages, such as “tidyverse” and “sf” 

to merge the data at a NUTS1 and NUTS2 level (Wickham et al., 2019; Pebesma, 2018). The 

data is adapted to the levels available in the EU-SILC dataset.  

Another version of the dataset (DATASET 2) was created at NUTS2 level, and this has been 

employed for analyses presented in Chapter 4. Finally, DATASET 3, employed in Chapter 6, 

includes data at NUTS1 level. 

Analyses 

Specific analyses, based on the general project datasets, are presented in each section. The 

approach of the current Work Package focused on quantitative, pan-European analyses of 

regional trends. 

 

REFERENCES 

Eurostat (2019) Methodological manual on territorial typologies. Publications Office of the 

European Union, Luxembourg. 

Lahti, L., Huovari, J., Kainu, M., & Biecek, P. (2017). Retrieval and Analysis of Eurostat Open Data 

with the eurostat Package. R J., 9(1), 385.  

Pebesma, E. J. (2018). Simple features for R: Standardized support for spatial vector data. R 

J., 10(1), 439.  

R Core Team (2020). R: A language and environment for statistical computing. R Foundation for 

statistical Computing, Vienna, Austria https://www.R-project.org/. 

https://zenodo.org/record/4058290#.YF7xWa9Kg2w
https://www.r-project.org/


16 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

 

 

Wickham et al., (2019). Welcome to the tidyverse. Journal of Open Source Software, 4(43), 

1686, https://doi.org/10.21105/joss.01686 

  

https://doi.org/10.21105/joss.01686


17 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

 

 

 

PART I: REGIONAL TYPOLOGIES 

  



18 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

 

 

1 An urban, social, tourism typology: classifying places with 

significant combinations of social exclusion and mobility 

Authors: Lukas Alexander, Elisabetta Mocca, Niklas Pernhaupt (Universität Wien) 

 

1.1 Introduction  

This work, building on our previous works (Bornioli et al., 2020a, Bornioli et al., 2020b), aims at 

exploring trends of social exclusion across the EU. As part of Task 2.4 an urban typology was 

developed. The latter “classifies places with the most significant combinations of social exclusion 

(captured by individual indicators or factors integrating groups of indicators, and their evolution) and 

indicators of the penetration of mobilities” (SMARTDEST Proposal, Annex A: 14). Yet, the data 

and corresponding maps on social exclusion and tourism provided in D2.2 (Bornioli et al., 2020b) 

showed wide regional disparities. Consequentially, a typology based on countries would not 

effectively examine the profound differences among European regions. A prime case of this sub-

national disparity is Italy, where the risk of poverty rate1 in 2018 ranged from below 10% in the 

Northern regions to over 35% in the Southern islands (Sicily and Sardinia). Though, there are 

some overarching general trends of social exclusion in European states that could be described 

with established classifications such as Esping-Andersen´s (1990) three worlds of welfare 

capitalism theory. 

However, analysing the regional level provides more context sensitivity and with that a better 

picture. Besides, when investigating the regional level, it is possible to filter out big (tourism) 

cities as they are regions themselves. Spatial patterns of social and economic conditions are 

crucial in understanding various conditions between and within countries. For example, the 

amount of social benefits in Austria varies in part between regions. Kazepov (2011) described 

those regional variations in social provisions as “subsidiarity of welfare” – a concept that allocates 

competences to the level most capable of addressing an issue. The degree of subsidiarity in 

European countries is increasing vertically, as more spatial levels are involved, and horizontally, 

since more diverse actors are involved.  

Unfortunately, D2.2 provides only little indication of regional trends, making it difficult to create 

a solid typology. Overall, there seems to be no intersecting pattern between tourism and the 

exclusion indicators analysed. When looking at the different dimensions separately, two general 

tendencies stand out. Firstly, a conspicuous social dynamic can be found in Southern and Eastern 

European countries that tend to score below average. Their outer regions have significantly 

higher social exclusion than the ones that are closer to Central Europe. Thus, there is ‘a South 

of the South’ in countries such as Italy or Spain, and ‘an East of the East’ in countries as Poland, 

Hungary, or Romania. Secondly, migration flows appear to have an influence on regional figures. 

D2.2 (Bornioli et al., 2020) has shown that social exclusion among non-EU migrants is particularly 

high. When analysing these results, it is crucial to differentiate the specific welfare regimes. 

Countries (such as Sweden) and regions that took in many refugees seem to have an increasing 

 
1 Defined as having an income below 60% of the Median 
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rate of social exclusion. In line with this observation, Weziak-Bialowolska and Dijkstra (2014: 

15) indicate that migration flows are changing urban poverty dynamics in more affluent countries. 

Building on our previous efforts (Bornioli et al., 2020), it was essential to gather additional 

material on social and tourism issues. Therefore, we conducted a scoping review of the literature 

on different approaches to classify social and tourism issues. The methodology underlying the 

review process is described in the next section. This is followed by a discussion of the results, 

where we sketch out the research landscape reporting the methodological approaches adopting 

by the publications included in the sample of the scoping review. The latter is made up of grey 

literature produced by international research teams and organizations. We organized the review 

thematically by distinguishing socio-policy and tourism-related typologies. Since there is a vast 

body of literature on the former kind of typologies and relatively little on the second, we focused 

onto economic and labour market-related classifications. Finally, this report is drawing on our 

findings, indicates possible avenues to construct a typology combining social as well as tourism-

related aspects. 

1.2 Methodology – scoping review 

To get an overview on the literature, we conducted a traditional scoping review following Jesson 

et al. (2011). This method implies a relatively open selection of publications driven by research 

interest. Moreover, a traditional review implies a critical assessment of the discussed 

contributions and the research landscape in general. The critique will be reported in the final 

section. 

All publications were presented and reviewed systematically by adopting a self-constructed 

scheme illustrated in Table  below. The scheme enabled us to achieve three aims. First, to 

organise our analysis. Second to identify the most relevant aspects of the contributions included 

in the sample and third, to understand how it could be used for our research. 

Following this review frame, we start our scoping review by providing an overview of the 

theoretical backgrounds, data sources, territorial levels, explanatory power, and the relevance 

of the typologies developed by the contributions reviewed. Next, we shed light on aspects of 

transferability and potential commonalities among the typologies identified. In a final step, the 

findings are critically discussed. This enables us to propose potential ways to elaborate 

classifications combining social as well as tourism dimensions. In the following section, we report 

the findings of the scoping review by distinguishing socio-policy and tourism-related typologies. 

Table 1: Scoping review frame (own development) 

1. Brief description/profile of each publication 

Theoretical intent, scope, ‘Degrees of Freedom’ 

Form and quality of data 

(Theoretical,) qualitative or quantitative? 

Data type and collection 

Territorial and temporal level 

Explanatory power (on its own but also in relation to the underlying theory) 

What does it have to offer to the project (SMARTDEST)?  
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2. Identification of commonalities and differences 

Potential commonalities: 

Knowledge domains (e.g. political domain, economic domain – or at a finer graining: 

political/economic epistemology/ontology) 

Theoretical dimensions and data dimensions. (e.g. A tourism typology and a labour market 

typology may both focus on precarity) 

Scope: Multiple aspects may feature, ranging from territoriality to the level of complexity 

regarding theory and data. 

Intent: There may be potential overlap in epistemological and normative goals. 

Data correlation: Comparing data maps for ‘visual’ correlations. 

Aspects of Transferability: 

‘Transcending commonalities’: Even if a typology did not account for aspects of another 

typology, it still might implicitly do so. It is possible that the structure of a labour market 

regime has implications for the tourism sector. 

Theoretical flexibility: How flexible is a theory? Does it allow for integration of other theories?  

Similarities: When searching for similarities, a free play of imagination is required - consider 

the famous Grounded Theory question, "How is a priest like a prostitute?". 

1.3 Socio-policy typologies 

Socio-policy typologies are tools to classify territorial units drawing on specific socio-economic 

patterns produced by the different policy regimes. To narrow our focus, we looked for 

established approaches on social protection, social policy, and poverty as the core element of 

social exclusion. 

The most famous typology classifying social policy was the one developed by Esping-Andersen 

(1990). Esping-Andersen constructed a typology of welfare regimes based on geographic and 

historical elements of Northern and Western European welfare systems. More precisely, he 

used quantitative data to describe variations in social protection, political orientation, and 

economic aspects, such as the degree of decommodification. Yet, most of the variables making 

up his typology rely on a qualitative assessment of welfare organisation within a country. Esping-

Andersen distinguished three types of welfare regimes: 

Anglo-Saxon: characterised by a neoliberal logic, where the market provides welfare services 

and benefits with minimum influence from the state and support only for the poorest. In 

addition, charity organizations cover some basic needs and companies offer protection schemes 

for their workers. (e.g. The UK and US) 

Social-democratic: social orientation with strong governmental influence and welfare for 

everyone in the country; the state provides universal care and decreases dependencies on 

income, which decommodifies labour and reduces market dependency of workers (e.g. 

Scandinavian states, Austria, and the Netherlands) 

Conservative and corporatist: social insurance is built around family and employment; 

housewives get income and insurance through their husband (male bread winner-model). The 

state together with NGOs provides welfare services (e.g. Germany and France). 
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Many scholars responded critically to this welfare typology, stressing short-comings, and adding 

more viewpoints to improve the useability. Two of the most relevant typologies incorporate 

the following categories of welfare regimes: 

Mediterranean: state, economy and third sector are rather weak. This system is characterised 

by higher unemployment rates, except for middle-age men. The family father (male bread 

winner) distributes his income among family members, women and children are greatly 

dependent and can hardly rely on state support (e.g. Italy, Spain, and Greece) (Arts and Gelissen 

(2002). 

Post-Soviet: lower level of state interference and harsh social situation2. There category 

embraces diverse welfare systems, less generous in Rumania and Bulgaria (e.g. Czech Republic, 

Poland, Slovakia, and Hungary) (Fenger 2007). 

Esping-Andersen´s (1990) welfare typology and its further developments provide a very general 

frame to analyse variations in the organisation of welfare states. Yet, it is state centric and relies 

heavily on idiotypical conceptions of countries. For small scale case studies pursued in 

SMARTDEST, it is of limited use, as the typology does not properly account for regional 

variations. However, although social policies are predominantly set up at national level, lower 

level of authorities still play a role in service delivery. Nevertheless, many further classifications 

follow a similar state-centred logic in selecting regime types (e.g. labour market regimes [see 

Gallie 2007]). 

Rice (2013), drawing on the critical discussion around Esping-Andersen´s typology, developed 

an ideal-typical framework. She abandoned the historic and geographical foundations of the 

original welfare state typology, without losing explanatory power of the former. Rice´s typology 

is built on a qualitative assessment of welfare culture, welfare institutions and socio-structural 

effects. The framework relinquishes the Euro-centric idea of economy-society relations stressed 

in Esping-Andersen´s typology, and therefore allows analysing non-European countries more 

accurately. In addition, geographical sub-national units, like regions, as well as single policy fields 

can be examined because the typology is open and general enough to address specific areas – 

making it a useful analytical tool for SMARTDEST. Figure 1.1 and Figure 1.2 show Rice´s (2013) 

framework as a 2x2 matrix. 

 
2 Might have changed do to positive economic development in recent years 
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Figure 1.1: An ideal typical welfare regime framework. Source: (Rice 2014, p.102) 

 

Figure 1.2: The socio-structural effects of welfare policy in four ideal-typical welfare regimes. Source: (Rice 2013, 

p.104) 
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Figure 1.3: Attitudes towards the welfare state. Source: (Moretti and Whitworth 2019, p .405) 

 

In a recent study, Moretti and Whitworth (2019) analysed the European Social Survey-2016 data 

and calculated regional (NUTS 2) estimations to show the variation of citizen attitudes towards 

the welfare state. On the one hand, Esping-Andersen´s regimes still seem to describe the 

diversified welfare landscape in Europe; on the other hand, Moretti and Whitworth’s (2019) 

analysis showed regional differences. Figure 1.3 illustrates five types of attitudes, which are based 

on a composite indicator built on a set of economic, moral, and social variables. Although the 

countries in the figure appear relatively uniform, there is much variation for each dimension. In 

particular, urban and rural regions seem to have different views on the welfare state. This kind 

of analysis sheds light on a region´s welfare culture, which could inform SMARTDEST. However, 

the meaningfulness is limited since the welfare attitudes are assessed on the basis of subjective 

opinions, which are not only referring to personal experience but also to the public political 

discourse in an area. 

In an attempt to structure the political setting of tourism policy, Hall (2011) created a 

governance typology summarised by a 2x2 matrix (see Figure 1.4). The matrix consists of four 

quadrants (hierarchies, markets, networks, and communities), each representing a predominant 

set of actors and governance logics. The sectors reflect the bodies usually providing welfare – 

the state, market, third sector/charity and family. Moreover, Hall (2011) connected them to a 

framework of 12 different dimensions targeting characteristics, orientations, and viewpoints.  
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Figure 1.4: Framework of governance typology. Source: (Hall 2011, p. 443) 

 

 

For SMARTDEST, the development of a typology is meant to support the analysis of governance 

in the policy field of tourism. Hall´s (2011) concept might be useful as a common analytical frame 

to describe the institutional structure characterising the cities included in the sample. 

Furthermore, it could prove useful to examine how political power and hierarchy shape the 

policy-making process. 

Weziak-Bialowolska and Dijkstra (2014) used Eurostat data to analyse poverty in European 

regions (at NUTS 2 level). The authors constructed the Regional Human Poverty Index (RHPI) 

by combining four dimensions each consisting of one to two indicators: long and healthy life (life 

expectancy at birth and infant mortality rate), knowledge (rate of low education and NEETs), 

decent standard of living (long-term unemployment), social exclusion (people below income 

poverty line)3.  

 
3 List of indicators (in appendix): https://bit.ly/3doZ45N (accessed 18-02-2021) 

https://bit.ly/3doZ45N
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Figure 1.5: Spatial distribution Regional Human Poverty Index [moving average 2010-2013]. Source: (Weziak-

Bialowolska and Dijkstra, 2014) 

 

 

The spatial distribution of the RHPI is illustrated in Figure 1.5. North-South and West-East 

differences are apparent and correspond with the dynamics described in D2.2 (Bornioli et al., 

2020b) of the SMARTDEST project. Figure 1.6 shows the results by country and in comparison 

with the national capital city. The RHPI could be relevant for our research as an alternative 

composite indicator for social exclusion. Unlike the above-mentioned classifications, the RHPI 

is based on statistical data, but also as it focuses on actual empirically assessed conditions.  
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Figure 1.6: Regional Human Poverty Index [moving average 2010-2013]. Source: (Weziak-Bialowolska and 

Dijkstra, 2014) 

  

1.4 Labour market-related typologies 

The labour market-related typologies presented in this section are fine-grained in comparison 

to the previous typologies, since they incorporate a greater number and more diverse indicators, 

covering demographic to political to social and economic aspects. However, they only focus on 

country level. This might be due to practical reasons (as there is greater availability of data at 

national level), but also because the national government determines most labour market 

policies. As we pointed out in the introduction, the analysis of regions is fundamental to get a 

more accurate picture of the profound territorial differences that characterise European 

countries. The scoping literature review retrieve neither classifications at sub-national level and 

nor classifications targeting workers in the tourism industry. 

Paugam & Gallie (2000) used Esping-Andersen´s welfare typology as a reference point to 

construct their unemployment regimes (see Figure 1.7). The authors focused in particular on 

protection mechanisms provided by public authorities, such as unemployment benefits and 

active labour market policies. To test their typology, the authors analysed the extent of 

protection mechanisms at national level employing data on unemployment benefits by % of per 

capita GDP and as proportion in receipt and expenditure on active labour market policies. The 

figures showed that southern European countries (Italy, Spain, Portugal, and Greece) are sub-

protective regimes, whereas Ireland and the UK can be seen as liberal. Employment-centred 

regimes can be found in France, Belgium, the Netherlands, and German. Sweden and Denmark 

tend to the universalistic type. Paugam & Gallie´s typology highlights only one aspect of a welfare 

state and is therefore relatively easy to apply. For our research in SMARTDEST, this typology 

might prove to be a useful instrument, though it needs to be refined to account for all regional 

and sectoral variations. 
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Figure 1.7: Unemployment welfare regimes. Source: (Paugam & Gallie 2000, p.5) 

  

Gallie (2007) built on his previous unemployment welfare regimes and the production regimes 

theory to construct an employment regime theory. He evaluated national labour markets and 

their employment situation in four fields: skill, training, task discretion and job security. The 

author highlighted polarization, in other words exclusion and precarisation, in those fields by 

class, industry, temporality, part-time contracts and gender. This classification created three 

regimes: inclusive employment with little polarisation (predominantly Scandinavian countries) 

and market liberal (Britain) and dualist employment (Germany, Spain and France), both with high 

polarization in certain areas (see Figure 1.8). Gallie (2007) supports the validity of his typology 

by pulling together quantitative data for each field4: 

• Skill: participation in education by age, % of upper secondary vocational, % of pre-entry 

vocational training, % of upper secondary enrolments ´dual´, 

• Training: indices to rate participation of employees in vocational training over a year, hours 

per trainee per year, training as % of total labour costs, 

• Task discretion: employment integration policies (employment rate total in by gender, 

wage structure index, risk of poverty rate unemployed, labour market policy expenditure 

per LFS unemployed), coordinated strength of labour organization (bargaining centralization, 

union density), 

• Job security: work integration policies (earnings dispersion, work reform programmes, 

employment protection index). 

The employment regime typology provides an analytical frame for a detailed evaluation of a 

labour market and its system of skill formation. Yet, most fields of analysis are vaguely defined 

limiting comprehensibility and the precision of the whole concept. None of the explanatory 

variables accounted for subjective views of the workers, limiting the measuring of precariousness 

to few indicators. Some elements might be useful for SMARTDEST but have to be adjusted to 

the specific regional and tourism context. 

 
4 The data used was rather vaguely connected to the fields. 
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Figure 1.8: Employment regimes and polarization risks (+ high polarization risk; = low polarization risk). Source: 

(Gallie, 2007, p.18) 

  

Puig-Barrachina et al. (2013) used the European working condition survey-2005 (EWCS) to 

measure the employment precariousness in Europe. The basis of their investigation is a 

precariousness concept with 8 dimensions leading to 11 indicators, which enable to acquire a 

multidimensional perspective on work conditions (see Figure 1.9). All indicators have been 

analysed by gender, class, education/skill-level and country (see Figure 1.10). The authors have 

attempted to explain certain variations such as gender inequality and country differences, in 

particular the North/West South/East cleavages. As the results are rather descriptive and hardly 

connected to theory, the explanatory power is limited. Moreover, the EWCS contains many 

subjective variables, which on the one hand, allows incorporating the workers´ point of view, 

but on the other hand, it distorts results, as opinions are shaped by a variety of personal and 

contextual factors, difficult to grasp quantitatively. For SMARTDEST, the working conditions 

survey might be a valuable data source to quantify employment precariousness – especially since 

the survey data is assessed by sector (including the category: hospitality and commerce).  
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Figure 1.9: Construction of indicators for measuring Employment Precariousness in the EWCS-2005. Source: 

(Puig-Barrachina et al., 2013, p. 147-148) 
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Figure 1.10: Percentage of the most precarious category of the employment precariousness indicators in each of 

the EU-27 countries in 2005. Source: (Puig-Barrachina et al., 2013, p. 153) 

 

 

The OECD (2020) analysed job security in their member states in 2019 and compared it to their 

previous study published in 2013. The legal frames have been assessed qualitatively and organized 

in four categories of dismissal at work regulations: procedural requirements, notice and 

severance pay, regulatory framework for unfair dismissals and enforcement of unfair dismissal 

regulation5. Each category consists of 2-4 sub-categories describing each of them in detail. 

Moreover, the OECD assessed the employment protection legislation for hiring temporary 

workers on fixed-terms and in agencies. An index was created for dismissal regulation and 

employment protection (see Figure 1.11). Those indices might be useful components for 

constructing a typology; yet they do not have a sectoral focus. Since labour regulations are 

usually passed by central governments (in some cases even by the EU), a regional assessment 

would show little variation. Since the OECD study was conducted recently, the indicators’ 

scores could be fruitfully used in SMARTDEST. 

 

 
5 Table of indicators: https://bit.ly/2NExRks (assessed: 18-02-2021) 
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Figure 1.11: Quantifying recent reforms in employment protection legislation. Source: (OECD, 2020, p.196) 

 

1.5 Tourism-related typologies 

There are many tourism-related typologies, most of which presenting an economic focus. In 

general, they can be divided in two broad categories: demand-oriented ones (e.g. tourist 

characteristics) and supply-oriented ones (e.g. destination characteristics). For the purpose of 

this study, the second category of typologies is more relevant. An example of supply-oriented 

typology is the one elaborated by Coccossis & Constantoglou (2005). The authors examined 

the destination typologies developed in the 1970/80/90/s. Most of those classifications consisted 

of 4-5 regime types and stressed at least one of the following issues: tourism growth, tourist 

characteristics, participation of locals in tourism, environmental characteristics, and geographical 

destinations. This argument still holds for recent tourism destination typologies, as the findings 

of our scoping review suggest. In effect, more recent classifications still have a small number of 

regime types and target similar economic and geographical aspects. 
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Figure 1.12: Regional tourism typologies (Source: Batista e Silva et al., 2020, p.4) 

 

Batista e Silva et al. (2020) created a tourism typology based on hotel location in European 

NUTS 3 regions. After conducting a hierarchical cluster analysis, they developed five distinct 

types of hotel locations – urban, coastal, mountains and nature, rural, and urban mix (Figure 

1.12). 

From a theoretical viewpoint, the authors are interested in building a data-driven typology. Their 

intent seems to be based on a research gap rather than a systematic approach. The theoretical 

scope of their work is thus relatively narrow. However, this means that this specific typology is 

quite flexible when it comes to integration with other typologies, because it does not 

presuppose any intricate epistemological requirements. Thematically, the typology presents a 

strong geographical focus, mapping the location of hotels. Labour aspects are not covered as 

the consumption side - or the supply side as the authors define it (Batista e Silva et al., 2020, p. 

1) - is highlighted. 

Batista e Silva et al. (2020) used mainly secondary quantitative data. Possibly, the typology 

includes a qualitative component, as the researchers classified data without a locality designation 

as rural, and overlapping areas were categorized according to the predominant location of 

accommodation – urban, coastal, mountains and natural and rural areas (see ibid., p. 2). This 

might also be highlighted as one of the study’s main limitations because it doesn´t account for 
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variations below NUTS3 level. Data was extracted for different times – Eurostat tourism data 

was from 2018, seasonality data from 2011, and the number of reviews from TripAdvisor were 

from 2017. Moreover, the typology employed NUTS3-level data. There are only a few inferences 

to be drawn from the typology. Coastal destinations ranked highest at nights spent, tourism 

intensity, share of foreign tourists, and seasonality (see ibid., p. 5). Rural and urban mixture 

regions were under markedly less tourism pressure than the other types (ibid.). Cities had the 

least seasonality (ibid.). Mountains or natural area as well as urban mixture6 regional types had 

the least share of foreign tourists (ibid.). 

Alfaro Navarro et al. (2020) sought to measure sustainable tourism in Europe. In doing so, they 

provide a sustainable tourism index (STI) at European regional (NUTS 2) level. The authors 

attempted to bridge the gap between theory and available data, offering a way of comparing 

different regional performances. A more fine-grained analysis at the municipal level is not 

possible due to lack of Europe-wide data at this level. Therefore, the territorial scope of their 

typology can be described as regional, albeit as a matter of non-available data at the city level 

(see ibid., p. 428). As for sustainability, their definition closely resembles the commonly used 

concept of the three pillars of sustainability (for a discussion of the concept’s origins, see Purvis, 

Mao, & Robinson, 2019). Nevertheless, the theoretical basis remains rather simple, which bears 

the advantage of being easily integrated with other typologies. 

The authors mainly make use of secondary quantitative data at NUTS 2 level. Data was extracted 

for the years 2011, 2012, and 2013. As such, the typology shows temporal changes, albeit over 

a very short period. An initial set of indicators attributed to the three pillars of sustainability 

(economic, social, environmental) was reduced by means of Principal Components Analysis 

(PCA; for the selection of indicators, see Alfaro Navarro et al., 2020, p. 430). Indicators were 

normalized on a scale from 0 to 100, weighted drawing on the PCA, and aggregated on the basis 

of the geometric mean. Aggregation was performed stepwise as dimensional indicators for the 

economic, social, and environmental dimension were calculated first and then aggregated to the 

overall index score. For SMARTDEST, the availability of regional total index scores and 

dimensional index scores in the supplementary material is very useful. The inferences to be 

drawn from the typology data are too many to list them here. Finally, it has to be noted that for 

it to be a categorical typology, index scores have to be categorized (e.g., by means of n-tiles or 

other mathematical categorization techniques). One key limitation is that social-exclusionary 

factors and the situation of locals were scarcely accounted for within the index. Only one labour-

related indicator was included (i.e. “Percentage of employment in wholesale and retail trade, 

transport, accommodation and food service activities - 15 years or over). 

Aleksandrova (2015) constructed a typology of international tourism development in countries 

by relying on demographic and economic indicators. The five types describe a range of states, 

classified in a set of categories ranging from highly specialized to developing. Most European 

countries are in the first category of mature and stable tourism. Only the Visegrád states are an 

exception, belonging to the third category of forming and moderately-developed tourism. 

However, data sources are not explicitly mentioned, the aggregation of certain types is not 

 
6 Region were accommodation in urban and rural/natural areas is mixed. 
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precisely described or adequately justified, and the choice of featured countries can be 

questioned as it seems to bear some arbitrariness. 

Zandvliet & Dijst (2006) offer an interesting perspective by combining the analysis of the use of 

places with a space-time typology. They stress that different parts of the visitor population 

(including both people from in and outside the municipality) use public space at different times 

of the day changing its character. Such research demands very specific and detailed data, which 

are only available for few areas. For that, it cannot be done in SMARTDEST. However, the core 

argument – that is, that the users and modes of usage of public space vary during the day– is 

compelling and adds another the time dimension into the analysis. 

Russo et al. (2013) proposed a regional typology of mobilities comparing tourism arrivals with 

migration rates. The authors used Eurostat data at NUTS 2 level to construct mobility clusters 

(Figure 1.13). In a next step, they distinguished four partially intersecting regional types (Figure 

1.14). Each type has its weaknesses, either attracting too many or too few people. However, 

most regions tend to be close to the centre of the matrix showing little variations among 

regions. In this respect, Russo et al. (2013) stated that the clusters should be seen as ideal types. 

Contrasting two forms of mobilities (migration and tourism) suites well the focus of the 

SMARTDEST project, although investigating patterns of migration is beyond the scope of this 

report. 

Figure 1.13: Regional typology by form of mobility attracted. Position of the four clusters. (Source: Russo et al., 

2013: 46) 
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Figure 1.14: Mobility clusters and regional strategies. (Russo et al., 2013: 48) 

  

EUROSTAT (2016) published a statistical report on Urban Europe, stressing the differences in 

tourism and social issues among urban, sub-urban and rural areas. As an example, the number 

of bed places changes in relation to the number of residents and by degree of urbanisation, as 

shown in Figure 1.15. Yet, this report does not provide information about overnight stays and 

seasonality. The differences between urban and rural areas decrease significantly only when 

considering official, professional accommodations, such as hotels. This indicates a variation of 

accommodation structures.  
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Figure 1.15: Number of bed places in tourism accommodation establishments relative to the size of the resident 

population, by degree of urbanisation, 2014. (per 1.000 residents) (Source: EUROSTAT, 2016:140) 

 

 

Figure 1.16 displays the population at risk of poverty or social exclusion by degree of 

urbanisation. According to the results from Bornioli et al. (2020b), poverty in Central and 

Western European countries seems to be rather an urban phenomenon, whereas it is the other 

way round in Southern and Eastern Europe. We know from our previous research tasks that 

data availability is distinctively problematic at lower geographical scales (NUTS 2 and 3), which 

makes it difficult to analyse cities. The degree of urbanisation could be used as a proxy variable 

to investigate urban tourism. 
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Figure 1.16: Proportion of the population at risk of poverty or social exclusion by degree of urbanisation, 2014. 

(Source: EUROSTAT, 2016: 242) 

 

 

1.6 Classifications with alternative data sources 

In order to widen the focus of our scoping reviews, we took into account two additional studies, 

which work with data from international, global organizations and do not have a specific focus 

on tourism. Whereas they have not been used by the classifications previously discussed, the 

regional competitive index (RCI) and the employment flexibility index. 
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Figure 1.17: Regional Competitiveness Index 2019. Source: (Annoni and Dijkstra, 2019, p.6) 

 

 

The RCI is a complex aggregation of 11 pillars of competitiveness, capturing regional weaknesses 

and strengths. Besides economic factors, it also considers “societal well-being and long-term 

regional potential” (Annoni & Dijkstra, 2019: 3). It is not clearly stated which database has been 

used for the Index – there are hints that some indicators have been taken from Eurostat and 

OECD. According to the authors, the RCI highlights the strong economic position of capital 

regions. In North-West Europe, there appear to be spill-over effects from urban centres to 
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might be a useful reference for SMARTDEST to strengthen arguments on regional disparities in 

the analysis (see Figure 1.17). 

The Lithuania Free Market Institute (2019), together with other Central and Eastern European 

Research Facilities, published a research paper reporting on the employment flexibility index. 

The methodology as well as the data have been taken from the World Bank, which gathers and 

analyses economic indicators on an annual basis. Using a vignette technique, the authors assessed 

the national regulations on employment, particularly in three sectors: hiring conditions, working 

hours and redundancy (see Figure 1.18). However, the report shows a marked neoliberal bent. 

In effect, the authors stressed the hegemony of a neo-liberal approach on labour markets for 

the good of employees and employers. Anyway, for SMARTDEST, the employment flexibility 

index might be useful to understand general national regulations. 

Figure 1.18: Comparison of the indicator values of EU member states with the most and least flexible labour 

regulation. Source: (Lithuania Free Market Institute et al., 2019, p. 11) 
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1.7 Summary and conclusion 

The scoping review enabled us to understand how previous research in the field developed 

typologies capturing social exclusionary effects and tourism’ dynamics. This exercise thus will 

help us constructing a typology that could function as an analytical tool. The objective was to 

have a classification that accounts for the tourism as well as a social (exclusion) dimension and 

simultaneously recognizes the regional variations, in particular the urban context. For the 

scoping review, we drew together publications on classifications of tourism and socio-policy 

features. To look beyond our focus and scrutinize alternative data sources, we additionally 

explored promising contributions on labour market and regional economy. Overall, more than 

sixteen publications have been analysed, presented, and discussed. Table  summarizes their main 

characteristics. The publications were chosen from a selection of around 120 contributions 

initially screened. The scoping review showed that no publications in those included in the 

sample developed classification combining both tourism-related aspects and social exclusion. 

Nonetheless, some of the research contributions have provided useful indications that may 

inform the construction of a more advanced typology. 

Table 2: List of review publications 

Author Classification Scale Indicators 

Socio-political typologies 

Esping-

Andersen 

(1989) + et al. 

Welfare state 

regimes 

Country (North, 

West, Central 

European focus) 

Logic of economy, 

level of 

decommodification 

(quali) 

Stratification 

of social 

provision 

(qualitative) 

Welfare provider 

Rice (2013) Welfare ideal 

types 

Not scale or field 

bound 

Welfare culture Welfare 

institutions 

Socio-structural 

effects 

Moretti & 

Whitworth 

(2019) 

Attitudes 

towards the 

welfare state 

NUTS 2 (Europe) Economic 

considerations 

Social 

considerations 

Moral 

considerations 

Hall (2011) Governance 

typology 

Field of governance 

or geo unit 

Steering 

mode/hierarchies 

Actor types 

(background) 

 

Weziak-

Bialowolska, D. 

& Dijkstra, L. 

(2014) 

Regional 

Human 

Poverty Index 

(RHPI) 

NUTS 2 Long and health life  Decent 

standard of 

living 

Knowledge 

Social Exclusion 

Labour market-related typologies 

Paugam & Gallie 

(2000) 

Unemploymen

t welfare 

typology 

Country Coverage (of 

protection 

mechanisms) 

Level and 

duration of 

cover 

Active 

employment 

policy 

Gallie (2007) Employment 

regime 

typology 

Country (loosely) Job security Task 

discretion 

Training 

Skills 

Puig-Barrachina 

et al. (2013) 

Work 

precariousness 

(index) 

Country 8 dimensions with 11 indicators on quality of employment 

by gender, class, skill/education, and position 

OECD (2020) Employment 

protection 

legislation 

(index) 

Country (OECD 

members) 

Regulatory 

framework for unfair 

dismissals 

Enforcement 

of unfair 

dismissal 

regulation 

Procedural 

requirements  

Notice and 

severance pay 
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Lithuania Free 

Market Institute 

(2019) 

Employment 

flexibility 

index 

Country (Europe) Hiring Working 

hours 

Redundancy 

Tourism-related typologies 

Coccossis & 

Constantoglou 

(2005) 

Typology of 

tourism 

destinations 

Region/destination Tourism growth Population 

growth 

 

Batista e Silva et 

al. (2020) 

Regional 

tourism 

typology 

NUTS 3 Hotel 

(accommodation) 

location 

Hotel capacity Geographical area 

Alfaro Navarro 

et al. (2020) 

Sustainable 

tourism index 

(STI) 

NUTS 2    

Aleksandrova 

(2015) 

Typology of 

international 

tourism 

development 

Country 

(Worldwide) 

Economic 

(development) 

Tourism 

(character and 

development) 

Tourism 

organization and 

share in economy 

Russo et al. 

2013 (ESPON – 

ATTREG) 

Regional 

typology 

NUTS 2 Arrivals per inhab. Net migration 

rate 

 

Annoni & 

Dijkstra 2019 

Regional 

competitive 

index (RCI) 

NUTS 2 11 pillars of competitiveness including regional economic 

and social indicators 

 

This scoping review has shown that diverse indicators were used to construct classifications. 

Their selection depended on the research focus and capacities – ranging from a comparison of 

two to eleven variables. Social and tourism indicators were frequently used also at regional level 

(NUTS 2). As we discussed in the introduction, it is difficult to conceptualize and grasp social 

exclusion. A straightforward solution would be to use the risk of poverty rate (e.g. utilized for 

the RHP index). The variable is available on Eurostat, even at NUTS 2 level and country specific, 

as it refers to the national mean income. 

The number of overnight stays or of arrivals together with km² or number of inhabitants are 

often used to portray tourism pressure and the relation of tourism to the local community. The 

share of the travel industry on the local GDP was assessed to examine the economic 

dependence. Those and some other basic variables can be found in the Eurostat database, to 

some extent at NUTS 3 level. To get more tourism indicators, some studies looked beyond 

traditional sources – e.g. by scraping data from platforms such as TripAdvisor. There is a host 

of labour market-related variables available on Eurostat (LFS and Working Conditions Survey) 

or websites of international organizations (ILO, World Bank). However, this data is mainly 

provided at country level (NUTS 0). To single out tourism workers, it would be necessary to 

get data by fine NACE7 categories. Again, there are few indicators and no classification with this 

specific focus (at least among the small sample of publications examined in our scoping review). 

The limitations and availability issues of data forced some researchers to find alternative 

solutions, for example by mixing data from different sources and reference years. 

 
7 Nomenclature of Economic Activities – an international categorization of employment sectors 



42 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

 

 

The reviewed classifications draw on different theoretical backgrounds, selected to suit the 

research propositions. Many of the selected social and labour market typologies took the cue 

from Esping-Andersen´s welfare regimes and emphasised macro-economic and political settings. 

Some authors used survey data for their analyses, which included variables with subjective 

evaluations of participants. Those variables are a double-edged sword. On the one hand, they 

add personal experience and embed the typology in the real world; on the other hand, it has to 

be considered that the opinions captured by subjective indicators are shaped by the 

respondents’ personal experiences and worldviews. The latter in particular tend to be influenced 

by the current public political discourses. Therefore, people in countries with a strong polemic 

narrative concerning the labour market and living conditions in general might assess their 

situation as relatively bad. Such volatility of opinions may limit the comparability. 

Additionally, we have to stress the importance of the regional context. Living below the poverty 

threshold or working under precarious conditions means something different in different areas. 

For example, in Denmark insecurity of income caused by flexible work contracts is balanced out 

with a generous and universally access to social protection schemes (the so-called ‘flexecurity’). 

In contrast, in Italy insecure work is a severely adverse personal condition, which is only 

mitigated through social assistance measures and resource redistributions within a family. 

Therefore, context sensitivity is a crucial aspect to interpret data and construct a classification. 

This demands at least some kind of qualitative evaluation of regional or country context.  
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2 A typology of regions according to their status and evolution 

as attractive for different mobilities 

Author: Antonio Paolo Russo (University Rovira i Virgili) 

 

2.1 Introduction 

Building on the review presented in the previous chapter, in this piece we present our effort to 

come up with a meaningful classification of European regions in terms of their pull for different 

mobilities and their evolution as such, which can be used to contrast the score of each class in 

terms of the territorial trends of potential exclusion measured by indicators developed in WP2.  

The objective is to identify ‘typical’ situations in which a certain profile in terms of attractiveness 

and development of regions for one or more classes of mobile dwellers is associated to (or 

presumably triggers) specific trends in relation to the wellbeing, inclusion, resilience of (sectors 

of) the local communities and their perceptions thereof.  

A way to approach this is to identify regions that could be considered ‘overtouristed’. The recent 

literature on overtourism (Peeters et al., 2018; Koens et al., 2018; Dodds & Butler, 2019) invites 

to look at both drivers and effects to qualify places as overtouristed. Among the former, there 

is recognition that tourism pressure (in space and in relation to local communities) is likely to 

produce negative externalities, and that different tourist development models, marketplace 

configurations, and regulation regimes may be boosters or factors of mitigation in specific 

geographical contexts (i.e. in cities, coastal resorts, natural areas, etc.). Among the latter, a wide 

range of effects are considered, such as housing exclusion, commodity prices, spatial segregation, 

job diversity, quality of the environment, health, etc., but also and most importantly perceptions: 

as many domains of social hardship and exclusion are awkward to measure and affect specific 

individuals and groups in very different ways, a more solid sense of the impacts produced by 

tourism pressure is provided by personal accounts. Hence, a comprehensive study of how 

tourism development becomes ‘overtourism’ in the sense of producing relevant negative impacts 

has to take into account drivers (e.g. the ‘dimension’ of tourism and related mobilities flowing 

and ‘anchoring’ to places), as well as impacts (which in the case of our study are mostly related 

with social exclusion and possibly mediating factors.  

In this piece we thus extend the analysis of the association of tourism mobilities-related 

pressures with trends signalling potential avenues of social exclusion, including regions that might 

not be characterised as high-pressure destinations, taking into account their market orientation, 

recent evolution and geographical contexts (for instance, their degree of urbanisation) and other 

differentiation factors. These dimensions nuance ‘facets’ of regions in relation to their 

attractiveness, that still need matching against the peculiar social trends that they present.  

Although in the context of this report this exercise is just a preliminary exploration into the 

enmeshments of tourism and related mobilities with social exclusion, our objective is to define 

a classification that would then be used as a stratifying variable in other layers of analysis both 

at pan-EU scale and at case study level.  
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2.2 Methodology and research process  

The point of departure of this exercise is dataset 1 that has been developed for pan-EU analysis 

of mobilities and forms of social exclusion. This includes a large number of indicators in subsets 

that track a) the dimension and evolution in time of tourist mobilities and other related 

mobilities of citizens and workers b) the dimension and evolution of the ‘supply systems’ and 

infrastructure that anchor these mobilities to specific places and c) their association with place 

characterises as concentration and pressure in space, with respect to the local population and 

employment market. On the other hand, we dispose of an equally large set of data defining social 

characteristics and trends of the population; some are derived from Eurostat population data, 

others were derived from EU-SILC and Labour Force Survey with regard respectively to social 

perceptions on personal economic conditions and access to material goods and services, and to 

labour force characteristics such as employment conditions, relationships, and profiles of the 

workers.  

Figure 2.1: Analytical framework of responses of regional types to social exclusion 

 

Thus, as illustrated in Figure 2.1, we aim at using our mobilities indicators to create a typology 

of regions and then match the scores in social indicators in each class (as mean values) to derive 

insights on how different profiles of attractive regions may be associated to specific trends 

leading to social exclusion.  

2.3 Creation of a regional typology  

The first step in this process has then been the choice of indicators to use for the classification. 

From the very long list of indicators available after the research effort in Task 2.2, we have 

shortlisted a number of them for which there is good regional cover and that allow when 

meaningful to chart the evolution of such indicators over time. The periods of reference are 

2018 as the baseline (for which most indicators have full datasets) and 10 and 5 year lags (thus, 

rates of change from 2008 and 2013 to 2018) for the historical evolution also looking at data 

availability as for earlier dates datasets start having an erratic cover. The geographical cover is 

defined as a mix between NUTS1 and NUTS2 regions in order to ensure data cover especially 

in relation to EU-SILC and LFS indicators for which the data sample in NUTS2 regions is 
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occasionally insufficient for a significant extraction. Thus, in total we considered 164 European 

regions.  

These indicators are so grouped: 

• Tourist movement, calculated as overnight stays of international and domestic visitors 

in all forms of accommodation and hotels, and the respective rates of change 

• Share and change rates of the international market 

• Pressure indexes of tourist movement with respect to space (stays per root square of 

kmq) and to population (stays per 1,000 head of resident population)  

• N. of bed places in hotels and other forms of accommodation 

• Overnights stays in active Airbnb listings per thousand inhabitants  

• Share of multi-hosting in Airbnb 

• Whenever relevant, the above indicators have been calculated for areas within each 

region classified from their level of urbanisation as DEGURBA 1 (urban areas, or 

CITY), DEGURBA 2 (intermediate level of urbanisation or TOWN) and DEGURBA 3 

(sparsely populated areas or RURAL) 

• Migration rates (crude and by age bands over the 2013-2018 period) 

• Erasmus students in regional universities and other occupation centres  

 

Due to the long list of available indicators, a first attempt was done to regroup them into broader 

indexes through the statistical process of reduction of dimensions or Principal Component 

Analysis (PCA) which ideally would have sorted out a limited number of factors such as general 

attractiveness and intensity of tourist mobilities (eventually stratified by DEGURBA types), 

growth, internationalisation, penetration of Airbnb, and attractiveness for younger and older 

migrations. Yet, this exercise gave no good fruits – both procedures of free or forced factoring 

of such indicators, though statistically successful in terms of validity tests, yielded factors that 

were either too thin in terms of included variables or made little sense from the point of view 

of interpretation.  

Thus, we have proceeded directly to the clustering of a selected number of indicators, without 

prior factoring. These indicators are those with the best data cover and that are highly 

‘representative’ of the mobilities we want to chart and their local footprint. We performed the 

statistical procedure of k-means clustering with exclusion by couples (meaning regions are not 

classified in any of the clusters only when they have no data for any of the indicators). 

After some attempts that lead to discard indicators with a poor score in terms of clustering, we 

came up with the following outcome with 4 clusters (Table ): 
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Table 3: Centre of final cluster scores obtained through PCA  

  

CLUSTER ANOVA 

1 2 3 4 sig. 

ATTRACTIVENESS overnight per kmq tot 2018 -.173 -.280 .154 1.172 .000 

GROWTH OF ATTRACTIVENESS overnight per kmq 

tot growth 2008-2018 4.598 -.201 .098 -.079 .000 

PRESSURE IN CITY overnight per pop CITY 2018 4.019 -.082 -.081 -.079 .000 

GROWTH OF PRESSURE IN CITY overnight per pop 

CITY growth 2013-2018 -1.189 .011 -.156 .606 .033 

PRESSURE IN RURAL overnight per pop RURAL 2018 4.520 -.258 .030 .597 .000 

GROWTH OF PRESSURE IN RURAL overnight per pop 

RURAL growth 2013-2018 6.529 -.266 .470 -.209 .000 

PRESSURE IN TOWN overnight per pop TOWN 2018 3.915 -.084 -.084 -.074 .000 

GROWTH OF PRESSURE IN TOWN overnight per pop 

TOWN growth 2013-2018 -2.090 .161 -.441 .622 .000 

INTERNATIONAL SHARE 2018 1.108 -.618 .590 1.080 .000 

GROWTH OF INTERNATIONAL SHARE 2008-2018 3.192 -.459 .586 -.159 .000 

GROWTH OF INTERNATIONAL SHARE 2013-2018 .926 -.382 .585 -.160 .000 

PENETRATION OF AIRBNB 2018 -.195 -.210 .068 1.155 .000 

STUDENT MOBILITY students per pop 2018 .030 -.276 .593 .188 .000 

CRUDE MIGRATION RATE 2018 .244 -.235 .076 2.772 .000 

MIGRATION RATE age cohort 15_24 2018 1.153 -.327 .326 .907 .000 

MIGRATION RATE age cohort 25_49 2018 -.032 -.059 -.215 2.660 .000 

MIGRATION RATE age cohort 50_64 2018 -.801 -.060 -.060 2.176 .000 

MIGRATION RATE age cohort 65_79 2018 -.391 -.054 -.052 1.595 .010 
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This classification thus includes 4 clusters of regions that could be characterised as in Table  (the 

full list of results in included in the Annex). The regional membership to the four types is then 

represented in the map of Figure 2.2. 

Table 4: Regional types characterisation in terms of scores of indicators used in 4-means clustering 

 

Type 1  

FAST 

INTERNATIO

NALISATION 

regions (4) 

Type 2  

LOW 

INTENSITY 

regions (92) 

Type 3  

STEADY 

GROWERS 

regions (53) 

Type 4  

TOURISM 

STARS regions 

(15) 

Characterised by         

General tourist attractiveness  MODERATE LOW HIGH VERY HIGH 

Growth of attractiveness VERY HIGH LOW HIGH MODERATE 

Tourist pressure in city VERY HIGH LOW LOW LOW 

Growth of tourist pressure in city LOW HIGH MODERATE VERY HIGH 

Tourist pressure in rural VERY HIGH LOW MODERATE HIGH 

Growth of tourist pressure in rural VERY HIGH LOW HIGH MODERATE 

Tourist pressure in town VERY HIGH LOW LOW MODERATE 

Growth of tourist pressure in 

town LOW HIGH MODERATE VERY HIGH 

Share of international mkt VERY HIGH LOW MODERATE HIGH 

Growth of international share 10y VERY HIGH LOW HIGH MODERATE 

Penetration of Airbnb LOW HIGH MODERATE VERY HIGH 

Erasmus students per 1,000 pop. MODERATE LOW VERY HIGH HIGH 

Crude migration rate HIGH LOW MODERATE VERY HIGH 

Migration rate 15_24 VERY HIGH LOW MODERATE HIGH 

Migration rate 25_49 MODERATE MODERATE LOW VERY HIGH 

Migration rate 50_64 LOW MODERATE MODERATE VERY HIGH 

Migration rate 65_79 LOW MODERATE MODERATE VERY HIGH 

 

The first class, FAST INTERNATIONALISATION, includes only 4 regions in the European space 

(Iceland, Northern Ireland, the North-West of England, and the north of Serbia). These are 

relative newcomers in international tourism that have made a scale jump in the last decade, 

presenting themselves with an attractive destination profile especially for their rural and small 

and medium-sized towns. They have been experiencing a strong growth of tourism over the last 

decade and specifically of the share of international tourists, and are therefore subject to a 

relatively high tourism pressure (with low growth in cities and towns, high in rural areas). They 
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are relatively unattractive as a site of migration for more senior cohorts but boast high crude 

migration rates for the younger migration cohorts.  

The second class, LOW INTENSITY, includes 92 regions that are characterised as poorly 

attractive regions for tourism and other migrations but are subject to a rising tourist pressure 

in cities and towns, have a low and decreasing share of international tourism, and a moderate 

offer of Airbnb. This is a large set of regions across the core of Europe and stretching to its 

periphery. These regions are characterised by general low levels of attractiveness for visitors 

although they have been experiencing recent growth of the tourist intensity in cities and towns. 

The domestic market is the driving force of tourism development and wherever they have been 

experiencing some growth this has been mostly accompanied by an expansion of non-traditional 

forms of hospitality like short-term rentals mediated by digital platforms (as Airbnb). It is 

noteworthy that in spite of their relatively low tourist dimension, these regions can be 

moderately attractive for working age adults and senior migrants, maybe precisely on account 

of the ‘low pressure’ to which they are subject. The context of these regions varies to a great 

extent, from regions in the European core (as in Germany, France, Belgium and Switzerland as 

well as Southern Holland) to inland and predominately rural regions of Spain, regions in the 

Eastern periphery (Poland, Slovakia, Romania), the south of Finland, north of Sweden, the Italian 

South and Albania.  

The third class, STEADY GROWERS, includes 53 regions whose profile is of being attractive 

and growing regions for tourism, with highest and growing pressure in rural areas, have a high 

foreign student population in relation to their size, a high and growing share of international 

tourism. These regions are mostly situated in the Mediterranean coastal and island regions 

(including almost the whole of Portugal), the Atlantic archipelagos except the Canaries; and 

extend to regions in Great Britain, the inner part of the Netherlands, Luxembourg, most 

Scandinavian and Baltic regions, and almost the whole of Greece, plus some ‘capital city regions’ 

like London, Prague and Bucharest. These are mature destinations for tourism that have not 

stopped growing and becoming more internationalised in the last decade, registering the highest 

pressure in non-urban areas, and are poorly attractive for working age younger adults, but 

moderately attractive for other migrations including under 25 and over-50-year-old workers. 
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Figure 2.2: Typology of tourist regions based of a 4-means clustering of selected indicators 

  

Finally, the fourth class, TOURISM STARS, includes 15 regions that stand out as very attractive 

for tourism, especially urban, and all migrations, experiencing a moderate growth concentrated 

in towns and cities; they are subject to a large penetration of Airbnb, and experience a high 

share of international tourism but seeing a relative growth of the domestic market. These are 

some of the most visited destinations in Europe and at the same time preferred destinations for 

migrants of all age groups. Tourist pressure over the last decade has been mostly growing in 

urban and intermediate areas, and this has been accompanied by a high level of penetration of 

platform-mediated supply; yet in general the attraction of tourism (the international market in 

particular) is decelerating, for having possibly met some capacity thresholds. These regions 

include Catalonia, Madrid, the Balearic and Canary archipelagos, the Algarve region of Portugal, 
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Paris and the South of France, the northeast of Italy, the whole of Croatia and Ireland, and two 

other capital city regions, North Holland (the region of Amsterdam) and Berlin. 

2.4 Matching regional types with values of social indicators  

The next step in this process has been to calculate the average means of the score of a selection 

of social indicators by type and test that these differences are significant.  

The indicators used for this operation can also be grouped as the following: 

• Health indicators (self-reported perception on health state by participants to the EU-

SILC survey) 

• Housing indicators (self-reported perception on quality of housing, financial access to 

housing and rent values by participants to the EU-SILC survey) 

• Poverty and deprivation indicators (self-reported perception on conditions of 

dependency, lack of access to basic commodities and consumption, etc.) 

• Labour indicators proceeding from the Labour Force Survey and especially pointing at 

the dimension of regional employment in the tourism sector and at the characteristics 

of workers in atypical conditions or earning low salaries  

 

Wherever possible, these indicators have been constructed stratifying the sample according to 

gender, age – with a focus on the over-65 population and 50-64 y.o. workers –, foreign 

nationality and residence in a DEGURBA-1 (city) area. All variables have been standardised for 

clustering. 

The tables Table  until Table  summarise the results only indicating indicators for which 

difference of means across the 4 types are significant according to an ANOVA test (Full table of 

results Table A 2, Table A 3, Table A 4, Table A 5, Table A 6 p 139-144), highlighting the sign of 

the associations. Capital letters indicate a stronger association than the lowercase text.  

In relation to health, the only indicator for self-reported health conditions that provides a 

significant distinction between regional types is the general score of this indicator. The regions 

that perform better in this sense are ‘Tourism Stars’, yet also ‘Fast Internationalisation’ and 

‘Steady Growers’ regions score well, while values are lower in ‘Low Intensity’ regions. This data 

may reflect the fact that at the broader regional level, highly visited tourist destinations tend to 

offer better climate and landscape amenities (e.g. Amelung & Viner, 2006), and have developed 

as wealthy regions where healthcare services are of relatively higher quality (Hunter‐Jones & 

Blackburn, 2007). However, this analysis makes no distinction in terms of the specific groups or 

characteristics of the respondent.  

In relation to housing, we first note that there is a larger group of indicators that clicks 

significant associations of average scores to cluster membership. Thus, the percentage of 

residents with a non-EU nationality that have arrears on mortgage or rent payments, is relatively 

higher in ‘Fast Internationalisation’ and lowest in ‘Steady Growers’. This could hint at the more 

unprotected status of migrants that have been attracted into regions that have become buoyant 

destinations in the last 10 years, and where the tourist pressure in especially in urban areas has 

become strong (Joppe, 2012). Interestingly these regions show a similar behaviour in relation to 

the population over 65 which reports living in an overcrowded household.  
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Table 5: Scores of health and housing - related indicators by regional type 

 

Type 1  

FAST 

INTERNATIONALIS

ATION regions (4) 

Type 2  

LOW INTENSITY 

regions (92) 

Type 3  

STEADY GROWERS 

regions (53) 

Type 4  

TOURISM STARS 

regions (15) 

scores in social indicators (only significative difference of means - ANOVA 

<0.100) 
        

HEALTH     

Average score of self-reported health from 1 (high) to 5 (low) high LOWEST high HIGHEST 

HOUSING     

The percentage of persons in the population which have a non-EU 

nationality that have arrears on mortgage or rent payments HIGHEST high LOWEST low 

The percentage of persons in total population living in a dwelling 

where housing costs (incl. insurance and service charges) are 

considered a financial burden (HS140) low high LOWEST HIGHEST 

The percentage of females in female population living in a dwelling 

where housing costs (incl. insurance and service charges) are 

considered a heavy financial burden (HS140) high moderate LOWEST HIGHEST 

The percentage of persons in population which have non-EU 

nationality living in a dwelling where housing costs (incl. insurance and 

service charges) are considered a heavy financial burden (HS140) high moderate LOWEST HIGHEST 

The percentage of over 65 population which are living in an 

overcrowded household HIGHEST high low LOWEST 

The percentage of total population receiving income from the rental of 

property of land LOWEST high low HIGHEST 

The percentage of population over 65 receiving income from the rental 

of property of land LOWEST high low HIGHEST 

The percentage of population living in a city receiving income from the 

rental of property of land LOWEST high low HIGHEST 

The percentage of female population which receiving income from the 

rental of property of land LOWEST high low HIGHEST 
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The housing costs are more likely to be considered a financial burden in ‘Tourism Stars’ areas, which 

may be subject to the largest inflation pressure to housing costs also through the higher-than-average 

penetration of short-term rentals, confirming case-study based findings in, among others, Biagi et al 

(2012); Cocola-Gant (2016); García-Lopez et al (2020). The lowest burden is registered among ‘Steady 

Growers’ where tourism pressure in cities is low and only slightly rising and the rate of penetration of 

STR is similarly lower than average. These relations are similar in reference to housing costs as ‘heavy 

financial burden’ especially for women and non-European nationality.  

Conversely, the percentage of people that affirms receiving income from the rental of property of land 

is generally highest in ‘Tourism Stars’ and lowest in ‘Fast Internationalisation’ regions, matching with 

the distribution of the penetration of Airbnb across the four types. This relation tends to be stable for 

the over-65, the female population and the population living in urban areas. This confirms the fact that 

for a sizable share of the population, the growth of tourism has been an opportunity to extract rents 

from land property; in this context, the rise of platform-mediated accommodation in private homes 

has been an accelerator (Semi & Tonetta, 2020), although research examines critically the societal 

distribution of these opportunities (Clancy, 2020; Morales-Pérez et al., 2020).  

Now turning to indicators of poverty and deprivation, the percentage of population over 65 which 

are identified as a severely materially deprived household is highest in ‘Steady Growers’ regions and 

equally high in ‘Fast Internationalisation’ regions, but remarkably low in Tourism Stars and lowest in 

‘Low Intensity’ regions. The relationships here may be non-linear: it is possible that conditions of 

material deprivation can be highest in places that have been experiencing high growth of tourism in 

the last decade (or an intensification of tourism in the non-urban areas), as suggested by Briedenhann 

& Wickens (2004), but remain low in regions that have long benefited from tourism development and 

are also subject to the highest rates of population change or gentrification. The relations are indeed 

reversed in relation to urban populations, with low rates of deprivation in ‘Low Intensity’ regions and 

high in all the others, meeting the highest scores in ‘Fast Internationalisation’ regions; the same is 

observed in relation to the female population. These relations are then treated at a further level of 

statistical elaboration in Chapter 3. The next set of indicators considers conditions related to social 

deprivation in urban areas, such as the reported perception of crime or vandalism, the share of 

households with single parents, the share of urban population which reports problems with the 

dwelling (too dark, not enough light etc.), and the share of population living below the threshold of a 

high risk of poverty. These indicators present a similar distribution, with low rates in Low Intensity 

regions, high in Tourism Stars and Steady Growers, and highest in fast Internationalisation regions. In 

general, these results confirm the insight of much of the literature on the social impacts of tourism, 

that some degree of tourism development benefit society and mitigate social exclusion, but when 

tourism growth is accelerated and does not allow an adjustment of social structures, mindsets and 

policy frames to the new scenario (Zerva et al., 2019), or when it overcomes structural levels of 

capacity of absorption, then tourism may indeed become a driver of exclusionary trends. In this analysis 

‘velocity’ of growth seems to matter more than the sheer dimension of tourism or its intensity.  
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Table 6: Scores of poverty and deprivation- related indicators by regional type 

 

Type 1  

FAST 

INTERNATIONALIS

ATION regions (4) 

Type 2  

LOW INTENSITY 

regions (92) 

Type 3  

STEADY GROWERS 

regions (53) 

Type 4  

TOURISM STARS 

regions (15) 

scores in social indicators (only significative difference of means - ANOVA 

<0.100) 

        

POVERTY AND DEPRIVATION     

The percentage of population over 65 which are identified as a severely 

materially deprived household high LOWEST HIGHEST low 

The percentage of population living in cities which are identified as a 

severely materially deprived household HIGHEST LOWEST high high 

The percentage of female population which are identified as a severely 

materially deprived household HIGHEST LOWEST high high 

The share of crime violence or vandalism in the city HIGHEST LOWEST high high 

The share of households with single parents in a city HIGHEST LOWEST high high 

The share of population which have problems with the dwelling (too 

dark, not enough light etc.) living in a city HIGHEST LOWEST high low 

The share of population living below the risk of poverty threshold in a 

city HIGHEST LOWEST high high 
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Thus, in our four regions included in the first typology, having experienced fast tourism growth 

and internationalisation, consistently report high values of these indicators, while regions where 

tourism pressure is more moderate, on average do not report high values of such indicators 

even when other indicators of tourism-related economic buoyancy are low as well. The typology 

of ‘Steady Growers’ also have most of these indicators on the high side like ‘Tourist Stars’, 

where, nevertheless, the conditions of housing seem to be slightly better. Regarding crime rates, 

it must be stressed that the indicator we’re using reflects the residents’ perceptions on crime 

rates in the destination, rather than an objective measure of reported offences. Hence the 

insights from the literature that in public perception, tourism activity increases crime rates (e.g. 

Rasoolimanesh et al, 2017; Kim & Yang, 2020), is confirmed. 

Finally, considering measures of employment conditions, the ample set of indicators 

considered which return significant association of mean values by regional types includes, first, 

the share of atypical workers, defined in Eurostat’s Labour Force Survey as “employment 

relations which involve shift work, evening work, and weekend work”. We analysed different 

subgroups of atypical workers, such as workers with elementary occupation (ISCO-08) working 

in the Accommodation and Food Service Activities sector (NACE 9) which comes out highest 

in ‘Fast Internationalisation’ regions and lowest in ‘Low Intensity’ regions. This result is 

consistent with insight from the literature on the adaptation paths and the impacts of reforms 

in regions that were severely hit by the global financial crisis of 2008 and in particular the most 

tourist-dependent regions in which tourism activity has been boosted using increasing 

contingents of temporary and agency-mediated labour (Gialis et al., 2017).  

When we just look at workers under 29, this share is however lowest in ‘Tourism Stars’ regions. 

This result could be interpreted in the sense that workforce in the ‘Fast Internationalisation’ 

regions (and to a slightly lesser degree in ‘Steady Growers’) had to be recruited from outside of 

the region to keep pace with the growth of tourism – as is confirmed by a workforce mobility 

indicator –, thus there is a higher-than-average inflow of workers, mostly young and unskilled, 

coming to occupy the most elementary professions in hospitality, and accepting low-wage and 

seasonal jobs as an intermediate step in career paths. In ‘Tourism Stars’ regions these careers 

have been stabilised in time; the situation of workers has been compensated by the inflow in 

the same area of creative workers who select regions characterised by tourist amenities 

(Romero-Padilla et al., 2020; Crociata et al., 2018) and there might be a higher level of 

unionisation in tourism which keeps the share of atypical workers to a minimum; or alternatively, 

a higher level of firm productivity that explains why atypical jobs are not devalued. The 

population over-60 that accepts atypical work is also highest in ‘Fast Internationalisation’ and 

‘Steady growers’ regions, hinting again at the double-edged sword of precarious work 

dependency in regions where tourism offers new opportunities to sectors of the population 

that have lost jobs in other sectors (Robinson et al., 2019).  

The pull of ‘Tourism Stars’ for unspecialised workers in hospitality in the last 5 years has grown 

fastest among all regional types in ‘Tourism Stars’, indicating an ongoing process of absorption 

of this pool in regions where the intensification of tourism especially in urban areas has been 

strongest, and this is generally the case with over-30 workers (atypical or not).  
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Salary levels in general tend to be lowest in ‘Low Intensity’ regions and highest in ‘Steady 

growers’; it is anyway remarkable that they are low in ‘Tourism Stars’, and this is particularly 

the case with the youngest worker cohort, which increase marginally their condition in ‘Tourism 

Stars’ when working in urban areas. Non-national Europeans receive the worst salaries in ‘Low 

Intensity’ regions and the best in ‘Steady Growers’, and also do well in the other ‘touristy’ 

regional types; female workers seem to be particularly benefiting by the economic buoyancy of 

‘Tourism Stars’ (where the share of non-nationals tends to be highest). Non-European migrant 

workers instead do worse in ‘Tourism Stars’ and best in ‘Fast Internationalisation’ regions. They 

also suffer from a higher unemployment rate in Tourism Stars (for urban areas, only surpassed 

by ‘Low Intensity’ regions whereas they enjoy the lower unemployment rates in ‘Fast 

Internationalisation’ regions. 
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Table 7: Scores of employment- related indicators by regional type 

 

Type 1  

FAST 

INTERNATIONALIS

ATION regions (4) 

Type 2  

LOW INTENSITY 

regions (92) 

Type 3  

STEADY GROWERS 

regions (53) 

Type 4  

TOURISM STARS 

regions (15) 

scores in social indicators (only significative difference of means - ANOVA 

<0.100) 

    

WORK CONDITIONS     

Percentage of atypical workers in ISCO-08 subset working in NACE = 

9 aged 20-29 HIGHEST low high LOWEST 

Percentage of atypical workers in population over 60 HIGHEST LOWEST high low 

Percentage of atypical workers in ISCO-08 subset working in NACE = 

9 HIGHEST LOWEST high high 

Percentage of atypical workers in NACE = 9 HIGHEST LOWEST high high 

The 5-year percentage points difference of the percentage of over 30 

workforce working in ISCO-08 in NACE9  n.d. LOWEST high HIGHEST 

The 10-year percentage points difference of the percentage of over 30 

workforce working in NACE9  high LOWEST low HIGHEST 

The 5-year percentage points difference of the percentage of over 30 

workforce working in NACE10 n.d. LOWEST high HIGHEST 

The percentage of over 30 workforce working in ISCO-08 in NACE9 

as atypical worker LOWEST low high HIGHEST 

The percentage of over 30 workforce working in ISCO-08 in NACE9  LOWEST low high HIGHEST 

The percentage of over 30 workforce working in NACE9 low LOWEST high HIGHEST 

The share of people ascribed to the first quintile of the overall income 

distribution of the country low HIGHEST LOWEST high 

The share of people aged 15-29 ascribed to the first quintile of the 

income distribution of the country low HIGHEST LOWEST high 

The share of people aged 15-29 living in a city ascribed to the first 

quintile of the income distribution of the country low HIGHEST LOWEST low 
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The share of people with a European nationality, but non-nationals, 

living in a city, and ascribed to the first quintile of the income 

distribution of the country low HIGHEST LOWEST low 

The share of female workers ascribed to the first quintile of the 

income distribution of the country low HIGHEST low LOWEST 

The share of non-Europeans ascribed to the first quintile of the income 

distribution of the country LOWEST high low HIGHEST 

The share of non-Europeans living in a city ascribed to the first quintile 

of the income distribution of the country LOWEST high low HIGHEST 

The share of mobile workforce (difference between place of residents 

at time of the survey over the previous year) HIGHEST low high LOWEST 

Increase or decrease (%) of highly skilled workforce since last year. As 

an alternative to 8a., the variable ESEG1D was used to select two 

categories of high-skilled workers (ESEG1D = 1 & 2), that is 

“managers” and “professionals”. Indicator 8b allows to identify if a 

region has increased or decreased its high skilled workforce between 

2018 (year of the survey) and the year before. HIGHEST LOWEST high high 

Share (%) of non-nationals in tourism sector. Percentage of workers 

with a nationality different from host country employed in sectors 

NACE = 9 (i.e. Accommodation and food services) & 18 (i.e. Arts, 

entertainment, and recreation). LOWEST low low HIGHEST 

Share of tourism jobs on total local employment. Percentage of 

workers in sectors NACE = 9 (i.e. Accommodation and food services) 

& 18 (i.e. Arts, entertainment, and recreation) on the total volume of 

employed. high LOWEST high HIGHEST 

The 10y percentage points difference in the share of tourism jobs low LOWEST high HIGHEST 

The 5y percentage points difference in the share of tourism jobs LOWEST low high HIGHEST 

The share of non-Europeans which are unemployed LOWEST high low HIGHEST 

The share of non-Europeans living in a city which are unemployed LOWEST HIGHEST low high 
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2.5 Discussion  

To wrap up, we can try to identify the general traits of social inclusion in regions with a different outlook 

in terms of tourism development trends, the goal is to properly identify regions that could be considered 

‘overtouristed’ in the sense of presenting critical social trends which may be associated to a specific state 

or evolution as attractive for tourism and the related mobilities considered in this exercise.  

A first underlying hypothesis derived from the mainstream literature on the impacts of tourism is that 

tourism development indeed generates prosperity; this may be an important factor of economic inclusion 

for the most vulnerable strata of the population which would have little other alternatives in economic 

sectors which require a higher level of professional specialisation. The regional economic literature has 

approached different research questions to this respect, such as the causality of tourism growth in relation 

to the growth of GDP - thus testing whether tourism development is more likely to occur in wealthier 

regions, which offer amenities related to their state of development, or whether tourism development 

(and especially international tourism, which involves the ‘export’ of services) could function as a lever of 

local economic development. Other issues explored in the literature are whether tourism development 

brings to greater territorial cohesion (thus reducing regional income gaps) or to greater social cohesion, 

or, conversely, it is a driver of social polarization. Such questions and the insight from the extant literature 

are illustrated further in Chapter 7 of this document. 

A key aspect explored by the literature - but not in a systematic way and using an established metrics - is 

how positive and negative externalities from tourism development balance out (geographically and 

socially) and whether population change processes which could be triggered by tourism development may 

be shadowing an underlying process of social exclusion. In this sense, we have singled out the small group 

of ‘Fast Internationalisation’ regions as the most problematic to this respect: they present a profile of 

being places where access to housing represents a burden for women and a heavy burden for non-

European foreigners and where a sizable share of the over-65 population lives in overcrowded households, 

and these hindrances do not balance out through the share of population that derive rents from property, 

which tend to be the lowest among the four types considered. They present the worst profile in terms 

of conditions of poverty and deprivation, the female population being particularly affected. They also have 

the large shares of workers in the tourist with elementary occupations (or others) having atypical work 

profiles and while they offer good opportunities also in term of salary to foreigners and women, they 

seem to offer them worse condition in terms of protection. The ’Low Intensity’ regions present quite an 

opposite profile – though they derive much lesser benefits from tourism and other inward flows of 

migration, they show very little of the hindrances through which tourism growth may sustain pathways of 

social inequality and exclusion.  

The other two categories, ‘Steady Growers’ and ‘Tourism Stars’, are a mixed bag. The former group of 

regions have not reached a stage of development in which tourism pressure could be considered excessive 

(also on account of the relative spread of tourism activity out of urban areas), especially in relation to 

housing affordability, and they have some the best profile in terms of salaries paid. Their trajectory of 

development has been more paced and had the time to stabilise it also in terms of institutional and social 

capital, but the trends indicate that they may resent from an increasing specialisation in tourism which 
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makes them particularly vulnerable to systemic crises like the one that we are currently living with 

COVID-19. Finally, ‘Tourism Stars’ are in their majority characterised as places where the intensification 

of tourism in areas otherwise economically buoyant, of their very strong degree of specialisation in 

tourism, could have tipped some threshold which challenge social inclusion, for instance nuancing a high 

level of polarisation (for instance between homeowners and tenants), deprivation, and work conditions. 

That tourism activity – possibly out of this high level of concertation already met especially in urban areas 

has not grown in the last decade in average as much as in other regional types is not preventing the 

tourism economy to increase its dimension and lead to a structural deflation of employment conditions.  

These general trends and associations need to be studied in more depth and whenever possible the 

direction of the causality mechanisms that lead tourism to become a potential agent of social exclusion 

should be tested specifically in relation to some of the main dimensions of exclusion that we have been 

considering. This is what we set on to do in the next sections of this document.  
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3 Tourism stays and regional poverty deprivation 

Authors: Anna Bornioli, Susan Vermeulen, Jeroen van Haaren, Giuliano Mingardo (Erasmus 

University Rotterdam) 

 

3.1 Introduction 

Tourism is generally seen as a catalyst for the economy. Globally, tourism generates 10% of the world's 

GDP, 1 in every 10 jobs and 30% of world trade in services (UNCTAD, 2017). According to Eurostat 

data, in 2016 more than 13 million people (or 6% of the EU labor force) were employed in the EU tourism 

industry. 

In some contexts, tourism development has also been implemented as a tool for poverty alleviation. 

Poverty alleviation is also a major priority within the United Nations World Tourism Organisation 

(UNWTO) itself. The concept of ST-EP (Sustainable Tourism as an effective tool for Eliminating Poverty) 

was established at The World Summit on Sustainable Development in 2002, with the main goal of 

decreasing poverty in the world up to for 50% until 2015. In contrast, according to scholars the tourism 

academic community has somehow neglected the implications of tourism for poverty alleviation (Zhao % 

Ritchie, 2007). Relevant research to date is fragmented, limited in scope, and lacks a consistent 

methodological development.  

Scientific research on the effects of tourism on poverty seems to have focused on the context of 

developing countries. Overall, it has identified positive effects. For example, in Ecuador, a 1% increase in 

tourism-related economic activity decreases the regional poverty of the canton itself by 4.31%, and that 

of neighbouring cantons by between 0.7% and 2.4% (Ponce et al., 2020). However, other scholars argued 

that tourism is not a magic wand to reduce poverty, and that benefits can take place mostly in contexts 

of extreme poverty and where the tourism sector in its developing stage (Croes, 2014). For example, 

Croes (2014) examined the effects of tourism on poverty in Costa Rica and Nicaragua and found that 

tourism does have an impact on poverty, but it mostly alleviates poverty most for the people at the lower 

levels of economic development.  

In other words, tourism seems to be a good tool to generate income in developing economies, following 

the rationale that any income is better than no income. On the other hand, little research has been 

conducted on the impacts of tourism development in developed countries, hence on the role of tourism 

as a tool to contribute to functioning economies. In previous reports (Bornioli et al., 2020a: D2.1, Bornioli 

et al., 2020b: D2.2) we explored regional trends of tourism and social exclusion in Europe, and have 

discussed how tourism mobilities might (re)produce social imbalances and social exclusion at multiple 

scales. Informed by these previous works, in the current piece we focus on one specific social indicator 

of social exclusion- the share of households at risk of poverty - and explore the potential associations 

with tourism development. Specifically, we aimed to address the gap on the impacts of tourism mobilities 

on regional material poverty by examining the associations between tourism development and poverty 
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deprivation in the European context. The analysis is based on European data on tourism stays and regional 

poverty deprivation of the past decades. The aims were: 

1. To assess whether regional tourism stays are associated with a prospective reduction in poverty 

deprivation. 

2. To establish whether age and tourism characterisation have a role. 

 

3.2 Methods 

Dependent variable: share of population in poverty deprivation 

Analyses are based on the project dataset presented in the Methodology chapter. The dependent variable 

was the share of population in poverty deprivation, aggregated at regional level and at either urban, rural, 

or town level, from the European Union Statistics on Income and Living Conditions survey (EU-SILC). 

EU-SILC provides rich information on European citizens’ living conditions, that are collected in large 

population samples and harmonized after data collection. Surveys are conducted yearly. Poverty 

deprivation is an indicator which expresses the inability to afford some items considered by most people 

to be desirable or even necessary to lead an adequate life. Specifically, the EU-SILC indicator measures 

the percentage of the population that cannot afford at least three of the following nine items:  

1. To pay their rent, mortgage or utility bills; 

2. To keep their home adequately warm; 

3. To face unexpected expenses; 

4. To eat meat or proteins regularly; 

5. To go on holiday; 

6. A television set; 

7. A washing machine; 

8. A car; 

9. A telephone. 

 

Poverty deprivation shares were extracted for four age groups (15-29, 30-49, 50-64, and over 65), and 

for 3 urbanisation levels (urban, town, rural), for a total of 12 variables for each independent variable. For 

all the data from the EU-SILC dataset, the cross-sectional weight RB050 was applied, which should lead 

to a more accurate estimation of the overall population, since some groups might be over- or 

underrepresented in the EU-SILC dataset.  

Outcome variable 

The independent variable was the natural logarithm of overnight stays at tourism accommodation 

establishments per capita (per local resident/per 1000 residents), at regional level. This was derived from 

the number of annual overnight stays at tourism accommodation establishments, measured by Eurostat. 

This includes hotels; holiday and other short-stay accommodation; camping grounds; recreational vehicle 

parks and trailer parks. Four reference years were taken: 2003, 2008, 2013, 2018. In respect to tourist 

arrivals, which is often used as an indicator of tourism, using the variable overnight stays has the advantage 

of encapsulating the duration of tourism stays in a given region, thus being a more refined indicator of 
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tourism presence in the region. For details on the dataset, missing data and imputation procedures, please 

refer to Bornioli et al. (2020).  

Controls 

Controls included housing burden (the percentage of persons in the total population living in a dwelling 

with a financial burden due to the housing costs), from EU-SILC; rate of regional unemployment of each 

age group, from the Labor Force Survey; and regional GDP per capita, from Eurostat. The analyses also 

controlled for year and NUTS region with fixed effects. 

Model 

We assess property deprivation as a function of overnight stays as well as our controls in the form of: 

𝑃𝑖𝑡 =  𝛽0 + 𝛽1 ln(𝑆)𝑖𝑡 + 𝛽2𝑈𝑖𝑡 +  𝛽3𝐻𝑖𝑡 +  𝛽4𝐷2008 +  𝛽5𝐷2013 + 𝛽6𝐷2018 + 𝑢𝑖 + 𝜀𝑖𝑡 

Where: 

𝑃𝑖𝑡 = poverty deprivation rate in region i at time t 

ln(𝑆)𝑖𝑡 = natural log of overnight stays per thousand inhabitants in region i at time t 

𝑈𝑖𝑡 = unemployment rate in region i at time t 

𝐻𝑖𝑡 = the share of people experiencing a housing burden in region i at time t 

𝐷20𝑥𝑥 = indicator variable for year of observation 

𝑢𝑖 = region fixed effects 

Data were analysed as panel data with regional fixed effects and clustered standard errors with Stata 16.  

3.3 Results 

Descriptive statistics 

Table  shows descriptive statistics for poverty deprivation across the whole sample and by age category. 

The distribution of poverty deprivation is shown in Figure 3.1. As discussed in previous works (Bornioli 

et al., 2020), most regions show a share of deprivation below 10%, and poverty deprivation is especially 

high in the South-East European Regions in Greece, Bulgaria and Romania and in Southern Italy. There, 

20-25% of the population fall into the category. Other regions that lag behind compared with the 

European average are regions in Scotland and Wales (5-10%) in the UK, some of the Baltic states (5-15%), 

and regions of France. Figure 3.2 displays regional averages for stays per thousand inhabitants. Tourism 

stays per capita tend to be higher in insular regions, certain Mediterranean regions, and Alpine arc.  
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Figure 3.1: Poverty deprivation in Europe 
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Table 8: Descriptive statistics for dataset 1 

 

 N Mean Std. Dev. Min Max 

Stays per thousand inhabitants 614 6,346 8,214 384.4 64,048 

Ln of stays per thousand inhabitants 614 8.321 0.878 5.952 11.07 

Poverty deprivation      

 All age groups 327 0.0812 0.0808 0 0.470 

 15-29 326 0.0928 0.0862 0 0.480 

 30-49 406 0.149 0.0719 0 0.390 

 50-64 406 0.139 0.0710 0.0200 0.470 

 Over 65 326 0.0675 0.0973 0 0.660 

Housing burden      

 All age groups 407 0.782 0.199 0.210 1 

 15-29 406 0.797 0.192 0.200 1 

 30-49 406 0.790 0.192 0.210 1 

 50-64 406 0.756 0.224 0.160 1 

 Over 65 406 0.747 0.230 0.100 1 

Unemployment rate      

 All age groups 428 0.0907 0.0576 0.01000 0.400 

 15-29 428 0.155 0.0970 0 0.820 

 30-49 428 0.0758 0.0521 0.01000 0.320 

 50-64 428 0.0677 0.0513 0.01000 0.330 

GDP per capita 541 24,438 14,054 2,349 99,755 
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 Figure 3.2: Overnight stays per thousand inhabitants 
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Fixed effects model 

Table  shows the estimated results. The last column displays results for all age groups. These results 

suggest that there is a weak association over between overnight stays and poverty deprivation over all 

age groups (significant at 10% level). This ‘global’ coefficient however hides heterogeneity in impacts 

between age groups. Overnight stays per capita is significantly associated with a reduction of poverty 

deprivation among 15-29-year old’s and over 65s, whilst controlling for regional rate of unemployment, 

housing burden, and GDP per capita. While the effect of tourism stays on poverty deprivation for adults 

aged 30 to 49 year and for 50-64 year is not statistically significant, it is noticeable that, for the 50-64-

year-old group the coefficient is, despite not statistically significant, positive. It can be argued that 

overnight stays have a significant, negative association with poverty deprivation for the age groups 15-29 

and over 65 years, but that this association is inconclusive for the middle age groups (30-49 and 50-64).  

Table 9: Fixed effects estimation results 

 (Model 1) (Model 2) (Model 3) (Model 4) (Model 5) 

Share of population in poverty 

deprivation 

15- 29 30-49 50-64 Over 65 All age 

groups 

      

Ln(stays per thousand inhabitants) -0.112** -0.0299 0.0113 -0.162*** -0.0564* 

 (0.0457) (0.0241) (0.0284) (0.0306) (0.0301) 

Regional unemployment rate -0.0326 0.345*** 0.247***  0.222*** 

 (0.0637) (0.0746) (0.0894)  (0.0782) 

Regional housing burden 0.359*** -0.0227 -0.0564 0.0547 0.262*** 

 (0.0701) (0.0554) (0.0593) (0.0668) (0.0536) 

GDP per capita -5.69e-06*** 2.55e-07 1.57e-06 -1.16e-06 -2.64e-06** 

 (1.87e-06) (9.89e-07) (1.19e-06) (1.54e-06) (1.19e-06) 

Year      

2008  -0.00549 -0.00918   

  (0.00704) (0.00847)   

2013 0.0167 -0.00550 -0.00961 0.00112 -0.00627 

 (0.0120) (0.00994) (0.0116) (0.00675) (0.00820) 

2018 0.0504*** 0.0126 0.00286 0.00997 0.0183* 

 (0.0166) (0.0122) (0.0148) (0.0120) (0.0105) 

Constant 0.859** 0.386* 0.0374 1.413*** 0.376 

 (0.389) (0.209) (0.245) (0.250) (0.256) 

      

Observations 181 221 221 272 182 

R-squared 0.418 0.341 0.205 0.327 0.516 

Number of n_nutsid 90 93 93 127 90 
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Additional analyses looked at these trends in the different regional clusters identified in Chapter 2 of the 

current report. To this end, the same models were run in the three following clusters: 

1. Growth regions (the two clusters Tourism stars and Fast internationalization regions were 

merged due to the low number of regions); 

2. Low intensity regions; 

3. Steady growers. 

 

Results are displayed in Table . It is shown that the in the low intensity cluster, tourism stays is significantly 

associated with reduced poverty deprivation only among over 65s-year olds. In the steady growers cluster, 

all age groups, except for the 50-64, indicate a statistically significant reduction of poverty following 

tourism stays per thousand inhabitants. In the tourism stars and internationalization group, which 

identified regions with high tourism pressure and internationalization, tourism stays is not a statistically 

significant predictor of regional poverty deprivation. To verify whether this was due to the relatively lower 

sample size of the Growth regions cluster, robustness checks were conducted on terciles based on 

tourism per capita, and these confirmed that in the high tourism category there is no statistically significant 

association between tourism and poverty deprivation. These analyses are available upon request. 

Additional analyses looked at the role of DEGURBA classification, but no results are statistically significant. 

The only statistically significant results are below: 

• the share of poverty deprivation among over 65s decreases in city, town, and rural settings 

following tourism stays.  

• the share of poverty deprivation among 30-49s decreases in town settings. 

• Tourism stays in rural areas are associated with an increase of rural poverty deprivation. 

These are also available upon request. 
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Table 10: Fixed effects estimation results with clusters of Chapter 2 

 Tourism stars/internationalised Low intensity Steady growers 

Share of population in poverty 

deprivation 

(M6) (M7) (M8) (M9) (M10) (M11) (M12) (M13) (M14) (M15) (M16) (M17) 

15-29 30-49 50-64 Over 65 15-29 30-49 50-64 Over 65 15-29 30-49 50-64 Over 65 

             

Ln(stays per thousand inhabitants) -0.143 0.00943 0.114 -0.107 -0.0991 -0.0358 0.0108 -0.206*** -0.153* -0.0732** -0.0239 -0.148*** 

 (0.106) (0.0949) (0.119) (0.0759) (0.0678) (0.0403) (0.0479) (0.0479) (0.0820) (0.0334) (0.0434) (0.0541) 

Regional unemployment -0.0333 -0.346 0.320  -0.0710 0.412*** 0.00579  0.123 0.142 0.317**  

 (0.176) (0.334) (0.440)  (0.0796) (0.108) (0.131)  (0.138) (0.116) (0.150)  

Regional housing burden 0.288* -0.478** -0.427** 0.0492 0.136 0.306** 0.0786 0.0737 0.450*** -0.0199 0.0322 0.0417 

 (0.125) (0.192) (0.186) (0.128) (0.166) (0.148) (0.140) (0.129) (0.116) (0.0577) (0.0743) (0.104) 

GDP per capita -2.10e-

05*** 

4.78e-06 5.69e-06 1.25e-06 -6.66e-06 -3.50e-06 -2.26e-06 -6.74e-07 -4.42e-06 -1.44e-06 1.09e-06 -1.65e-06 

 (5.34e-

06) 

(6.12e-06) (6.90e-06) (3.95e-

06) 

(4.89e-

06) 

(2.96e-

06) 

(3.97e-

06) 

(3.81e-

06) 

(2.73e-

06) 

(1.10e-

06) 

(1.49e-

06) 

(2.18e-

06) 

Time             

2008  0.000845 -0.0225   -0.00746 -0.0107   0.0274** 0.0191  

  (0.0276) (0.0328)   (0.0124) (0.0160)   (0.0107) (0.0146)  

2013 0.00365 0.0922* -0.0156 0.00162 0.0104 -0.0223 0.00532 -0.00538 0.0191 0.0392** 0.00349 0.0107 

 (0.0302) (0.0463) (0.0574) (0.0129) (0.0147) (0.0150) (0.0193) (0.00868) (0.0231) (0.0177) (0.0231) (0.0148) 

2018 0.0985*** 0.0213 -0.0236 0.00387 0.0439* 0.0207 0.0170 0.0136 0.0660* 0.0606** 0.0288 0.0155 

 (0.0235) (0.0413) (0.0493) (0.0194) (0.0244) (0.0228) (0.0297) (0.0178) (0.0367) (0.0240) (0.0322) (0.0251) 

             

Constant 1.810* 0.376 -0.715 0.979 0.911 0.216 0.0169 1.679*** 1.104 0.791*** 0.270 1.357*** 

 (0.874) (0.791) (0.990) (0.668) (0.580) (0.374) (0.429) (0.394) (0.710) (0.289) (0.377) (0.454) 

             

Observations 26 32 32 33 94 117 117 139 61 72 72 100 

R-squared 0.854 0.634 0.637 0.224 0.166 0.478 0.154 0.445 0.648 0.526 0.431 0.248 

Number of Nuts ID 12 12 12 16 50 53 53 68 28 28 28 43 
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3.4 Discussion 

This paper has presented preliminary analyses on the effects of regional tourism stays on the 

share of regional population that suffers from poverty deprivation. The findings showed that in 

Europe tourism might be associated with reductions of regional poverty deprivation overall, but 

the associations are stronger among certain age groups, specifically among under 30s and over 

65s. The relationship between tourism and regional share of poverty deprivation among 30-64-

year old’s is inconclusive. These results are conditional upon the role of unemployment rate, 

housing burden, regional GDP per capita, and time. 

As displayed by the descriptive analysis, there is a relatively large variation across European 

regions in the rates of tourism stays, poverty deprivation, housing burden, unemployment rate, 

and GDP per capita. These trends have been discussed in Bornioli, Russo, and Valente (2020). 

The current analysis examined the associations between regional tourism stays per capita and 

regional share of individuals living in poverty deprivation. It was found that for a 1% increase of 

night spent at tourist accommodation establishments per 1000 residents, there is a reduction 

of the share of regional poverty deprivation among younger and older individuals of 0.11 

percentage points and 0.16 percentage points respectively, c.p.. 

The potential positive outcomes of tourism stays in reducing the share of young individuals (15 

to 29-year-old) at poverty deprivation might be explained by the role of tourism as generator 

of jobs for young workers. Young individuals tend to work more often in tourism than more 

mature workers (in 2018 13% of workers aged 15 to 24 worked in tourism compared with 9% 

for other sectors of the economy) (Eurostat 2019). In this sense, the tourism industry might 

represent an opportunity for young people to enter the job market. The same positive 

outcomes on older individuals (over 65-year-old) might be explained by the fact that tourism 

might be financially beneficial for generations which are already established and financially secure 

and that are out of the job market. This might be due to opportunities to rent out properties 

for example. Both groups may supplement other sources of income with earnings in the tourism 

sector. While young people may in part depend on their parents and generate supplementary 

income from tourism, those over 65 may supplement pensions or old-age benefits. Furthermore, 

the precarious nature of these types of jobs may be more acceptable to those age groups less 

likely to have to support dependents. 

Another potential explanation to these trends is self-selection: tourism regions might attract 

both younger (under 30) and older people (over 65) who have the financial means to live and/or 

migrate to regions that have better economic, social, and leisure opportunities. This idea is in 

line with the mobilities approach to tourism and leisure which suggests that tourism and leisure 

mobilities might be somehow synched (Rickly et al., 2016). As a consequence, the regional 

poverty deprivation share of these groups might be affected by this phenomenon and as regions 

become more touristy the regional share of poverty deprivation among younger and older 

groups decreases as a result of leisure and work mobilities. 

On the other hand, working-age adults aged 30 to 64 do not seem to benefit from tourism. This 

might be due to the fact that tourism jobs are precarious and unstable (Eurostat, 2018): tourism-

related jobs tend to be temporary, less specialized and seasonal more often than other jobs (see 

Chapters 5 and 6 for an extensive discussion). While regions with high tourist activity tend to 
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have lower unemployment rates (Eurostat, 2018), these jobs might be low-skilled and/or low-

paid jobs. These elements might make them less attractive and remunerative for working-age 

adults. Another speculation relates to gentrification processes and rising living costs produced 

by tourism. While higher rents, housing and living costs might not represent an issue for younger 

and older groups, working-age adults with families might bear the cost of these aspects. 

In addition, the results based on the tourism cluster classification have shown that these 

associations only exist in the steady growers cluster – hence it is in those regions where tourism 

growth has been sustainable over the years that tourism is associated with a reduced share of 

households living in poverty deprivation. In this cluster, among all age groups except for the 50-

64-year-old there is a reduction of the share of regional poverty deprivation following the 

increase of night spent at tourist accommodation establishments per 1000 residents. In the first 

cluster, that is characterized by high tourism intensity and international presence, the 

prospective association between tourism stays per capita and share of poverty deprivation is 

not significant. This seems to indicate that tourism development does not always contribute to 

poverty alleviation. 

Limitations 

This study presents some limitations that need to be highlighted. First, the analyses are based 

on aggregated data and regional averages, hence no conclusions can be drawn in relation to 

individual-level characteristics that affect the relationship between tourism stays and poverty 

deprivation. In relation to this, another limitation is that it was not possible to include additional 

socio-demographic characteristic such as gender, nationality, or household composition. On the 

other hand, these findings are still relevant as they highlight regional trends of poverty. Second, 

the analyses establish statistically significant associations, but might be subject to reverse 

causality or simultaneity, since regions with higher shares of poverty deprivation might also 

attract tourism due to the potentially lower costs for goods and services. The fixed effects 

contributed to control for regional characteristics, however in order to infer causality other 

advanced analyses might be needed. Third, the poverty deprivation variable is based on 

perceptions of material deprivation, rather than on objective criteria, and it might be influenced 

by cultural perceptions that are country specific. 
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4 Tourism, smartness, inequality and social exclusion in 

European regions 

Authors: Amit Birenboim (Tel Aviv University), Josep A. Ivars Baidal (University of 

Alicante), Salvador Anton Clavé (Universitat Rovira i Virgili), Andrea Ganzaroli 

(University of Milan), Michal Farkash (Tel Aviv University), Ana Pastor Alcaraz 

(Universitat Rovira i Virgili) 

 

4.1 Background 

Smart tourism is becoming a differentiated step in the evolution of ICT and tourism integrating 

three main layers: smart destinations, smart business ecosystems and smart experiences 

(Gretzel et al. 2015). Smart tourism goes beyond the mere application of ICT and has generated 

a new framework for management of tourism destinations based on new forms of governance, 

a boost of innovation and the intensive use of ICT and data to improve sustainability, 

competitiveness and tourism experiences (Boes et al. 2016; Ivars et al. 2019). However, the 

smart approach has an urban bias and the analysis of its implications in other geographical scales 

have been highly neglected until now. This is the case of the smart tourism regions, first 

approached by Gretzel (2018), who highlights the need for developing more research about the 

conceptualization, implementation and monitoring of smart tourism initiatives at the regional 

level.  

Furthermore, in spite of the fact that smart destination models include sustainability as a pillar, 

social issues are hardly considered in the emergent smart destinations indicators systems (Ivars 

et al. 2021). Thus, it is advisable to reinforce the social perspective of smart destinations by 

incorporating aspects related to inequality and social exclusion. In this context, the present 

paper explores the relationships between tourism performance, smartness and inequality and 

social inequality on a regional scale in the European Union.  

In 2018, the travel and tourism sector directly contributed 3.9% to The European Union’s GDP 

and accounted for 5.1% of the total labour force (which equates to some 11.9 million jobs), but 

considering the links with other economic sectors (direct, indirect and induced effects), tourism 

figures increase significantly (10.3% of GDP and 11.7% of total employment, which equates to 

27.3 million workers) (European Parliament, 2019). 

The contribution and implications of tourism for regional development have been analysed from 

different perspectives. Research focused on tourism and regional growth (Harb & Bassil, 2020; 

Paci & Marrocu, 2014) evidence the positive impact of tourism on economic growth and the 

uneven effects between regions. Romao & Neuts (2017) conclude that regions highly specialized 

in tourism are mainly based on low value-added products provoking weak labour qualifications, 

high unemployment rates and reduced innovation dynamics. Moreno et al. (2018) also highlight 

a reduced private R&D investment in the most important tourist regions in Europe, however 

they warn about the differences between southern Mediterranean regions (Balearic Islands or 

Jadranska Hrvatska) and other tourist regions such as Bavaria, the Austrian Tyrol or the Île de 

France with a high R&D investment rate.  
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From a global perspective, regional inequality in Europe has been commonly analysed comparing 

the deviations of the average GDP per head (Iammarino et al. 2019), but the influence of tourism 

in regional inequalities in Europe has been hardly studied, being this topic an open research 

problem as shown by studies with contradictory results (Lv, 2019). Tourism related social 

exclusion processes is also a neglected topic although the impact of touristification and over 

tourism in several European urban destinations before the Covid-19 crisis has reinforced the 

need to deepen its analysis. Consequently, local studies have increased (Arias-Sans & Quaglieri-

Domínguez, 2016; Baum, 2018) while, to a lesser extent, some related studies have appeared 

on a national scale such as that of Peña et al. (2020) focusing on the relationship between 

tourism, economic growth, decent employment and gender equality in the European Union. 

Furthermore, tourism has been a strategic choice for developed and emergent tourist regions 

in the smart specialisation promoted by the EU Cohesion policy in the 2014-2020 financial 

framework (Biagi et al. 2020; Romao, 2020). The role of tourism in the new 2021-2027 

programming period is going to be relevant but new initiatives require a good understanding of 

its impact at a regional level. In this vein, the main goal of this paper is to explore the relationship 

between tourism, smartness, and social inequality to measure the social impact of smart tourism 

in Europe.  

“Smartization” processes that take place in regions may have several different, sometimes 

contradictory, impacts on inequality (Caragliu et al., 2011). On the one hand smartization 

process may open up new economic opportunities, improve accessibility to different types of 

resources and reduce cost of living. On the other hand, it was noted that smartization process 

may be found beneficial only to certain types of populations (e.g. affluent population, skilled 

workers), and therefore contribute to process of polarization and inequality.  

Smartization is therefore likely to have different impact on different types of regions. In strong 

regions with skilled workers and technologically literate population, smartization may have 

positive impacts on social sustainability and inclusion. Tourism in such regions, may reflect the 

economic activity and may generate economic opportunities for the local population. In 

contrast, in economically weak regions, smartization may lead to job loos (e.g., technology that 

replaces low-skilled labour) and reduced accessibility to resources. 

Our working hypothesis is that inequality will manifest differentially depended on the levels of 

smartization and touristification of a region. In the following section we test this empirically.  

In this section, we depict inequality levels in relation to tourism and smartness levels of European 

regions. Our aim here is not to identify causal relationships between the three constructs, but 

rather to characterize the regions using these three types of variables.  

Data 

Data on tourism, smartness and inequality at the NUTS 2 regional level (see Table 1 for the list 

of variables) for 2018 was extracted from the Eurostat database (Project Database 2). NUTS 2 

level regions include 281 regions with a population of between 800,000 and 3,000,000 

inhabitants each. Nevertheless, data series that were obtained include missing data for some of 

the regions (see N value, in Table , that denotes the number of regions for which data is available 

in each factor).  



77 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

 

 

Analysis 

In the first stage, a factor analysis was employed to reduce the number of variables (see Table  

for list of factors). All tourism variables were found to be highly correlated  with one another 

yielding one factor. Smartness variables were grouped into two factors: (1) internet availability 

and usage, and (2) human capital (i.e., smart people). Inequality variables were grouped into 

three factors: (1) part time and irregular workers, (2) risk for poverty, (3) unemployment. Risk 

for poverty is a composite variable that was extracted from the Eurostat database (see Table  

for its components). Unemployment is a single-item variable rather than a factor. All variables 

were standardized to allow for comparison between the factors. 

Table 11: List variables and factors that were used in the analysis 

Category Factor name Variable name Factor 

Loading 

N 

Tourism Tourism activity 
  

230   
Nights spent at tourist 

accommodation establishments 

0.976 
 

  
Arrivals at tourist accommodation 

establishments 

0.94 
 

    Number of bed places 0.859   

Smartness Internet accessibility 

and usage 

  
178  

Share of households with internet 0.973 
 

 
Share of households with broadband 0.932 

 

 
Individuals using internet to interact 

with public 

0.806 
 

 
Human capital     279   

Share of employees in high-tech 0.873 
 

  
Share of tertiary educational 

attainment 

0.843 
 

    Share of human resources in science 

and technology 

0.643   

Inequality Part-time and irregular 

workers 

  

  
253  

Share of atypical workers in tourism 0.868 
 

 
Share of part-time workers 0.85 

 

 
Share of foreign workers in tourism 0.684    

People at risk of 

poverty or social 

exclusion1 

 

 
191  

People living in households with 

very low work intensity 

  

 Severe material deprivation rate   

 At-risk-of poverty rate   

  

Share of 

unemployment (15+)2     

301 

1 A composite variable that was extracted from Eurostat database. 
2 Unemployment is a standalone variable. 
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In the second stage, we calculated terciles values for the tourism and smartness factors and 

cross-tabulated them while presenting the average standardized scores of each inequality factor 

in each cell (see tables in Figure 1). 

Results 

Figure 4.1 Figure 4.1: Cross-tabulated tables of tourism and smartness terciles in NUTS2 

European regions in which standardize values of inequality are presented in the cells. Three 

measures (i.e., factors) of inequality are presented: part-time and irregular workers in the first 

row (Tables A1, A2), unemployment rate in the second row (Tables B1, B2), risk of poverty in 

the third row (Tables C1, C2). Two measures (i.e., factors) of smartness are used: internet 

accessibility and usage in the left column (Tables A1, B1, C1) and human capital in the right 

column (Tables A2, B2, C2). Tourism measure is similar in all tables.is comprised of six cross-

tabulated tables (A1 - C2) that depict the distribution of inequality factors and variables by 

tourism and smartness terciles. Table A1 presents the terciles of internet usage in the rows (i.e., 

1st tercile include regions with the lowest rates of internet accessibility and usage where the 3rd 

tercile regions have the highest) and of tourism in the columns (i.e., 1st tercile include the regions 

that are the least touristified where the 3rd tercile includes the most touristified ones). It is 

possible to observe a general trend according to which the smarter the region (more internet 

accessibility and usage) the greater the share of part-time and irregular workers (see row 

averages that range from -0.53 in the 1st tercile to 0.02 in the 3rd tercile). However, when looking 

on the distribution of this inequality measure between tourism tercile we can in fact observe 

two opposite trends. Where in low and medium tourism regions (i.e., 1st and 2nd tourism 

terciles), the general trend described above is indeed apparent However, in the most touristic 

regions (i.e., 3rd tourism tercile), the smarter the region the lower is the rate of part-time and 

irregular workers.  

Table A2 in Figure 4.1 measures regions smartness through human capital. The trends that 

appear in this table are somewhat opposite to the trends in Table A1. In medium level tourist 

regions, the higher the human capital the less is the share of part-time workers. In the most 

touristic regions, this trend is inversed. No clear trend can be observed in the least touristic 

regions. Similarly to Table A1, a general trend can be observed according to which the smarter 

the region (higher human capital) the greater the share of part-time and irregular workers (see 

row averages column). Here, we can also find a general trend that is related to the tourism 

levels which is in line with the literature. The more touristic the region, the greater the share 

of part-time workers (see column averages row). 

Table B1 and B2 present the share of unemployment in the population. Similar trends can be 

observed in the row averages columns according to which the smarter the region the lower are 

the unemployment rates. This is true for both the internet accessibility and human capital 

smartness indicators. When it comes to tourism levels, the general trend (column averages) is 

less clear though overall, it is the regions with medium level tourism activity who perform the 

best in term of inequality (lower unemployment) and regions that see greater tourism activity 

perform the worse. 
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Similar trends can be observed when using the risk of poverty variables (Tables C1, C2). One 

important exception is that while inequality (risk of poverty) is again the lowest in medium level 

tourist regions, it is worse in the least touristic regions. 
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Figure 4.1: Cross-tabulated tables of tourism and smartness terciles in NUTS2 European regions in which standardize values of inequality are presented in the cells. Three measures 

(i.e., factors) of inequality are presented: part-time and irregular workers in the first row (Tables A1, A2), unemployment rate in the second row (Tables B1, B2), risk of poverty in the 

third row (Tables C1, C2). Two measures (i.e., factors) of smartness are used: internet accessibility and usage in the left column (Tables A1, B1, C1) and human capital in the right 

column (Tables A2, B2, C2). Tourism measure is similar in all tables. 
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 Internet accessibility and usage   Human capital  

       

Table A1 

N = 122  Tourism terciles 

Row 

averages  

Table A2 

N = 170  Tourism terciles 

Row 

averages 

  1st 2nd 3rd  
   1st 2nd 3rd  

Internet 

terciles  

1st -0.71467 -0.97980 0.10318 -0.53043  Human 

capital 

terciles  

1st -0.47853 -0.31874 -0.08513 -0.29413 

2nd -0.36456 -0.44290 -0.05429 -0.28725  2nd -0.36834 -0.18405 0.05865 -0.16458 

3rd 0.27225 0.21345 -0.42904 0.01889  3rd -0.51340 -0.04244 0.17505 -0.12693 

Column averages -0.26899 -0.40308 -0.12672    Column averages -0.45342 -0.18174 0.04952   
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Table B1 

N = 160  Tourism terciles 

Row 

averages  

Table B2 

N = 210 Tourism terciles 

Row 

averages 

  1st 2nd 3rd  
   1st 2nd 3rd  

Internet 

terciles  

1st 0.34922 0.15287 0.71660 0.40623  Human 

capital 

terciles  

1st 0.68892 -0.14455 0.52026 0.35488 

2nd 0.07311 0.10005 0.56396 0.24571  2nd -0.13141 -0.05540 -0.10402 -0.09694 

3rd -0.08932 -0.28523 -0.08072 -0.15176  3rd -0.57786 -0.01106 0.01744 -0.19049 

Column averages 0.11100 -0.01077 0.39995    Column averages -0.00678 -0.07034 0.14456   
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Table C1 

N = 120  Tourism terciles 

Row 

averages  

Table C2 

N = 156  Tourism terciles 

Row 

averages 

  1st 2nd 3rd  
   1st 2nd 3rd  

Internet 

terciles  

1st 0.97192 0.15765 0.52742 0.55233  Human 

capital 

terciles  

1st 0.88567 -0.18282 0.70066 0.46784 

2nd -0.07154 -0.45485 0.19308 -0.11110  2nd 0.35506 -0.26731 -0.20005 -0.03744 

3rd 0.01626 -0.51847 -0.55253 -0.35158  3rd -0.48082 -0.26659 -0.12390 -0.29044 

Column averages 0.30555 -0.27189 0.05599    Column averages 0.25330 -0.23891 0.12557   
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4.2 Conclusions  

The current study aimed at characterizing inequality levels in European regions based on the level 

of two notable current phenomena, smartization and touristification. The study makes, what is for 

the best of our knowledge, the first attempt to theoretically conceptualize and empirically test 

these intricate relations. Our findings imply that smartization is normally beneficial for regions in 

terms of inequality. Smarter regions will normally demonstrate lower levels of inequality. When 

considering only the most touristic regions (3rd tourism tercile) this trend is even stronger (with 

an exception in Table A2 that examines irregular and part-time workers). This leads to the 

conclusion that smart tourism regions (3rd tourism tercile and 3rd smartness tercile) tend to be 

more equitable. Hence, it may imply that Romao & Neuts (2017) finding on uneven development 

in specialized tourism regions is not valid in all cases. One such exception is in the case of smart 

tourism regions that demonstrate lower levels of inequality.  

Nevertheless, our analysis has several limitations that should be noted. First, since our analysis was 

dependent on the availability of data at the NUTS 2 regional level, we employed a rather simplified 

operationalization of the three constructs under investigation (i.e., tourism, smartness and 

inequality). Cities’ smartness, for example, is often conceived as a multi-dimensional construct 

which includes smart economy, mobility, environment, people living and governance. In the case of 

tourism smartness also implies smart destinations, business ecosystems and experiences (Gretzel 

et al. 2015). However, the data that was available did not allow employing such a comprehensive 

perspective in our case. Moreover, we did not have data on all regions which limited our 

geographical perspective.  

Second, as with other similar studies, data is most likely sensitive to the areal unit of investigation. 

Changing the geographical definition of the regions might have impacts on the results. Therefore, 

future studies should examine the sensitivity of the analysis to the geographical scale of the regions. 

In addition, the geographical and population size of the regions could be controlled. Third, the 

current analysis is cross-sectional. A longitudinal perspective might generate valuable insights. 

However, the feasibility of such analysis is dependent on data availability. Since many of the Eurostat 

variables are incomplete (i.e., many regions do not have data for all years), it makes longitudinal 

analyses a challenging task. Fourth, there are other important factors that should be controlled in 

future investigation, most notably the economic development of the region (e.g., GDP) which 

should be incorporated more explicitly in the analysis. Finally, our analysis does not allow discussing 

causal relations between the three constructs.  

In conclusion, the study provides, for the first time, a first indication to the differential impact of 

smartification and touristification on inequality level in European regions. While we do not imply 

for causal relations between the three constructs, the patterns identified do imply that different 

regional ecosystems can lead to different inequality processes. This may support a holistic and 

context-sensitive perspective when employing new tourism and smartification policies rather than 

following a determinist, one-strategy-fits-all approach. 
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PART III: TOURISM AND LABOUR 
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5 The challenge of understanding tourism employment data 

Authors: Tom Baum, Kendra Briken, Donagh Horgan and Pratima Sambajee (University of 

Strathclyde Glasgow) 

 

5.1 Introduction 

This piece discusses the idea that using the data available to us on Eurostat, EU-SILC and LFS will 

give us a partial but incomplete picture of the relationship between tourism and employment, as 

there are evident gaps in available data or it is arranged in such a way that prevents us digging down 

to the required level of granularity. This presents a problem in terms of generating robust insights 

from big datasets at the pan-European level, something that has been well-documented by the 

Commission’s own researchers (Brancati et al, 2020). There are some major issues with definitions 

of what constitutes tourism (expanded upon below) that are impacting on our aim for national 

comparisons with regards to labour markets and social exclusion. These include heterogeneity for 

example, as tourism often does not feature as a named line in labour force data – rather we might 

find it under hospitality, food and drink, leisure and/ or transport. As employment data on tourism 

are reported based on different methodologies there is limited comparability outside of the use of 

Tourism Satellite Accounts (TSA), input-output estimates, demand side employment growth 

estimates and employer or population surveys. More importantly, temporality presents another 

barrier, as much tourism employment is part-time, seasonal, off-contract, within the informal 

economy and not recorded in national data. In the case of platformed work - an important 

development within the labour context - gig employment in tourism is hardly represented in 

tourism employment data (except in macro-economic estimates), while in many countries gig 

workers are seen as self-employed meaning that the nuances are rarely represented in the data. 

With the rise of Airbnb and similar platforms, new labour markets have emerged: maintenance and 

cleaning for platforms facilitated holiday rental; technically this adds to tourism related work and 

at the same time this might be impacting on social in- and exclusion.  

5.2 Limitations of Eurostat data to generate insights 

In their paper on spatiotemporal patterns of tourism in Europe, Batista e Silva et al (2018) point 

out that available statistics on tourism from official European sources “are limited in terms of both 

the spatial and temporal resolutions, curbing potential analyses and applications relevant for 

tourism management and policy” (Batista e Silva et al, 2018:101). Citing research from Butler 

(2001), they note that from example, that seasonality in tourism has a marked geographical 

structure not visible in existing data. In their study, spatiotemporal patterns of tourism in Europe 

are examined using a constructed tourist density dataset, which revealed substantial uneven 

distribution of tourism demand both in space and time (Batista e Silva et al, 2018). They propose a 

measurement of ‘tourism intensity’ measured calculating the ratio between tourism demand and 

residential population, an indicator which according to Eurostat (2010), is a better guide to the 

economic significance of tourism, and that has been employed within SMARTDEST (see Bornioli 

et al., 2020a and the current report). They propose the use of big-data sources to support statistical 

data and improve spatial and temporal granularity. Their investigation, an assessment of regional 

vulnerability to tourism, found that “cities are less susceptible to shocks in the tourism sector as 

compared to other areas because their dependence on tourism is relatively low and are less affected 
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by seasonality” (Batista e Silva et al, 2018:113). A proposed index of regional vulnerability to shocks 

in the tourism sector integrates the relative importance of tourism (i.e. tourism intensity) and the 

degree of seasonality per region, allowing for a multi-faceted understanding of employment trends 

and associated phenomena. 

In two sister papers Antolini & Grassini (2020a; 2020b) provide a good context of the issues with 

European data on tourism, and the methodological problems that present more broadly in the 

measurement of tourism activities. In their paper on methodology, they outline the main issue – 

that tourism alone does not comprise an economic sector, and that tourism activities are found in 

the agriculture, industry, and service sectors. This makes it difficult for both researchers and 

policymakers to identify’ tourism’s direct contribution to the overall economy, and track this 

activity in available employment statistics. The authors found that the available statistics are not 

always homogeneous across countries, nor collected in the same way. The geographic details of 

available statistics are also insufficient, making comparison difficult. Antolini & Grassini (2020b) 

highlight a number of issues related to the data collection processes across different EU countries, 

including the definition of usual environment and survey design for the demand-side data, as well 

as the statistical unit for the supply-side data, which does not coincide with that used in structural 

business statistics (SBS). Alongside others, they recommend that countries set up a Statistical 

System on Tourism, including the collection of both statistical and non-statistical data from both 

the supply and demand side – using Transport and Migration Statistics for example. They note that 

of 27 EU countries, 16 have a tourism observatory, but only 10 of these are independent. Similar 

to how data is modelled on the Eurostat Tourism Statistics portal, the inclusion of data from 

business registers offers a new opportunity to estimate economic aggregates and, in particular, the 

value added at a local level. 

In looking at the issue of gig-employment and platform workers in particular, more specific data 

issues present that are not fully resolved in the literature. The European Commission’s Joint 

Research Council has been working with colleagues to help researchers define the size of the digital 

labour platform economy, however consensus has not been reached on even the most basic aspects 

of the phenomenon. A report on the Collaborative Economy (COLLEEM) study of platform 

workers goes some way to illuminate the socio-demographic profiles of platform workers (Brancati 

et al, 2020). The second and most recent version of the survey found “a substantial over- 

representation of foreign-born among platform workers. While this could be seen as indication of 

inclusivity, in that migrants are more likely to be excluded from traditional labour markets, it may 

also suggest that work on digital labour platform offers less attractive pay and working conditions, 

and is therefore taken up by those who lack better options'' (Brancati et al, 2020). This is difficult 

to verify in available employment data from LFS or Eurostat, meaning that administrative data may 

help researchers further understand these trends. The authors note that the current methodology 

of COLLEEM provides a useful approximation of an emerging phenomenon – one around which 

significant policy debate exists, certainly in light of the current global circumstances. The report 

notes that future editions of the COLLEEM survey will need to use a different methodological 

approach to go beyond this initial approximation. 

Finally, in her working paper for the European Trade Union Institute, Piasna (2020) sets out the 

need for better quality data on the prevalence of platform work and other forms of precarious 

work – not limited to the area of tourism. Echoing other authors, she notes that existing official 
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labour market statistics are not well-suited to measuring the online platform economy, not being 

“sufficiently sensitive to capture sporadic or secondary employment, while they also fail to 

distinguish it from other economic activities'' (Piasna, 2020:5). The working paper notes that data 

scarcity is an issue, and that platforms are highly protective of proprietary data on work and usage 

flows. The scale of platform work is one of the biggest unknowns (Codagnone et al, 2016). She 

emphasises the value of other administrative data, and that digital transactions also produce data 

outside the platform, such as in financial institutions or (in theory) tax records, and in scraping 

publicly available data from a platform’s interface. Another challenge with data from existing labour 

force surveys is the lack of guidance on where to place platform work in the NACE systems 

currently in use. Piasna points to approaches in measurement used in the Collaborative Economy 

(COLLEEM) survey, fielded in 16 EU countries mentioned above (Pesole et al. 2018; Brancati et al. 

2020). She also points to experimentation with new methods of data collection in the US, which 

has provided interesting and largely consistent results (compare Farrell & Greig 2016; Harris & 

Krueger 2015; Katz & Krueger 2019). 

Seeking clarification on the limitations of data inquiry through the LFS and other large datasets held 

by Eurostat, these authors engaged Professor Peter Elias at the Institute for Employment Research, 

University of Warwick, in the United Kingdom. A fellow of the Royal Statistical Society, from 

October 2004 he has acted as the Strategic Advisor for Data Resources to the UK Economic and 

Social Research Council (ESRC). From 2015-19 the professor was involved with the H2020 SERISS 

(Synergies for Europe’s Research Infrastructures in the Social Sciences) project, Addressing key 

challenges for cross-national data collection, breaking down barriers between social science 

infrastructures and embracing the future of the social sciences. Professor Elias noted the difficulty 

in identifying labour market patterns from the available datasets, having been involved in the 

construction of NACE (Rev2) and ISCO08 over many years. In personal communication with Prof. 

Elias we learned that, “the problem arises because ‘tourism’ is hard to define. This may not seem 

obvious, especially when we see comments like ‘tourism accounts for x% of our economy’” (PC1, 

2021). 

The relevant classifications that relate primarily to employment in the tourist industry are NACE 

(Rev 2), which classifies the predominant activity provided at a place of employment, and ISCO08, 

the classification of the type of work done in a job within that place of employment. Obviously, for 

self-employed own account workers the type of work done (e.g. plumber) and the activities 

provided (plumbing services) are the same. For most employment this is not the case and we 

classify employment both by NACE and ISCO. According to Elias what researchers need to do, “is 

to develop a matrix of NACE by ISCO categories and to record your data within such a matrix, 

where particular cells will be designated by you as ‘the tourist sector’ [...] this is not easy, in part 

because of the classifications that are used on Eurostat data [...] this gives cross classifications of 

employment by NACE at 2 digits (Divisions) and ISCO at 3 digits (Minor groups)” (PC1, 2021). 

For example, “If we think of tourism as the following activities (a crude characterisation), then 

some of the problems become apparent” (PC1, 2021). Citing examples from planning activities [P] 

(developing itineraries, advertising them, selling them and maintaining them, etc.); Transport 

activities [T] (getting tourists to destinations and back, local transport and tours, drivers, guides, 

etc.); Accommodation activities [A] (hotels, B&B, restaurants, bars, clubs, amusements, etc.) we 

see that P in NACE is part of 79 and 82. In ISCO it is part of 141. For Transport, T in NACE is 
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part of 49, part of 50, part of 51. In ISCO it is 511 and part of 832, 833 and 835; and for 

Accommodation, A in NACE is part of 55 and 56. In ISCO it is part of 141, part of 512, part of 

513, part of 911 and part of 912. As illustrated by Elias, the above is a very crude mapping, which 

could be refined, however, “it begs the question as to what these ‘parts’ are?” (PC1, 2021). 

5.3 The challenge of understanding tourism employment data 

Understanding and quantifying tourism employment has presented difficulties for researchers and 

policy-makers for a long time because of, inter alia, a lack of official recognition of tourism as an 

employment/ skills sector (as opposed to an area of economic activity) in standard occupational 

classifications at national and trans-national levels; definitional precision between countries relating 

to the industry which makes attribution of jobs to tourism activity problematic; poor data on 

tourism activity, especially relating to domestic tourism; and the lack of inclusion of data on the 

informal and sharing/ gig economies.  

Writing over 30 years ago, Bar-On (1989) reflected on key problems with tourism data in general 

which impact directly on our understanding of employment in the sector. Chief among these is the 

difficulty in disaggregating activities that are tourism-specific from other recreational and business 

activities and, as a consequence, attributing employment impacts specifically to tourism. Where 

tourism develops around locally available natural or cultural resources, the industry needs to 

operate its premises in one specific locale. This spatial reservation (Aykac, 2010) means that a 

diverse set of tourism services needs to be readily available for the tourist gaze (Urry, 2002), which 

leads to direct, indirect and induced employment patterns in the industry. Three forms of 

employment coexist in all tourism settings and are horizontally integrated in the labour market, 

with induced employment referring to the extension of the local economy with the locals’ incomes 

from direct and indirect tourism employment (Vanhove, 1981). The spatial reservation of the 

tourism industry also makes the locally available labour force the primary candidates for tourism 

employment irrespective of skills or social background, while tourism also employs a significant 

number of informal and migrant workers, which is representative of global dynamics on labour (and 

the particular mode of production in tourism). Consequently, various types of employment and 

dynamics should be accounted for in understanding employment patterns in tourism. Each tourism 

destination is unique due to the resources it employs, the demographic structure, the preceding 

economic activity and the type of tourism it focuses on. In this review, we are concerned with all 

three types of tourism employment. 

Bar-on (1989) noted the conceptual and practical problems of identifying and measuring tourism 

revenue at a national, regional or city level; including the large number of both visitors and service 

providers in a destination, many of which are undocumented; and the simplification or elimination 

of documentation at frontiers, for example within Schengen, which makes mobilities hard to track 

and measure. When considering mobilties, studies indicate that jobs in tourism are not the first 

career choice even among those who had been trained specifically for this industry (Purcell & 

Quinn, 1996; Dagslund, Mykletun & Einarsen, 2015) and that employees often regarded the tourism 

segments of the service sector as the first stepping stone to a career elsewhere leading to the 

youngest workforce in the labour market and high inter-industry mobility. Ridzik et al (2012) found 

that employment within the hospitality industry encouraged and facilitated spatial and occupational 

mobility for women from central and eastern Europe while often immobilizing them through 

gendered and stereotypical occupations and restricted promotion opportunities. 
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At the same time, Baum (1989) emphasised practical challenges with reliable data collection in 

employment, pointing to things like determining sector sampling frames and poor levels of response 

to research; avoidance of data sharing by business operators, especially small businesses; and 

difficulties in obtaining data from unregistered operators in the informal sector. The industry 

employs a ‘contingent’ workforce, under a part time and on a seasonal basis (Davidson et al, 2011) 

and becomes a refuge when job opportunities in other sectors are scarce (Szivas & Riley, 1999). 

Conceptualisation of the industry has changed in recent studies however as “lifestyle mobilities'' 

(Duncan, Scott, and Baum, 2013) due to its attractiveness for young people looking for a 

combination of work, leisure activities, and travel (Ladkin, 2011). Similarly, Baum (2015) noted that 

the status of tourism work may have shifted in response to changing economic conditions so that 

potential entrants to the industry are now better qualified - which may lead to higher expectations 

of work, especially among young people. Thus there are shortcomings with the data, given the level 

of detail required to reflect variable demand cycles, geographical areas and types of tourism markets 

– all of which have implications for employment data; and further limitations in data collected and 

utilised for official, administrative reasons. 

Indeed, as tourism employment is fragmented and dispersed, comprising a number of different 

services - from accommodation to transportation, entertainment to food services - and comprises 

both functional flexibility and wages flexibility in its labour force due to its structural and seasonal 

nature. This unconventional structure also leads to high numbers of micro, small and medium sized 

enterprises, embedding the industry in a significant informal sector with businesses ranging from 

street vendors, people using their household premises as business, and informal employment in 

various segments of the tourism industry. Excessive reliance on the tourism industry intensifies the 

impact of seasonal operation on tourism employment (Jolliffe & Farnsworth 2003). In every sense 

of the word, diversity is tourism’s real strength in employment terms but also creates challenges 

in terms of creating decent, sustainable work and career opportunities.  

Tourism’s diversity is reflected in the wide range of sub-sectors that constitute tourism, including 

accommodation, transport, attractions, events and conferences, retail, food services, wellness, 

information services, e-marketing and e-distribution. This is further compounded by the 

geographical distribution of tourism – ‘an industry of every community’, and the scale of operations 

as tourism encompasses businesses along the full spectrum to major multinational corporations. 

This leads to a whole host of business ownership models, including strong representation in both 

the formal and informal sectors of the economy, owing to the stochastic or variable demand for 

products and services, often in the form of seasonal fluctuations or business closure. The 

consequences of this diversity can clearly be seen in the scale, scope and demands of employment 

in tourism across national, regional and local boundaries. As with many sectors (care, education) 

or industries (automobile, chemical) , tourism is characterised by a broad horizontal range of 

vocational areas, including technical, administrative, marketing, financial, creative and service roles 

and a related extended vertical range covering unskilled through to senior managerial, leadership 

and technical roles. Roles requiring an extended range of soft skills, with an emphasis on service 

and communications, together with specialist technical skills. However, and for the sake of this 

project, it is important to keep in mind that the vast majority of the workforce is consisting of 

what often is described as precarious employment. As literature on working in Tourism has shown, 

this impacts for example on the way in which vocational identities are constructed. Career 

enhancement and career mobility opportunities is an option through multinational companies who 
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often compete for the very best in talent terms within a global context. Again, as shown with the 

hotel industry for example, careers are scarce and from workers’ perspective only few can climb 

the ladder. It is in this perspective we need to understand intersectionalities in the sector. For 

some, it offers lifestyle employment opportunities within both small businesses and remunerated 

employment, often based around activities (skiing, surfing) or the environment/ location. Seasonal 

and part-time employment opportunities are often taken by students and those with other life 

commitments. Here, women play an important role in supplying to the workforce, and we also see 

access opportunities for youth of all abilities to enter and progress in tourism employment. Having 

said that, competition in the broad area of what tourism has on offer is about the better jobs. We 

see both fast-paced, high pressure employment as well as more sheltered workplaces, but it is put 

on the shoulders of the worker to ‘prove’ they are the right person for the right job.  

Added to this, and opposed to some other industries and sectors, tourism work is often defined 

as based on skills for which initial training can be primarily on-the-job and. The limited formal 

investment in the TVET system for many positions hence can also shrug off the issue with employee 

turnover. It is here where we see social inequalities reproduced. Lessons learned from studies on 

the importance of aesthetic labour, or performing the ‘good migrant’ - mainly meaning the obeying 

workers, have underlined this trend.  

If we would use an indicator, we might consider having a look at the level of collective 

representation and voice. Local jobs within all communities, supporting economic development in 

remote and peripheral locations as well as in ‘honeypot’ destinations - providing opportunities for 

those with learning or physical challenges. Tourism employment must also be seen in both direct 

and indirect terms. Direct tourism employment is defined by UNWTO in the following terms: 

“Employment in tourism industries may be measured as a count of the persons employed in tourism 

industries in any of their jobs, as a count of the persons employed in tourism industries in their 

main job, or as a count of the jobs in tourism industries” (UNWTO, 2014). Indirect employment 

relates to those persons working in industries that are located within the tourism value chain as 

suppliers or partners but without offering a product or service direct to the consumer. The 

relationship between direct and indirect employment in tourism varies according to context. Vellas 

(2011:8) notes that the “indirect contribution remains lower than that of direct employment in a 

certain number of T20 countries. The indirect benefits of tourism are greater where the tourism 

supply chain is directed towards the production of locally produced goods and services”. 

Table 12: Characteristics of Tourism8 Employment in Selected OECD Countries, 2013 (OECD Calculations from 

Stacey (2015)) 

Category Tourism Total economy 

Part Time Jobs 31.1% 20.7% 

Temporary Jobs 21.9% 14.1% 

Persons working with same employer for less than 2 years 45.3% 24.9% 

Youth (15-24 years) 20.6% 9.4% 

Women 55.9% 43.2% 

Self-Employed 23.9% 19.3% 

Persons with 3rd level education 13.8% 31.3% 

Persons working in micro enterprises (1-9 persons engaged) 47.5% 31.2% 

 
8 Accommodation and Food Service Activities (ISIC Rev. 4) 
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Above all else, tourism work is precarious (Knox, 2016; Dreier & Flaming, 2018), generally low paid 

(Lacher & Oh, 2012; Marcouiller, Kim, & Deller, 2004), low skilled (Riley, Ladkin, & Szivas, 2002) 

and unattractive even to those who graduated in tourism (O’Leary & Deegan, 2005). 

5.4 The changing nature of work in tourism 

The past several years has also seen a number of new and different business models emerge within 

tourism industries, influenced by what was seen in the early stages as a form of the increase of 

‘sharing economies’ of collaborative consumption (Botsman & Rogers, 2010). Innovation in this 

area emerged in the context of growing environmental consciousness combined with the ubiquity 

of Internet and associated information and communication technologies arising alongside patterns 

of frugal spending post-recession of 2008 (Lovins & Cohen, 2011; Stead & Stead, 2013). Technology 

platforms that allow for the sharing of underutilised resources and labour, such as the real-time 

location-based ridesharing application Uber, have led to a significant expansion of informality in the 

hospitality sector due to the advent of the “sharing economy” (Heo, 2016; Zekanović-Korona et 

al., 2014). For these firms, the optimism of the shared economy was overshadowed by their attempt 

to use their platform to facilitate ‘gigs’ between contractors (drivers, delivery riders) and 

customers. This led to an increase in coercive control for the bogus self-employed ‘contractors’ 

within the labour process itself though ratings and rankings. It also allowed platform companies 

using this business model to externalize risks onto contractors and customers (Gregory 2020)- 

designating workers as independent contractors with implications for benefits, and the rights and 

protections guaranteed to standard employees. While UBER specifically lost case after case in 

different countries with a reinstatement of contractors’ employers, other parts of the platformed 

economy have seen less attention.  

Part of wider neoliberal trends for financialising parts of the economy, the accommodation sector 

in particular, has been evenly affected by these platforms (Guttentag, 2015; Vaughan & Daverio, 

2016). Potential side effects include an increase in rent gaps, contributing to greater spatial 

inequities and intensive gentrification in parts of the city - tourist areas -where neoliberal planning 

policy dictates development (Horgan, 2019: Horgan & Dimitrijevic, 2021). While such platforms 

create microentrepreneurs that service the industry and hence can reverse economic inequality 

and enhance workers social mobility, at the same time it can lead to rising precarity (Kalleberg, 

2013), casualization of work (Ravenelle, 2016) and disempowered workers with specific reference 

to the precarious nature of such work within tourism in a city context. So far, the status of platform 

facilitated cleaning and maintenance workers for example that is notorious specifically with regards 

to Airbnb has not been investigated.  

Indeed, there is evidence to assume significant levels of underemployment, in skills terms, among 

those employed in such work (Feldman, 1996; Baum, 2018), especially among the mobile and 

migrant workforce. This is further exacerbated in cities with high levels of festivalisation where un- 

and underemployment are commonplace within the creative sector (O’Connor & Shaw, 2014; 

Bridgstock & Cunningham, 2016). This low skills work is characterised by the effects of stochastic 

demand (notably seasonality) combined with low pay, low entry barriers, poor working conditions, 

little or no investment in training, loose regulation and mostly absent union representation (Baum, 

2015; Robinson, Martins, Solnet & Baum, 2019). This work is substantially at the frontline and 
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includes employment in a range of sub-sectors that are by no means homogeneous in operational 

focus, meaning that the spatial context in which this workforce’s daily mobility takes place has 

impact on its access rights, financial resources and skills development.  

Those possessing more economic resources are able to enhance their mobility in society through 

access to new places and technologies while the immobility of others with less access - in the case 

of the tourism workforce - is deepened. Mobilities occur across the skills spectrum but the 

descriptors frequently employed highlight the clear temporal, social and economic distinction 

between ‘migrant workers’ (low skills) and ‘expatriates’ (high skills) (Hack-polay, 2012; Andresen, 

Bergdolt, Margenfeld & Dickmann, 2014). Much of the literature ascribes ‘expatriate’ to various 

forms of temporary mobility, often driven by organisational/ employer needs, while a ‘migrant’, by 

contrast, is seen as someone with the potential right to permanent residency or naturalisation in 

their adopted country (Baruch, Dickmann, Altman & Bournois, 2013).  

Tourism has a strong connection with labour migration, both temporary and permanent, and both 

transnational and domestic. It is often affected by tourism labour demand that cannot be covered 

locally (Lundmark, 2006; Williams & Hall, 2000) and by the seasonal characteristic of the industry. 

Thus, migrant workers (Janta, Ladkin, Brown, & Lugosi, 2011; Joppe, 2012; Baum, 2013), working 

tourists (Uriely & Reichel, 2000), and backpackers (Duncan, 2008) become different solutions to 

filling the labour gap. In the context of this review, much of the employee mobility to which we 

refer is low skills and temporary although this is by no means universal as we also include long-

term, low skills migrants and short-term creative migrants. People migrate to other countries for 

better employment opportunities (Baum, 2013), although many migrant workers employed for 

numerous years often remain at low skilled levels compared to native workers (Janta et al., 2011).  

Understanding work mobilities and social exclusion requires an analysis of unequal differential and 

hierarchical relations, and requires mobility to be placed and understood within the wider 

geometries of power in which it occurs. If mobility is experienced in different ways, it is related in 

different ways, it means different things to different people and also varies by social context (Adey, 

2010), then it can be simultaneously representational and non-representational. This presents a 

challenge for scholars seeking to gain insight from large-scale data analytics, as while some elements 

of mobility can be readily given meaning and represented, others escape meaning by occurring 

through thoughts and hence become difficult to represent. Therefore, it becomes important to 

consider both facets of mobility. Mobility becomes visible through spatial settings reflecting 

different forms of power (Jensen, 2011) but the invisible dimensions relate to forms of power that 

relate to the framing, imagining, practising and experiencing of mobility. Hence, any identification 

of drivers and enablers should give adequate attention to both visible and invisible facets of mobility. 

Social exclusion therefore may be analysed based on the following perspectives which represent 

the intersection of multiple inequalities (Mooney, 2018). Among these are citizenship (Alberti 2018; 

Mooney, Ryan & Harris, 2017); Gender and wider intersections of diversity (Alberti, 2017; Bradley 

et al 2018), including migrant background (Fernández-Macías and Paniagua de la Iglesia 2018; De 

Rienzo et al., 2016) Current debates on social exclusion in urban settings points to the need of 

‘creating shared value’ (Porter & Kramer, 2011) that could benefit the whole urban community. 

Despite the seductive idea of tourism as an all-embracing solution to the economic downturn post-

financial crisis, the legitimate doubt crept among residents of most touristed cities: who gets the 

most benefits from tourism? In the context of the COVID-19 pandemic communities and scholars 
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alike have devoted renewed effort in analysing the phenomenon of overtourism, in the context of 

sustainable and equitable recovery. Prior to the current crisis, Novy and Colomb (2019) examined 

social movements in tourist cities, who often do not campaign against the tourism itself; rather, 

their contention is against the trend of neoliberal urban development. Political responses to those 

claims reach from ignoring and delegitimizing to symbolic gestures and real actions. Novy and 

Colomb (2019) identified four dimensions believed to have an effect and become the source of 

conflict: economical, physical, socio-cultural/social and psychological. Data from all of these domains 

is necessary therefore in order to understand the dynamics of urban mobilities in the context of 

overtourism, including studies that identify the movement of social capital within a place - 

understanding spatiotemporal patterns across diverse indicators of social exclusion. 

5.5 Difficulties in mapping workforce mobilities in tourism 

When we examine Eurostat data in order to identify phenomena related to tourism employment, 

a number of issues present. While some data related to the indicators given above exists, it is 

difficult to quantify due to the ways in which data is collected and arranged. As tourism activities 

are included under several NACE-R2 classifications, other data sets are required in order to fully 

understand and compare the sector across the block. As stated in their guidance, Eurostat’s own 

methodology uses a mixture of datasets to model tourism9.. 

(https://ec.europa.eu/eurostat/statistics-explained/index.php?title=Tourism_industries_-

_employment#Source_data_for_tables.2C_figures_and_maps_.28MS_Excel.29). Tourism statistics 

for 2016 for example are composed of data from four different sources: Structural business 

statistics (SBS); EU labour force survey (EU-LFS); Labour cost survey (LCS); Structure of earnings 

survey (SES). This data is available at a detailed level of economic activity, which makes it possible 

to identify and select industries that are part of the tourism sector - but demonstrates the 

shortcomings of making assumptions based on one or two big datasets. 

When seeking to understand the share of tourism related employment compared to other 

economic sectors, we can estimate the average percentage of tourism workers across the block at 

about 4.8%. As expected we see that countries with a high number of visitors have a higher number 

of workers in Accommodation and Food Services, we see this reflected in data prepared by 

colleagues on the share of tourism jobs on local employment at the local level. However, at a 

regional level, NUTS-2 level data not isolated for Accommodation and Food Services, and concerns 

remain about the robustness of the data at NUTS-1. Also, as many of these activities provide 

services to both tourists and non-tourists – typical examples include restaurants catering to tourists 

but also to locals and rail transport being used by tourists as well as by commuters. For this reason, 

Eurostat modelling focuses on the following selected tourism industries which rely almost entirely 

on tourism: H51 — Air transport; I55 — Accommodation; and N79 — Travel agency, tour 

operator reservation service and related activities. Therefore, in order to understand the value of 

the tourism product at a local, national and regional level for several countries across the block we 

will need to agree a definition for what is included and what data should be used to model the 

same. The stated limitations with data and data availability at this level makes this analysis almost 

impossible. 

 
9https://ec.europa.eu/eurostat/statistics-explained/index.php?title=Tourism_industries_-

_employment#Source_data_for_tables.2C_figures_and_maps_.28MS_Excel.29  

https://ec.europa.eu/eurostat/statistics-explained/index.php?title=Tourism_industries_-_employment#Source_data_for_tables.2C_figures_and_maps_.28MS_Excel.29
https://ec.europa.eu/eurostat/statistics-explained/index.php?title=Tourism_industries_-_employment#Source_data_for_tables.2C_figures_and_maps_.28MS_Excel.29
https://ec.europa.eu/eurostat/statistics-explained/index.php?title=Tourism_industries_-_employment#Source_data_for_tables.2C_figures_and_maps_.28MS_Excel.29
https://ec.europa.eu/eurostat/statistics-explained/index.php?title=Tourism_industries_-_employment#Source_data_for_tables.2C_figures_and_maps_.28MS_Excel.29
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Also, when seeking to understand indicators of workforce mobilities in tourism, the sectoral 

composition, and number of migrant workers participating in specific labour markets, while some 

data exists, it is difficult to quantify due to the ways in which data is collected and arranged. As 

above, in order to understand workforce mobilities for tourism, we again need to agree what data 

classes to include – verify that data exists for appropriate geographies, and seek out alternative 

data sources where gaps exist. Similar to the issues facing data collection in relation to other 

indicators, it is not possible to achieve robust calculations that can indicate mobility in a meaningful 

way from the traditional data sources available. For example, calculations on migrants in the sector 

from the Eurostat portal on Tourism cited above, are again modelled using Eurostat data (lfsa-

egan.xls) on Employment x Gender x Age x Citizenship. This is not broken down by sector, and 

even for the charts produced by Eurostat for that article, they acknowledge that “figures for tourism 

industries are based on customised data extractions, not available online”. Therefore, in order to get a 

sense of the dynamics of migration in the tourism industry we will firstly need agreement on what 

specifically constitutes employment in that area, and then to be able to identify patterns in those 

classes at a regional level which is not given in Eurostat data. In the case of migrant mobility, available 

data only provides an indication of the share of migrant workers arriving in the country less than a 

year. It is difficult to extract migration trends from this data without a more longitudinal study. In 

particular, when one interrogates the data a number of causes for error present. For example, the 

high number of workers in the Accommodation and Food Services area in Hungary for example 

may be partially explained by returned migrants. We can see workers who were resident in the 

UK 12 months previous, who may in fact be Hungarian citizens. Equally seasonality and seasonal 

migration is difficult to ascertain from the LFS. For example, a high number of workers on the 

Adriatic coast are seasonal workers from (Bosnia and) Herzegovina who are invisible in the dataset. 

This may be the case for many similar regions across the block, as is noted in literature on 

seasonality in tourism. 

Therefore, when we look at data prepared by colleagues in relation to the share of non-nationals 

in the tourism sector we are mindful of the lack of certain nomenclature classes in the LFS. Given 

the difference in both underlying economic conditions, and socio-cultural issues around migration 

across the block it is difficult to generate robust pronouncements outside of general patterns of 

migration. This said, we do see again that areas with high visitor numbers have higher numbers of 

tourism workers (and migrants in general in the Accommodation and Food Services area. There is 

an overlap between areas with low tourism numbers, and low number of participation in the 

tourism area generally – and areas with underdeveloped economies more generally that do not 

support large numbers of migrants. When we look at data modelled by colleagues on the Measure 

of over-representation of atypical workers in the tourism sector we notice areas with little 

developed tourism (such as Romania Nord-Est which presents as a ‘Tourism Star’ in colleagues’ 

analysis). Local phenomena – potentially related to agri-tourism if at all - are likely to explain these 

anomalies. For example, Ireland, noted as a “Tourism star” in colleagues' analysis has a significant 

amount of Brazilian workers in Accommodation and Food Services industries whose visa conditions 

do not extend more than nine months meaning that they will not appear at all in Eurostat data 

(Faas, 2020). This raises significant methodological challenges with making pronouncements on 

patterns and trends in the data, which warrant further critical analysis. This context demonstrates 

the limits of big-data approaches and the danger of evidence-based policy making that relies on 

incomplete or unrobust assumptions. 
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Seeking to identify employment relationships of tourism industry workers (autonomous workers; 

employed full time; employed part-time or seasonal; short-term contracts; non-paid interns and 

volunteers; etc.) in the data is difficult to quantify due to the ways in which data is collected and 

arranged for the reasons cited above. We can estimate figures based on a basket of agreed classes 

for tourism, but without certainty. However, if we look at NACE class I (Accommodation and 

Food Services) only we can model a general picture of trends. According to the data available on 

Eurostat for 2019, there were 3,674.4m people employed part time, representing 32.6% of the 

total workforce in that area. When we look at the limited data available in the LFS around part-

time work in general, 56.8% of respondents cited the inability to find a permanent job as the reason 

for having a temporary job or work contract of limited duration. For those on contracts of limited 

duration, 68.5% are in these positions for longer than six months. Across the block we find that 

6.1% of second jobs are in the Accommodation and Food services area. When considering the 

share of part-time workers in tourism across the block, the data indicates that liberal advanced 

economies - primarily within the Eurozone - have high numbers of part-time workers in tourism, 

and more generally. It is difficult to relate these trends to overtourism in the absence of more 

sophisticated datasets that offer more clarity on working conditions and motivations. While the 

LFS does collect some of this data, it cannot be isolated to the level required to be meaningful. 

Broader evidence from emerging literature on gig employment would seem to verify a scenario in 

which people are reliant on more than one job for survival, relating to findings around part-time 

work in general. A trend noted in other research suggests that even under the height of the welfare 

state, income is seen as family income (known as the ‘male breadwinner concept’ (Wheatley et al, 

2018). What we have seen is a decline in the ability of one income to support one individual, and 

now the worsening trend that for ever more people even more than one salary is not enough to 

live on. More sophisticated longitudinal studies may be able to produce more robust evidence on 

whether migrant workers occupy certain positions or employment relationships in tourism and 

related sectors. 

This is also the case when seeking to better understand what types of jobs women tend to occupy 

within the tourism industry and related sectors, and the position of migrant women or workers 

collectives characterized by gender intersectionality. Again, while limited data related to these 

indicators exists in the LFS, it is difficult to quantify due to the ways in which data is collected and 

arranged. However, if we look at NACE class I (Accommodation and Food Services only) we can 

again model a general picture of trends. According to the data available on Eurostat for 2019, there 

were 6,071,800 women in total employed in the Accommodation and Food Services area, 

representing almost 54% of the workforce. In a similar way to the above, advanced liberal 

economies generally in Western Europe show a more balanced labour market participation in the 

Accommodation and Food Services area, while the countries of the Eastern continent show higher 

numbers of female workers. This is likely down to disruptions to the general labour market since 

the liberalisation of these labour markets since the nineties, and has little bearing on measures of 

over tourism. This encourages us to look to other data sources to attain a deeper understanding 

of the impact of overtourism on the female workforce - household studies in particular. 

In seeking out empirical evidence to advance the understanding of whether mobility (tourism-

oriented or not) is nowadays just a practice or, rather, it is the product of an unequal allocation of 

resources among the population we are reminded of Moret (2018). Indeed, Kaufmann et al.’s (2014) 

concept of motility provides a first definition of mobility as capital, in terms of access to and 
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competence for mobile living. However, capital in its social form assumes a particular relevance as 

forerunner of social engagement and (ideally) social change, thus entailing a much broader reflexivity 

on the implications of the mobilities turn and how it is restructuring contemporary societies. 

Studies on social capital are widespread in sociology (see, among others: Bourdieu, 1986; Coleman, 

1988; Granovetter, 1973; Putnam, 1995). In general terms, social capital can be defined as the glue 

of community affiliation deriving from the sum of interpersonal relationships, shared identity and 

norms leading to the ability/willingness to intervene to produce an outcome, being this latter trait 

strictly connected to the notion of ‘collective efficacy’ (Sampson, Raudenbush & Earls, 1997). 

Literature review suggests that the application of the concept of social capital has recently increased 

in tourism studies, and may provide an avenue for researchers looking to identify trends within 

large datasets. The mobilities literature, indeed, may indicate that the more ‘mobile’ a (resident) 

population, the more resilient it could be in coping with the effects of the intensifying negotiation 

over urban resources and moorings, while less more sedentary populations, often characterised by 

lesser endowment of human, social and cognitive capital, find it harder to adapt. On one hand, 

tourists’ social capital (e.g. friends and relatives they visit at destination) contributes to tourism 

development. In a similar vein, migrants may be attracted to places of higher social capital (David, 

Janiak & Wasmer 2010; Hotchkiss & Rupasingha 2018). On the other hand, residents’ social capital 

is key to mitigate the effects of tourism pressure. Linkages between qualitative and quantitative 

data are needed to understand these dynamics, taking a bottom-up approach to identify sources. 

Hyper-local studies are required now more than ever to understand behaviours and mitigations 

and will be crucial to the recovery of the tourism sector. Quinn (2007) has pioneered work in the 

area of ‘coping in the face of tourism pressure’, focusing on changing shopping practices and other 

everyday routines among Venice’s residents, who ultimately flee the city in search of higher levels 

of quality of life in the non-tourist peripheral areas. In another area, situations of extreme 

dependence from social networks of proximity that are being eroded by visitor pressure has been 

identified in various works of Cocola-Gant (2019; 2016). Indeed, localised data might identify more 

distributed forms of ‘commoning’ urban assets and organising life and work in flexible networks of 

cooperation, aided by technology, could indeed represent a form of coping which scales up from 

individual, reactive decisions towards an organised ‘smart society’ (Berlinguer, 2019). 

5.6 Ways forward 

A more holistic approach to big data, using real-time information formed of data across a number 

of domains - qualitative and quantitative - is required in tourism, informed by developments in city 

dashboards for sustainability. Neoliberal smart city paradigms, that expose an unequal relationship 

between citizens and policymakers have invited mounting criticism from researchers seeking to 

understand enduring social inequality in urban settlements (Horgan & Dimitrijević, 2019). In a 

recent book on The Right to the Smart City, authors explore the growth of smart urbanism in the 

context of ‘the right to the city’, examining citizenship, social justice, and civic participation to offer 

critical positions on speculative development informed by ‘big data’ (Cardullo et al., 2019). In a 

pivotal chapter, Odendaal (2019) considers how the smart city strategies of identified municipalities 

in South Africa have been “grounded in developmentalism, seeking to harness the power of 

technology to enable improved governance”. Their contribution highlights the use of data by local 

governments to support the ambitions of the market, and how the practice of using numbers to 

reflect progress in the name of economic performance, is not an unfamiliar game in (South African) 
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urban development. This frontier of research is important given the limitations with data identified 

in our study, raising the dangers associated with evidence-based policy making in the absence of 

robust - and meaningful - data. Mobilities for example, present key challenges for urban resilience, 

and question the capacity of urban societies to absorb the pressures derived from uncontrolled 

and deregulated forms of mobile dwelling. 

One of the consequences of the transcendence of the mobilities turn in place politics is to have 

questioned mainstream planning and management models, which proved unsuitable to cope with 

emerging fields of (re)production of social exclusion (e.g. population loss, social polarisation, spatial 

segregation, casualisation of employment, weakening of social capital). For instance, the increasing 

trend towards the deregulation of economic activity, housing and tenancy rights contributed to the 

increased vulnerability of resident populations in the face of the increasingly negotiable nature of 

urban assets, thus counterbalancing the socioeconomic benefits expected from liberalised markets 

and economic buoyancy. While ‘smart cities’ may be a response towards more environmentally 

efficient development, the implementation of ‘smart destinations’ has not met such societal concern 

(Ivars-Baidal et al., 2017; Söderström, Paasche & Klauser, 2014; Vanolo, 2014). What is more, 

certain urban planning paradigms and development policies augment the chances of exclusion 

(Horgan, 2021). In another contribution in Right to the Smart City, Engelbert (2019:44) notes how, 

“critical smart city scholarship has so firmly connected the rise of “smart” urban development with 

neoliberalism, it is academically suspicious of the persistent occurrence of “citizen-centered” and 

“citizen-oriented” tropes and methods across smart city projects”. Englebert (2019) cites a number 

of authors who are critical of the “smart” turn in urban governance, linking it to a commodification 

of the urban and by default citizens. Importantly, city dashboards rarely collect narratives of the 

“very urban inhabitants who are typically conceptualized as being put and kept “in their place” by 

the neoliberal smart city” (Engelbert, 2019:51). 

Engagement with Professor Elias has allowed these authors to reflect on more bottom-up 

approaches to data interrogation, and creative ways in which to model the labour ecosystem. What 

most analysts seem to do when quantifying employment in tourism, “is to ignore the fact that a 

type of work may be within the ‘tourist sector’ or not within it and just make an allocation [...] if 

you know the numbers employed as waiters/waitresses, you assume that they are all connected 

with tourism despite the fact that some may work in a local restaurant in a town that never sees 

tourists [..] if you know the numbers employed in the air transport sector, you assume that all are 

transporting tourists as opposed to other travellers” (PC1, 2021). Sense-checking our approach 

with Professor Elias has underscored the limitations identified with the data, and helps to 

demonstrate to statisticians the poverty of the existing classification systems. Taking these 

arguments above into account, we have made a strong case for taking a more holistic approach to 

data collection. More robust insights may be generated through the redesign of such systems in the 

future - mindful of the need for a basket of indicators across several domains - where aspects such 

as ‘social capital’ may be mapped through ‘mitigating’ between datasets and ethnographic 

approaches. Only then do we believe can the dynamics of phenomena such as gentrification - and 

other forms of exclusion and exclusion can be understood fully, along with their relationships to 

(over)tourism. 

 

References 



98 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

Adey, P. (2010). Aerial life: Spaces, mobilities, affects. John Wiley and Sons. 

Alberti, GL (2017.) The Government of Migration through Workfare in the UK: Towards a 

shrinking Space of Mobility and Social Rights? Movements: Journal für kritische Migrations- 

und Grenzregimeforschung, 3(1). 

Andresen, M., Bergdolt, F., Margenfeld, J. and Dickmann, M. (2014). Addressing international 

mobility confusion – developing definitions and differentiations for self-initiated and 

assigned expatriates as well as migrants, The International Journal of Human Resource 

Management, 25(16), 2295-2318. 

Antolini, F., & Grassini, L. (2020). Methodological problems in the economic measurement of 

tourism: the need for new sources of information. Quality & Quantity, 54(5), 1769-1780. 

Antolini, F., & Grassini, L. (2020). Issues in Tourism Statistics: A Critical Review. Social Indicators 

Research, 150, 1021-1042. 

Aubrecht C., Aubrecht D., Ungar J., et al. (2016) VGDI – Advancing the concept: Volunteered geo-

dynamic information and its benefits for population dynamics modeling. Transactions in GIS 

21(2), 253–276. 

Aubrecht, C., Ungar, J. and Freire, S. (2011). Exploring the potential of volunteered geographic 

information for modeling spatio-temporal characteristics of urban population: A case study 

for Lisbon Metro using foursquare check-in data. In: Proceedings of the 7th International 

Conference on Virtual Cities and Territories, University of Coimbra, Portugal. October 

2011, pp. 57–60. Available at: 

https://www.researchgate.net/publication/231814348_Exploring_the_potential_of_volunte

ered_geographic_information_for_modeling_spatiotemporal_characteristics_of_urban_po

pulation_A_case_study_for_Lisbon_Metro_using_foursquare_check-in_data (accessed 16 

May 2019). 

Aykac, A. (2010). Tourism Employment: Towards an Integrated Policy Approach. Anatolia, 21(1), 

11-27. doi:10.1080/13032917.2010.9687087 

Baeten G, Westin S, Pull E, et al. (2017). Pressure and violence: Housing renovation and 

displacement in Sweden. Environment and Planning A, 49: 631–651. 

Bar-On, R. (1989). Travel and Tourism Data. London: Euromonitor Publications 

Baruch, Y., Dickmann, M., Altman, Y., & Bournois, F. (2013), Exploring International Work: Types 

and Dimensions of Global Careers. The International Journal of Human Resource 

Management, 24, 2369– 2393 

Batista e Silva, F., Herrera, M. A. M., Rosina, K., Barranco, R. R., Freire, S., & Schiavina, M. (2018). 

Analysing spatiotemporal patterns of tourism in Europe at high-resolution with 

conventional and big data sources. Tourism Management, 68, 101-115. 

Baum, T. (1989). Scope of the tourism industry and its employment impact in Ireland. The Service 

Industries Journal, 9(1), 140–151. 

Baum, T. (2013). International perspectives on women and work in hotels, catering and tourism. Geneva: 

ILO 

Baum, T. (2015). Human resources in tourism: still waiting for change? - a 2015 reprise. Tourism 

Management, 50, 204–212. 

Baum, T. (2018). Changing employment dynamics within the creative city: exploring the role of 

‘ordinary people’ within the changing city landscape. Economic and Industrial Democracy. Doi: 

10.1177/0143831X17748371 

Baum, T., Deery, M., Hanlon, C., Lockstone, L., and Smith, K. (eds.) (2009). People and work in events 

and conventions, Wallingford: CABI. 

https://www.researchgate.net/publication/231814348_Exploring_the_potential_of_volunteered_geographic_information_for_modeling_spatiotemporal_characteristics_of_urban_population_A_case_study_for_Lisbon_Metro_using_foursquare_check-in_data
https://www.researchgate.net/publication/231814348_Exploring_the_potential_of_volunteered_geographic_information_for_modeling_spatiotemporal_characteristics_of_urban_population_A_case_study_for_Lisbon_Metro_using_foursquare_check-in_data
https://www.researchgate.net/publication/231814348_Exploring_the_potential_of_volunteered_geographic_information_for_modeling_spatiotemporal_characteristics_of_urban_population_A_case_study_for_Lisbon_Metro_using_foursquare_check-in_data


99 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

Berlinguer, M. (ed.) (2019). Repensar la Smart City. Barcelona: ciudad abierta, colaborativa y 

democrática. Barcelona: Editorial Icària. 

Bernt M. and Holm A (2009). Is it or is not? The conceptualisation of gentrification and displacement 

and its political implications in the case of Berlin-Prenzlauer Berg. City, 13: 312–324. 

Bornioli, A., Russo, Vermeulen, S., & Valente, R. (2020). The spatial articulation and local effects of 

tourism and associated mobilities. https://smartdest.eu/wp-

content/uploads/2021/01/SMARTDESTD2.2-FULLVERSION-

Spatialarticulationlocaleffectstourism-merged.pdf 

Botsman, R., and Rogers, R. (2010). What’s mine is yours. The rise of collaborative consumption. 

Bourdieu, P. (1986). The forms of capital. In: J. Richardson (ed.), Handbook of Theory and Research 

for the Sociology of Education (pp. 241-258). New York: Greenwood. 

Brancati, U., Pesole, A., & Férnandéz-Macías, E. (2020). New evidence on platform workers in Europe. 

Bridgstock, R., & Cunningham, S. (2016). Creative labour and graduate outcomes: Implications for 

higher education and cultural policy. International journal of cultural policy, 22(1), 10-26. 

Cardullo, P., Di Feliciantonio, C., & Kitchin, R. (eds.). (2019). The right to the smart city. Emerald 

Group Publishing. 

Cocola-Gant, A. (2016). Holiday rentals: The new gentrification battlefront. Sociological Research 

Online, 21(3), 10. 

Cocola-Gant, A. (2019). Gentrification and displacement: urban inequality in cities of late capitalism. 

In: Schwanen, T. and R. Van Kempen (eds.), Handbook of Urban Geography. Cheltenham and 

Northampton: Edward Elgar Publishing. 

Codagnone, C., & Martens, B. (2016). Scoping the sharing economy: Origins, definitions, impact and 

regulatory issues. Institute for Prospective Technological Studies Digital Economy Working 

Paper, 1. 

Coleman, J. S. (1988). Social Capital in the Creation of Human Capital. The American Journal of 

Sociology, 94: S95-S120. 

Dagsland, A.H., Mykletun, R. and Einarsen, S. (2015). ‘We’re not slaves – we are actually the future!’: 

a follow-up study of apprentices’ experiences in the Norwegian hospitality industry, Journal 

of Vocational Education and Training, 67(4): 460–481. 

David, Q., Janiak, A. and Wasmer, E. (2010). Local Social Capital and Geographical Mobility. Journal 

of Urban Economics, 68(2): 191–204. 

Davidson, M. C., McPhail, R., and Barry, S. (2011). Hospitality HRM: past, present and the future. 

International Journal of Contemporary Hospitality Management, 23(4), 498-516. 

De Rienzo, A., Archer, M. A., Yeap, B. Y., Dao, N., Sciaranghella, D., Sideris, A. C., ... & Bueno, R. 

(2016). Gender-specific molecular and clinical features underlie malignant pleural 

mesothelioma. Cancer research, 76(2), 319-328. 

Duncan, T., Scott, D. G., and Baum, T. (2013). The mobilities of hospitality work: An exploration 

of issues and debates. Annals of Tourism Research, 41, 1-19. 

Easton, S., Lees, L., Hubbard, P., & Tate, N. (2020). Measuring and mapping displacement: The 

problem of quantification in the battle against gentrification. Urban studies, 57(2), 286-306. 

Faas, D. (2020). New Patterns of Migration and Higher Education in Ireland: What Are the 

Implications?. In Inequality, Innovation and Reform in Higher Education (pp. 71-85). Springer, 

Cham. 

Farrell, D., & Greig, F. (2016). Paychecks, paydays, and the online platform economy. In Proceedings. 

Annual Conference on Taxation and Minutes of the Annual Meeting of the National Tax 

Association (Vol. 109, pp. 1-40). National Tax Association. 

https://smartdest.eu/wp-content/uploads/2021/01/SMARTDESTD2.2-FULLVERSION-Spatialarticulationlocaleffectstourism-merged.pdf
https://smartdest.eu/wp-content/uploads/2021/01/SMARTDESTD2.2-FULLVERSION-Spatialarticulationlocaleffectstourism-merged.pdf
https://smartdest.eu/wp-content/uploads/2021/01/SMARTDESTD2.2-FULLVERSION-Spatialarticulationlocaleffectstourism-merged.pdf


100 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

Feldman D (1996). The nature, antecedents and consequences of underemployment. Journal of 

management, 22(3), 385-407.  

Fernández-Macías, E and Paniagua de la Iglesia, T (2018). Labour market integration of migrants and 

their descendants. Brussels. EUROFUND 

Goodchild M (2007). Citizens as sensors: The world of volunteered geography. GeoJournal 69: 211–

221. 

Granovetter, M. (1973). The Strength of Weak Ties. The American Journal of Sociology, 78(6): 1360-

1380. 

Guttentag, D. (2013). Airbnb: Disruptive innovation and the rise of an informal tourism 

accommodation sector. Current issues in tourism , 18(12), 1192-1217. 

Hack-polay, Dieu (2012). When home isn’t home: a study of homesickness and coping strategies 

among migrant workers and expatriates. International Journal of Psychological Studies, 4 (3), 

62-72. 

Harris, S. D., & Krueger, A. B. (2015). A Proposal for Modernizing Labor Laws for Twenty-First-

Century Work: The" Independent Worker" (pp. 2015-10). Washington, DC: Brookings. 

Heo, Y. (2016). Sharing economy and prospects in tourism research. Annals of Tourism Research, 

58, 166-170. 

Herrera L, Smith N & Vera M (2007). Gentrification, displacement, and tourism in Santa Cruz de 

Tenerife. Urban Geography, 28: 276–298. 

Horgan, D. (2019). Placemaking. 

Horgan, D., & Dimitrijević, B. (2021). Social innovation in the built environment: the challenges 

presented by the politics of space. Urban Science, 5(1), 1. 

Horgan, D., & Dimitrijević, B. (2019). Frameworks for citizens participation in planning: From 

conversational to smart tools. Sustainable Cities and Society, 48, 101550. 

Horgan, D., & Dimitrijević, B. (2018). Social innovation systems for building resilient communities. 

Urban Science, 2(1), 13. 

Hotchkiss, J. L. and Rupasingha, A. (2018). Individual Social Capital and Migration. Working Paper 

2018–3. Atlanta, GA: Federal Research Bank of Atlanta. 

Ivars-Baidal, J. A., Celdrán-Bernabeu, M. A., Mazón, J.-N., & Perles-Ivars, Á. F. (2017). Smart 

destinations and the evolution of ICTs: a new scenario for destination management? Current 

Issues in Tourism, 22(13), 1581-1600.  

Janta, H, Brown, L, Lugosi, P & Ladkin, A. (2011). Migrant relationships and tourism employment, 

Annals of Tourism Research, 38(4), 1322-1343. 

Jolliffe, L., & Farnsworth, R. (2003). Seasonality in tourism employment: Human resource challenges. 

International Journal of Contemporary Hospitality Management, 15(6), 312-316. 

Joppe, M. (2012). Migrant workers: Challenges and opportunities in addressing tourism labour 

shortages. Tourism Management, 33(3), 662-671. 

Kalleberg, A. L. (2013). Globalization and precarious work. Contemporary Sociology, 42(5), 700-706. 

Kallin, H. (2020). In debt to the rent gap: Gentrification generalized and the frontier of the future. 

Journal of Urban Affairs, 1-12. 

Katz, L. F., & Krueger, A. B. (2019). Understanding trends in alternative work arrangements in the 

United States. RSF: The Russell Sage Foundation Journal of the Social Sciences, 5(5), 132-146. 

Kaufmann, V., Bergman, M. & Joye, D. (2004). Motility: Mobility as Capital. International Journal of 

Urban and Regional Research, 28(4): 745-56. 

Knox, A. (2016). Coffee nation: an analysis of jobs in Australia's café industry. Asia Pacific Journal of 

Human Resources, 54(3): 369–387. 



101 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

Lacher, R. G., & Oh, C.-O. (2012). Is tourism a low-income industry? Evidence from three coastal 

regions. Journal of Travel Research, 51(4), 464-472. 

Ladkin, A. (2011). Exploring tourism labor. Annals of Tourism Research, 38(3), 1135-1155. 

Lees L, Shin HB and Lopez-Morales E (2016). Planetary Gentrification. Cambridge: Malden 

Lovins, L. H., and Cohen, B. (2011). The way out: Kick-starting capitalism to save our economic ass. 

Hill and Wang. 

Lundmark, L. (2006). Mobility, Migration and Seasonal Tourism Employment: Evidence from 

Swedish Mountain Municipalities. Scandinavian Journal of Hospitality and Tourism, 6(3), 197-

213.  

Millard-Ball A (2002). Gentrification in a residential mobility framework: Social change, tenure 

change and chains of moves in Stockholm. Housing Studies, 17: 833–856. 

Mooney, S., I. Ryan & Harris, C. (2017). The Intersections of Gender with Age and Ethnicity in 

Hotel Careers: Still the Same Old Privileges? Gender, Work & Organization, 24(4), 360–375. 

Novy, J. and Colomb, C. (2019). Urban Tourism as a Source of Contention and Social Mobilisations: 

A Critical Review. Tourism Planning & Development, 16(4): 358-375. 

O’Connor J and Shaw K (2014). What next for the creative city? City, Culture and Society 5(3): 165-

170. 

O'Leary, S., and Deegan, J. (2005). Career progression of Irish tourism and hospitality management 

graduates. International Journal of Contemporary Hospitality Management, 17(5), 421-432. 

Odendaal, N. (2019). Appropriating “Big Data”: Exploring the Emancipatory Potential of the Data 

Strategies of Civil Society Organizations in Cape Town, South Africa. In The Right to the 

Smart City. Emerald Publishing Limited. 

Perez Guilarte, Y., & Barreiro Quintans, D. (2019). Using Big Data to measure tourist sustainability: 

myth or reality?. Sustainability, 11(20), 5641. 

Pesole, A., Urzí Brancati, M. C., Fernández-Macías, E., Biagi, F., & González Vázquez, I. (2018). 

Platform Workers in Europe: evidence from the COLLEEM Survey. Luxembourg, Publications 

Office of the European Union. 

Piasna, A. (2020). Counting Gigs: How Can we Measure the Scale of Online Platform Work?. ETUI 

Research Paper-Working Paper. 

Porter, M. E. and Kramer, M. R. (2011). The Big Idea: Creating Shared Value. How to reinvent 

capitalism—and unleash a wave of innovation and growth. Harvard Business Review, 89(1-2). 

Purcell, K., and Quinn, J. (1996). Exploring the education-employment equation in hospitality 

management: A comparison of graduates and HNDs. International Journal of Hospitality 

Management, 15(1), 51-68. 

Putnam, R. (1995). Bowling Alone: America's Declining Social Capital. Journal of Democracy, 6(1): 

65–78. 

Quinn, B. (2007). Performing Tourism. Venetian Residents in Focus. Annals of Tourism Research, 

34(2): 458–476. 

Ravenelle, A. J. (2016). A return to Gemeinschaft: Digital impression management and the sharing 

economy. In Daniels, J., Gregory, K., & McMillan Cottom T. (eds.) Digital Sociologies, pp. 

27–46. Bristol: Policy Press/Bristol University Press. 

Rydzik, A., Pritchard, A., Morgan, N. and Sedgley, D. (2012). Mobility, migration and hospitality 

employment: Voices of Central and Eastern European women. Hospitality and Society, 2(2), 

137-157. 

Riley, M., Ladkin, A., and Szivas, E. (2002). Tourism employment: Analysis and planning (Vol. 6): 

Channel View Publications. 



102 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

Robinson, R, Martins, A, Solnet, D & Baum, T (2019). Sustaining precarity: critically examining 

tourism and employment. Journal of Sustainable Tourism, 27(7), 1008-1025. 

Sampson, R. J., Raudenbush, S. W. & Earls, F. (1997). Neighborhoods and Violent Crime: A 

Multilevel Study of Collective Efficacy. Science, 277(5328): 918-924. 

Serin, B., Kintrea, K., & Gibb, K. (2018). Social housing in Scotland. Glasgow: UK Collaborative 

Centre for Housing Evidence. 

Söderström, O., Paasche, T., & Klauser, F. (2014). Smart cities as corporate storytelling. City, 18(3): 

307-320. 

Stead, J. G., & Stead, W. E. (2013). The coevolution of sustainable strategic management in the 

global marketplace. Organization and Environment, 26(2), 162-183. 

Szivas, E., & Riley, M. (1999). Tourism employment during economic transition. Annals of Tourism 

Research, 26(4), 747-771. 

Uriely, N., & Reichel, A. (2000). Working tourists and their attitudes to hosts. Annals of Tourism 

Research, 27(2), 267-283. 

Urry, J. (2002). The tourist gaze. Sage. 

Vanhove, N. (1981). Tourism and employment. International Journal of Tourism Management, 2(3), 

162-175.  

Vanolo, A. (2014). Smartmentality: the smart city as disciplinary strategy. Urban Studies, 5(5): 883-

898. 

Vaughan, R., & Daverio, R. (2016). Assessing the size and presence of the collaborative economy in 

Europe. Publications Office of the European Union. 

Vellas, F. (2011). The indirect impact of tourism. An economic analysis, paper to Third Meeting of 

T20 Tourism Ministers, Paris, France, 25 October 2011 

Williams, A. M., and Hall, C. M. (2000). Tourism and migration: New relationships between 

production and consumption. Tourism Geographies, 2(1), 5-27.  

Wheatley, D., Lawton, C., & Hardill, I. (2018). Gender differences in paid and unpaid work. In Hidden 

inequalities in the workplace (pp. 181-214). Palgrave Macmillan, Cham. 

Zekanovic-Korona, L., and Grzunov, J. (2014). Evaluation of shared digital economy adoption: Case 

of Airbnb. Paper presented at the 2014 37th International Convention on Information and 

Communication Technology, Electronics and Microelectronics (MIPRO). 

 

  

  



103 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

6 Regional labour adversity within the tourism sector 

Authors: Niklas Pernhaupt, Lukas Alexander (University of Vienna) 

 

6.1 Introduction 

In recent decades, scholars developed many classifications linking labour markets with social 

protection, particularly stressing an institutional perspective. To account for national welfare and 

employment regulations, those classifications address the state level. Typically, they are constructed 

based on examples of well-known countries also used in the varieties of capitalism approach (Hall 

& Soskice, 2001). The categories or “labour market regimes” tend to reach from liberal to a social 

states (e.g., Gallie & Paugam, 2004; Goergen et al., 2009; Holman et al., 2009). As an overview, the 

core types are briefly sketched: Ireland and the UK are seen as market liberal regimes with little 

protection and regulation. France, Germany and the Benelux countries are built on a traditional 

view of work, which increases inequalities between workers particularly neglecting a-typical 

employment. Spain, Italy, Portugal and Greece are following an idea of social protection but have 

to settle for compromise as their economies are too weak to support this. Scandinavian countries, 

such as Sweden or Denmark, are understood as social democratic ideal-types with a high degree 

of protection and inclusion. Finally, the Eastern European and Balkan states are complex, 

transitional hybrid forms and therefore tend to be neglected in many research studies. A 

disadvantage of the national and institutional classifications is that they do not consider actual 

working conditions and the quality of employment. Gallie (2007) tries to resolve this shortcoming 

by combining the views and additionally including gender, education, industrial sector, and societal 

status. His approach outlines the degree of polarization (binary either high or low) in different 

dimensions, yet it remains a rough conception failing to address fine variations within groups (e.g. 

multiple industrial sectors) and intersectionality between them. Holman (2013) followed a similar 

road and connected institutional theories with the quality of work (based on the European Working 

Conditions Survey - EWCS). He concludes that the labour market regimes are able to explain the 

level of job quality between the regime types but not within them. A less institutional approach 

was pursued by Puig-Barrachina et al. (2014) who used the EWCS to analyse elements of 

precariousness and a research team of the OECD (2020) that assessed the variation of legal 

employment protection. However, both studies produced classifications at national level, 

overlooking the situation and characteristics of regional labour markets. This issue remains 

prevalent in contemporary research. Nevertheless, all of the aforementioned attempts to develop 

a typology serve as an important contextual frame against which we can contrast our own attempt 

at an analysis of tourism labour below.  

Despite some (positive) changes within the tourism labour market, key problems (e.g., the 

dominance of employers, precariousness, bad working conditions) have remained over time (cf. 

Baum, 2007, 2015; Higgins-Desbiolles, 2020). While efforts of creating (more) sustainable tourism 

are well underway (cf. Alfaro Navarro et al., 2020), the social dimension regarding the tourism 

labour force, which is still very much subject to precariousness, plays the second fiddle to the 

dominant discourse on environmental and economic sustainability shaped by neoliberalism (cf. 

Robinson et al., 2019). In the following pages, we want to focus solely on this social dimension, as 

we try to find out about recent regional disparities in what we call labour adversity. In our 

conceptualization, we draw inspiration from Puig-Barrachina et al.’s (2014) dimension of 
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“employment instability”, Holman’s (2013) (schedule) “flexibility” dimension – a problem very much 

prevalent within the tourism sector (see Lillo-Bañuls et al., 2018) – and workplace or labour 

mobility (see Baum, 2007, 2015).  

In an effort to create a regional typology that reflects labour adversity10 within regional tourism 

labour markets in Europe, we first tried to define the tourism labour market itself. We defined it 

as a combination of three economic sectors – retail (NACE G), hospitality (NACE I), and the 

cultural-artistic sector of “Arts, Entertainment and Recreation” (NACE R; EUROSTAT & 

European Commission, 2008).11 Next, we tried to identify those dimensions that would highlight 

labour adversity – particularly within the tourism labour market. We wanted to stress three 

dimensions in particular and two complementary descriptive dimensions (characteristics of tourism 

workers and change over time). The three main dimensions were: 1) contractual insecurity, 2) job 

insecurity, and 3) working conditions (or work schedule). These dimension also drew inspiration 

from the concept of marginal work (Croce et al., 2019; especially the chapter by Firinu & 

Maestripieri, 2019), particularly when it comes to temporariness of contracts. We also wanted to 

include working conditions – in our case, the regional prevalence of unfavourable work schedules 

(e.g., working shifts, working at night, and working on Saturdays). A study on the Spanish labour 

market between 2008 and 2010 highlights these dynamics within the tourism sector by showing 

that fixed-term contracts and adverse working schedules were more prevalent in the tourism 

sector when compared to the non-tourism service sector (see Lillo-Bañuls et al., 2018, p. 6). The 

two additional descriptive dimensions – tourism worker characteristics and change over time – 

were intended to offer some post-hoc insight into certain regions with little or much labour 

adversity. All five dimensions are shown in Figure 6.1 

To create our tourism labour adversity index, we used data from the European Labour Force 

Survey (LFS) from 2008 and 2019.12 While 2019 served as the year of interest, 2008 – the year 

synonymous with the global financial crisis – was selected to serve as a reference year for our 

description of change over time. The analysis was set at the regional macro level (NUTS 1)13 as 

some indicators would have excluded each other at the micro level. Each indicator was extracted 

on a (potential) percentage level of 0% to 100%. However, the reference group varied with each 

indicator. The share ‘of persons who…’ was always related to persons who validly answered the 

respective item questions. The share of persons with a limited contract was related to the total of 

persons who stated that they had either a permanent contract or a temporary contract. 

 
10 The rather negative focus on adversity was chosen to identify regional problems that might be addressed 

through future policy measures. 
11 Due to the focus on less refined NACE categories, there may be some persons not doing tourism work 

included in our sample. Thus, we see it as a proxy for tourism workers on the basis of a lack of pan-European 

data at a finer level. 
12 The responsibility for all conclusions drawn from the data lies entirely with the authors. 
13 We looked at the region of the workplace to get a better picture of the working conditions within a region. 
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 Figure 6.1. Dimensions of the Tourism Labour Adversity Index. 

 

Calculations (see Table A 7 p.146) showed that the construct we calculated is to be seen as an 

index and not as a scale. The latter would call for a reliable intercorrelation among all indicators, 

while for the former, a high intercorrelation within dimensions, but a less pronounced 

intercorrelation between the dimensions is more favourable, as an index is intended to highlight 

various facets of an underlying construct (see Streiner, 2003). Nevertheless, there were some 

higher correlations between a dimension and one or two indicators of another dimension. 

However, among all indicators, Cronbach’s alpha was at best middling (α= .65), underscoring that 

the conceptualization of our composite as an index, rather than a scale, was valid. Our sample of 

the tourism sector made up 20.3% of all workers.14 In 2019, the region with the most tourism 

workers were the Canary Islands with 43.3% and the region with the least tourism workers was 

Region de Bruxelle-Capitale/Brussels Hoofdstedelijk Gewest with 13.7%. The region with the least 

female tourism workers were the Italian Islands with 36.7%, while Southern Austria had the most 

with 59.8%. The region with the lowest number of workers aged 15 to 24 was Macroregiunea patru 

(Sud-Vest Oltenia & Vest) with 5.2% and the one with the highest share was Denmark with 31.6%. 

 
14 All workers that could be put into a NACE category. 

Characteristics

• % of persons working in NACE [G (retail), I (hospitality), & R 

(culture & arts)] (TOURISMW; TOURISMW_f for female workers)

• % of persons aged 15 to 24 working in NACE (G, I, & R) 

(AGE15to24)

Contractual Insecurity

• % of limited contracts (TEMP)

• % of contracts limited to 6 months and below (TEMPDURa)

• % of contracts limited to 12 months or below (TEMPDURb)

Job Insecurity

• % of persons wishing to work more hours (WISHMORE)

• % of persons doing multiple jobs (EXIST2J)

• % of persons looking for another job (LOOKOJ)

Working Conditions

• % of persons doing shift work (SHIFTWK)

• % of persons doing night work (NIGHTWK)

• % of persons working on Saturdays (SATWK)

Change over time
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After extracting all the indicators for each dimension of the index15, we calculated the index 

following guidelines from the OECD (2008) Handbook on Constructing Composite Indicators. Missing 

data for NUTS 1 regions was not as much a problem as insufficient sample size. Thus, we decided 

to exclude Åland and all four NUTS 1 regions of the Netherlands from the analysis, making sure 

that our estimates are not based on data derived from insufficient sample sizes. Each indicator 

followed a scale theoretically ranging from 0% to 100%. Hence, we argue that normalization was 

not necessary. Data-driven weighting through the use of Principal Component Analysis (PCA) or 

exploratory factor analysis (EFA) is based on a high intercorrelation between all indicators – which 

would lead to a scale rather than an index. We also wanted to avoid the subjectivity of researcher- 

or expert-based weights. Thus, we decided not to weigh our data but to include the same number 

of indicators within each dimension of the index to avoid grave bias toward one dimension. For the 

aggregation of data, we chose the geometric mean method, aggregating indicator values for each 

region through the calculation of their respective geometric mean. We used the geometric mean 

because it is a more robust solution16, at least compared to the arithmetic mean. This is based on 

the fact that the geometric mean is always equal to or less than the arithmetic mean. Based on the 

emphasis on adversity, the index ranges from low adversity (theoretically 0%) to high adversity 

(theoretically 100%). After aggregation, we listed the countries according to their overall index 

score to see how they ranked.17 Table A 8 (p. 147) summarizes this ranking. Looking at the map 

presented in Figure 6.2, we can see that a selection of Central Eastern and Eastern European 

regions and some British regions18 ranks quite low on tourism labour adversity, while a selection 

of Southern European regions and all Swedish regions, as well as Finland, Slovenia, Makrorregion 

Wschodni, Makroregion Poludniowo-Zachodni, and part of Greece19 rank the highest. Nearly all 

of Italy, except Nord-Ovest, is also among the higher-ranking regions, as are Ireland, Croatia and 

parts of France and Poland. 

 

 

 

 

 

 

 
15 Each indicator consists of regional frequencies at the micro level. The frequencies were weighted. 

Whenever there were 0.00%, we used 0.01% instead. This allows for the calculation of the geometric mean 

and symbolizes that there are at least potentially some persons that may fall into the respective category. 
16 Especially for varying data ranges. 
17 For an in-depth view on the index components, table 3 in the appendix highlights all the indicators included 

in the index and the three additional characteristics shown in figure 1. 
18 North-West, East Midlands, and East of England. 
19 The Aegean islands (including Crete) and Central Greece. 
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Figure 6.2. Map of Tourist Labour Adversity at the regional NUTS 1 level.  

 

To put the index rankings in context, we contrasted the regional index scores with the share of 

tourism workers. A correlation between both proved relatively weak but significant (r= .279, p= 

.006). Figure 6.3 highlights the placement along each variable’s respective median. Here, we can see 

that the Mediterranean regions in Croatia, Greece, Spain, Portugal, and Italy are positioned in the 

quadrant in the top right corner, meaning that these regions have high tourism labour adversity but 

also a high share of tourism workers. This marks a distinct and important separation between the 

high-ranking Southern regions and other high-ranking regions (e.g., Swedish and Polish regions). 
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Figure 6.3. Placement of regions along the median of Labour Adversity and the median share of tourism workers.  

 

A further contrast between tourist labour adversity and the share of female tourism workers 

reveals that there is a relatively weak negative correlation (r= -.254, p= .013), meaning that the 

higher the share of female workers the lower the labour adversity. Figure 4 highlights the placement 

of regions along each variable’s respective median. Looking at Figure 6.4, we can see that Slovenia, 

Finland, and most Polish regions rank above the median in both the share of female tourism workers 

and tourism labour adversity – adding further information on qualitative differences between highly 

adverse regions. 
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Figure 6.4. Placement of regions along the median of Labour Adversity and the median share of female tourism 

workers. 

 

To better understand the low-adversity regions, we looked at the share of foreign-born tourism 

workers and found that all Hungarian, Bulgarian, and Romanian regions had a very low share of 

foreign-born tourism workers and very low labour adversity (see the lower left quadrant in Figure 

6.5). Conversely, the highly adverse Swedish, Spanish regions, and the Brussels area had a share of 

foreign-born tourism workers above the median – in the cases of the Canary Islands, the Brussels 

area, East Spain, Comunidad de Madrid, and East Sweden the share of foreign-born workers and 

labour adversity were well above the respective median. 
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Figure 6.5. Placement of regions along the median of Labour Adversity and the median share of foreign-born tourism 

workers. 

 

Additionally, we wanted to give the labour adversity index an ‘urban profile’. Unfortunately, we had 

to use population density as a proxy for urban regions due to the little refined NUTS 1 regions.20 

We looked at regions with a population density above 500 inhabitants per km2. The regions were 

the Brussels area, Berlin, Bremen, Hamburg, North Rhine-Westphalia21, Comunidad de Madrid, Île 

de France, the Athens area, and the London area. Figure 6.6 shows the regional labour adversity 

compared to the overall median. One can see that three regions had above-average labour adversity 

in 2019, among which the values of the Brussels area and the Madrid area were more pronounced.  

 

 
20 The estimates are based on Eurostat data (https://ec.europa.eu/eurostat/databrowser/bookmark/c8edfa97-

ec71-4564-b7e8-b388317019d8?lang=en & https://ec.europa.eu/eurostat/databrowser/bookmark/b3a8756f-

2e5c-4b69-8e0d-95b79b2f16c3?lang=en ). For the UK, we had to use 2016 area data due to missing data for 

2019. For Northern Ireland population data, we used data from the Northern Ireland Statistics and Research 

Agency (https://www.nisra.gov.uk/sites/nisra.gov.uk/files/publications/MYE19-Bulletin.pdf).  

21 As for North Rhine-Westphalia, the quantity of mid-range cities – like Cologne, Düsseldorf, Dortmund, or 

Essen – creates the relatively high density. 

https://ec.europa.eu/eurostat/databrowser/bookmark/c8edfa97-ec71-4564-b7e8-b388317019d8?lang=en
https://ec.europa.eu/eurostat/databrowser/bookmark/c8edfa97-ec71-4564-b7e8-b388317019d8?lang=en
https://ec.europa.eu/eurostat/databrowser/bookmark/b3a8756f-2e5c-4b69-8e0d-95b79b2f16c3?lang=en
https://ec.europa.eu/eurostat/databrowser/bookmark/b3a8756f-2e5c-4b69-8e0d-95b79b2f16c3?lang=en
https://www.nisra.gov.uk/sites/nisra.gov.uk/files/publications/MYE19-Bulletin.pdf
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Figure 6.6. Urban Profiles: Regions with more than 500 inhabitants per km2 and their tourism labour adversity 

compared to the overall median. 

 

Lastly, we contrasted our tourism labour adversity index with overnight stays per capita (as a proxy 

for tourism pressure) in 2019. To do so, we used Eurostat data for overnight stays and data for 

population numbers (EUROSTAT, 2021a, 2021b). We also drew from national statistical sources 

to include regions with missing data (Hellenic Statistical Authority, 2021; Innovasjon Norge, 2020; 

Institut national de la statistique et des études économiques, 2021a, 2021b, 2021c, 2021d; Office 

for National Statistics [UK], 2020; Swiss Tourism Federation [STF], 2020).22 The highest number 

of overnight stays per capita was observed in Nisi Aigaiou, Kriti, with 47.5 overnight stays per 

capita, followed by the Canary Islands with 38.0. When correlating tourism pressure with tourism 

labour adversity, we get a medium positive correlation (r= .35; p= .001). However, this is partially 

due to five outliers – Western Austria, Croatia, Madeira, the Canary Islands, and Nisi Aigaiou, Kriti 

(see Figure 6.7). Thus, the weaker Spearman correlation coefficient is likely to be more telling (ρ= 

.25; p= .016).  

 
22 Some regions had partially unavailable data. French oversea territories had no data for Mayotte, Nord-Pas-

de-Calais-Picardie had no available data for Picardie, the British West Midlands had missing data for 

Worchestershire, while Isle of Scilly was missing in the British Southwest. Population numbers for these 

regions were adjusted accordingly.  
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Figure 6.7. Placement of NUTS 1 regions along the median tourism labour adversity and the median overnight stays 

per capita.23 

 

Figure 6.8 shows the placement of regions without the five outliers. We can observe that especially 

the Romanian regions are characterised by very low tourism intensity and low tourism labour 

adversity. The Portuguese regions resemble the polar opposite, with high tourism intensity and 

high labour adversity in 2019.  

Figure 6.8: Placement of NUTS 1 regions along the median touristic labour adversity and the median overnight stays per capita 

sans extreme outliers. 

 

 

 
23 This relatively bad figure shall primarily highlight the position of the five extreme outliers. 



113 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

As far as the change of tourism labour adversity over time was concerned, the highest positive 

change rate from 2008 to 2019 was observed on the Azores at +670.0% [tourism labour adversity 

(2008): 1.78%], followed by Madeira at +418.0% [tourism labour adversity (2008): 2.78%], implying 

that labour adversity has drastically risen. However, given that other regions had a much lower 

change rate, we advise the readers to interpret these results with caution. The third-highest 

positive change rate was observed in Ireland at +46.05% [tourism labour adversity (2008): 7.91%]. 

The highest drops in labour adversity from 2008 to 2019 were observed in Közép-Magyarország at 

-43.44%, Dunántúl at -32.01%, and Norway at -27.71% [tourism labour adversity (2008): 5.01%, 

6.04%, and 9.63%, respectively]. A geographical profile of the temporal dynamics is shown in Figure 

6.9. 

Figure 6.9: Change Rates (in %) for Tourism Labour Adversity From 2008-2019). Missing: Madeira, Azores 

 

 

6.2 Conclusion 

Drawing on the literature around working conditions, labour market regimes and tourism labour, 

we set out to create a measure of tourism labour adversity. Firstly, we defined a comparative proxy 

for tourism workers based on three general NACE categories (hospitality, retail, and culture/arts). 

We observed that the Canary Islands had by far the highest share of tourism workers, followed by 

the Aegean Islands and Crete. Generally, Mediterranean regions had the most tourism workers, 
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implying that our proxy validly represents tourism work. Secondly, we offered a conceptualisation 

of tourism labour adversity through three key dimensions – contractual insecurity, job insecurity, 

and working conditions. Then, we calculated an index based on three indicators corresponding to 

each dimension, making up an index consisting of nine total indicators. We observed a geographical 

divide between lowly adverse Central-Eastern European regions, on the one hand, and highly 

adverse Southern and Northern European regions, on the other hand. However, the most adverse 

regions can be further subdivided by their share of tourism workers. Here, we can see that there 

is a division between Southern European regions with an above-average share of tourism workers 

and Northern European regions with a below-average share of tourism workers. An additional 

observation was that Eastern European regions with very low tourism labour adversity also had a 

very low share of foreign-born tourism workers (all Romanian, Hungarian, and Bulgarian regions). 

As far as the situation in more urban regions is concerned, we found that three urban regions – 

with a population density above 500 inhabitants per km2 – had a tourism labour adversity above 

the median. While Bremen barely surpassed the median threshold, tourism labour adversity in the 

Brussels and Madrid area was well above the median. Lastly, we wanted to analyse the connection 

between tourism pressure (i.e., overnight stays per capita) and our measure. The results show that 

there are five extreme cases of tourism pressure of which four had above-median labour adversity 

in 2019. These were Croatia, Madeira, the Canary Islands, as well as the Aegean Islands and Crete. 

The highest positive change (decrease in labour adversity) from 2008 was observed for Közép-

Magyarország and Dunántúl, while Madeira, the Azores, and Ireland changed for the worse. Though, 

the magnitude of change for the former two must be critically investigated further in future 

research. 

In this contribution, we focused our attention on the quality of formal labour, rather than on how 

well it pays. Thus, income and informal labour were not included in our analysis. This can be seen 

as a limitation; however, we shall address this omission in future research – for example, by 

assessing if our index is sensitive to the inclusion of income and the amount of informal labour 

within the tourism sector. One initial resource for this future effort is a report on undeclared work 

within the tourism sector, written by Williams & Horodnic (2020). We may also tackle the role of 

the welfare state and how it might reduce or amplify the problems within the tourism sector.  
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PART IV: TOURISM AND INEQUALITIES 
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7 Tourism intensification as a driver of income inequality in urban 

settings 

Author: Riccardo Valente (University Rovira i Virgili) 

 

7.1 Introduction 

The analysis below addresses a two-fold objective: first, exploring causal relations between tourism 

pressure and inequality in hosting communities and, second, providing a first estimation of the 

impact of tourism on urban areas across Europe, thus establishing the grounds for a smooth 

transition between WP2 (cf. Global drivers. Analysis of tourism and associated mobilities as drivers of 

social exclusion and their spatial articulation) and the research at the case study level in WP3 (cf. 

Local effects. Case study-based research on the production of urban inequalities). As such, as opposed 

to preceding analyses in this report, the focus is on cities located within each corresponding NUTS1 

or NUTS2 regions, which are defined, according to Eurostat’s classification (2019), as highly 

densified urban areas (at least 1,500 inhabitants per squared kilometre) with a resident population 

of 50,000 or above.  

Based on the previous literature, we anticipated a direct relation between tourism intensification 

– defined here as the combined pressure of Airbnb and traditional tourism – and the mean income. 

In fact, one of the most appealing arguments in favour of tourism development refers to economic 

benefits it would generate, and overall, if one look at the GDP growth, it is difficult to deny that 

tourism has a positive impact on economy (Kostakis & Theodoropoulou, 2017; Proença & 

Soukiazis, 2008; Roe & Urquhart, 2001).  

However, a consistent branch of the literature in social sciences and tourism studies has also 

become growingly concerned about the social costs (or the uneven benefits) of tourism. One of 

the negative outcomes that has recently received attention both by scholars and public authorities 

is overtourism (Cheer et al., 2019; Koens et al., 2018; Peeters et al, 2018), conceived as the 

unsustainable pressure on local communities and the impoverishment of the quality of life due to 

the uncontrolled arrivals of visitors. As for the present analysis, the focus was on another negative 

facet associated with the “landing” of tourism: the increase of rent prices. Authors such as Cocola-

Gant (2019), or Wachsmuth and Weisler (2018) have shown how tourism, and in particular the 

Airbnb-drive one, is a gentrification is disguise, that is forcing vulnerable residents to move out due 

to the unaffordability of rent. 

What is less explored in the literature, especially from a cross-national perspective, are the 

mechanism through which tourism can create a gap between “winners” and “losers” among the 

residents of host communities. The novelty of the proposed analysis lies precisely in its attempt to 

estimate a model that combines both positive and negative outcomes derived from tourism 

intensification. As detailed below, the gap we focus on is measured in terms of income dispersion 

over time (or income variance). 

7.2 Method and measures 

The statistical processing draws on a subset of data from Project Dataset 1 presented in the 

methodological section of this report, and covers the period between 2013 and 2018, except for 



119 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

the Airbnb variable, which data are available only for the period 2017-2019. Using the software 

package Mplus version 8.2, a Bayesian path analysis model (Muthén & Asparouhov, 2012) was 

estimated with a sample of 105 NUTS regions, including the following six variables: 

• Airbnb intensification: expressing the percentage difference between the rates of overnight 

stays at Airbnb’s accommodations per 100,000 inhabitants in 2017 and 2019. As a result, it 

provides the growth rates of travelers’ stays in a 2-year time span.  

• Tourism intensification: the same as above but considering the accommodations comprised 

in the Eurostat’s categorization of “hotels, holiday and other short-stay accommodation, 

camping grounds, recreational vehicle parks and trailer parks” over the period 2013-2018. 

• Gentrification: a proxy measure of gentrification was included as well, identifying the 

percentage difference of the income of newcomers (i.e., residents arrived in the last 5 years) 

versus the one of long-term residents (i.e., with a length of residence above 5 years). Indeed, 

using a single variable to operationalize a complex phenomenon such as the gentrification has 

its limitations, but the arrival of people with higher incomes replacing former residents is 

nevertheless one of its key facets according to the literature (Glass, 1964; Smith, 1996). 

• Rental prices: based on the average monthly rent in 2013 and 2018, this variable identifies the 

percentage increase or decrease during the 5 years considered.  

• Mean income: that is, the trend of the mean income between 2013 and 2018, expressed in 

percentage points. 

• Variance of income: which is a measure of the dispersion of the income distribution around 

the mean. This variable is the result of the percentage difference between 2013 and 2018 of 

the variances of the income, with increasing values indicating greater dispersion (i.e., household 

incomes are increasingly “distant” from the mean and from each other). 

Markov chain Monte Carlo (MCMC) algorithms was used to estimate the model.  

7.3 Results 

Figure 7.1 allows for a graphical visualization of the proposed model, with variables symbolized as 

boxes and the single-headed arrows identifying linear regressions between variables. The values 

within the figure refer to the standardized estimates of the parameters (i.e., the strength of the 

relation between the variables), with standard errors in parentheses. Statistically significant 

relations are market with asterisks, namely: ***(p<.001), **(p<.01) and *(p<.05).  
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Figure 7.1: Model visualization  

 

The model was estimated by a full information maximum likelihood method, thus leading to a total 

sample of 105 NUTS regions. It showed satisfactory fit to the data, with a Posterior Predictive p-

value equal to .750, a probability of 75 percent that the Root Mean Square Error of Approximation 

(RMSEA) is less than or equal to .05, and the Comparative Fit Index (CFI) and Tucker Lewis index 

(TLI) both above the cut-off value of .95.  

Looking at the parameter estimates, the output of the model highlights the significant and positive 

impact of Airbnb intensification (2017-2019) on the two variables referring to trends of the mean 

income and rental prices, respectively. This means that Airbnb benefited host communities in terms 

of the mean income over the period considered (β=.238; p<.05) but, simultaneously, that it has 

supposed a significant rise in rental prices (β=.276; p<.01). Interestingly, the Airbnb variables is also 

positively associated with the proposed proxy measure of gentrification (β=.160; p<.05), suggesting 

that the intensification of short-term rentals and the increased presence of visitors may intersect 

with other drivers of socio-economic and demographic change. In this regard, this finding aligns 

with the conclusion of Cocola-Gant (2019) and his interpretation of tourism as a sub-type of 

gentrification, while it also provides some indications about a direct effect of the latter on the 

former. Conversely, the proportional contribution of traditional tourism within the model is rather 

modest, yet its intensification has led to a corresponding increase of the mean income (β=.150; 

p<.05), as well, but in this case without engendering side effects in terms of rising rental costs.  

As for the direct relations on the right side of the model, results indicate that changes in rental 

costs directly affected the mean income. Specifically, the model shows that when rent increases, 

the mean income also does (β=.258; p<.01). At the same time, if the mean income went up between 

2013 and 2018, the host communities recorded a corresponding widening of the income dispersion 

(β=.296; p<.001), thus pointing to increased economic polarization.  



121 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

However, what is even more remarkable for the purposes of this analysis, is that rental prices and 

the mean income both act as significant mediating variables within the model. In fact, on the one 

hand, a significant and positive relation was found between the Airbnb intensification and the mean 

income, mediated by rental prices (βind=.063; p<.05), indicating that income is likely to increase in 

urban areas with high intensity tourism because of the rise of rental costs. On the other hand, the 

Airbnb variable also indirectly predicts higher levels of the variance of the income for the period 

2013-2018 (βind=.060; p<.05), which suggests that when/where the mean income increased as a 

result of the intensification of Airbnb, it did to the expense of a greater dispersion of the income. 

Figure 7.2 shows the areas across Europe that fall inside (dark grey) or outside (light grey) this path 

linking Airbnb intensification and an increased variance of the income.  

Figure 7.2: Regions where Airbnb intensification (2017-2019) corresponded to higher variance of the income (2013-

2018) 
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7.4 Discussion 

These findings point to the uneven impact of tourism (especially the Airbnb-driven one) on urban 

communities. In particular, the results reveal that tourism spread may indeed benefit in terms of a 

higher mean income but, arguably, only for those who can rent out an accommodation, and thus 

obtaining an economic benefit. Otherwise, tourism intensification seems to foster a process by 

which the most vulnerable residents (e.g., those who cannot or have difficulties to afford rising 

rental costs) are left behind and, most likely, this could increase the gap with residents who rely 

on more economic resources. In this regard, housing tenure and its role in tourism-induced social 

polarization clearly deserves a closer look during the subsequent phase of case-study research. 

As for the limitations that affect the analysis, we should acknowledge the temporal mismatch 

between the Airbnb variable (2017-2019) and the rest of the variables (2013-2018). Larger 

temporal series for Airbnb accommodations were not available, also due to the history of this 

short-term platform, which was first launched in 2008, but has only consolidated as a mass 

phenomenon more recently in Europe. On the other hand, using the degree of urbanization as a 

criterion for selection does not allow for differentiation between cities, but rather it encompasses 

all the cities located in each NUTS region. Third, despite the fact that addressing densely populated 

areas permitted to narrow down our analytical focus and reach a geographic scale that is closer to 

citizens’ daily life compared to the regional scale, a reasonable expectation can be derived from the 

literature that the impact of tourism becomes manifest at even smaller scales (neighbourhood or 

lower). 

Despite the need for further developments in WP3, involving a mixed-method design, one of the 

preliminary conclusions that can be extracted is that four of the cities in our case studies (i.e., 

Barcelona, Edinburgh, Turin, and Venice) are located in dark grey coloured NUTS regions in Figure 

7.2 above. Or, in other words, the hypothesis can be made that these cities have experienced a 

deepening of income inequality over the recent past due to the massive pressure derived from the 

inflow of travellers hosted in Airbnb accommodations. Unfortunately, data for the other four cities 

where data collection in WP3 will be carried out (e.g., Lisbon, Amsterdam, Ljubljana, and Jerusalem) 

are incomplete, and therefore they are missing in the map. However, an indication that this same 

path might be consistent in these cities as well, comes from the comparison between Figure 7.2 

and Figure 2.2. In fact, a broader trend seems to arise, indicating a spatial overlap between regions 

labelled as “tourism stars” and “steady growers”, on the one hand, and the NUTS regions that 

more exposed to the risk of increased income dispersion, on the other. 
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CONCLUSIONS 

This report and the material included therein provide a broad analysis of the territorial association 

of tourism mobilities with phenomena hinting at processes of social exclusion. It thus mainly 

responds to one of the specific research objectives set out by the SMARTDEST project, namely 

SO1 “To identify and track the emerging global drivers and dynamics related to the increased 

mobility of people, capital and knowledge which are most likely to feed new mechanisms of social 

exclusion throughout urban Europe, their structure of agency and spatial effects in relation to 

different classes of cities and regions”.  

It tackles these issues at the pan-EU scale of analysis using the regional geography of Europe, 

conveniently organised at a mixture of NUTS1 and NUTS2 regions, to maximise the capacity to 

elaborate on existing data sources, but also including in some of its development a special focus on 

intensively urbanised areas (DEGURBA class 1). Our analyses have been focusing on various 

domains in which tourism and related mobilities are assumed to produced transformative effects 

of place and communities locally. These results establishing the grounds for a smooth transition 

between the research scope of WorkPackage 2 (Global drivers. Analysis of tourism and associated 

mobilities as drivers of social exclusion and their spatial articulation) and the research at the case 

study level in WorkPackage3 (Local effects. Case study-based research on the production of urban 

inequalities).  

The report departs from the exploration of meaningful regional typologies in Part I, to provide 

a suitable canvas to scrutinise the uneven effects and enmeshments of tourism and the related 

mobilities on social exclusion. From a methodological point of view, Chapter 1 provides a review 

of classifications on social exclusionary effects and tourism’ dynamics. To reduce the complexity of 

the social dimension, the authors focus on labour market-related typologies. The objective of the 

task was to find leads towards a classification that accounts for the tourism as well as a social 

(exclusion) dimension and simultaneously recognizes regional/urban variations. All review 

classifications were highly heterogeneous, particularly when selecting indicators. The more targeted 

a typology, the weaker was its geographical sensitivity. This is due to the genuine lack and limitation 

of data narrowing the scope of interregional comparative research. Moreover, a crucial aspect in 

constructing and interpreting classifications was the contextual view, which adds analytical dept and 

allows to grasp the reach of a typology. The scoping review shows that it is crucial for this research 

to use a solid theoretical basis that integrates aspects of social exclusion and tourism. 

With these premises in mind, Chapter 2 develops a mobilities-based regional typology and then 

sets on to examine how specific patterns of growth and intensification of tourism are reflected in 

social indicators in specific domains. The typology is based on a k-means cluster analysis aiming at 

regrouping classes of regions with similar dimensions and evolutions of tourism and related 

mobilities, from an exhaustive list of indicators having to do with tourism intensity and pressures 

in urbanised areas and other regional types as well as migration rates. Four regional classes were 

identified – Low Intensity regions, Steady Growers, Fast Internationalisation regions and Tourism 

Stars – which perform differently in the combination of indicators utilised for their characterisation. 

We then proceeded to test the hypothesis that these clusters perform differently in terms of the 

means values of a long list of indicators of social inclusion, regrouped in headings such as health, 

housing, poverty and deprivation, labour, and a few other derived indicators cutting across these 

domains.  
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The key take-out of this analysis is that the pace of development seems to have a more critical 

impact on social inclusion that the sheer dimension or even intensity of tourism and other related 

migrations. ‘Fast Internationalisation’ regions, a small group of 4 late comers in the European 

tourism maps, perform consistently awkwardly in terms of social indicators of different types, 

ranging from access to housing (for women and non-European foreigners in particular), to 

household overcrowding (for the over-65 population, risk of poverty and deprivation with a 

particular bearing for female-fronted households, atypical work profiles and low levels of 

employment security. 

As a counterpart, ‘Low Intensity’ regions (a large group of 92 regions in the European core and 

stretching to the periphery from the Iberian peninsula to the eastern and northern edges of the 

EU territory) derive much lesser benefits from tourism and other inward flows of migration, but 

they also show very little of the hindrances through which tourism growth may sustain pathways 

of social inequality and exclusion.  

The other categories could be defined as ‘intermediate’ – they have the profile of regions where 

some of the most critical aspects of the mobilities-exclusion nexus have been creeping up, especially 

in situations of extreme intensification of tourism activity, but at the same time the benefits derived 

from a longer (and arguably more spatially dispersed) trajectory of growth have been accompanied 

by a certain stabilisation of social structures. Thus, namely, ‘Steady Growers’ are 53 regions mostly 

coastal and including large cities or their periurban regions – that have not reached a stage of 

development in which tourism pressure could be considered excessive especially in relation to 

housing affordability, and they have some the best profile in terms of salaries paid. Yet the trends 

indicate that they may resent from an increasing specialisation in tourism which makes them 

particularly vulnerable to systemic crises like the one that we are currently living with COVID-19. 

On the other hand, ‘Tourism Stars’ are 15 regions (mostly in the Mediterranean and in the largest 

European capital conurbations) where the intensification of tourism and their strong degree of 

specialisation in tourism are challenging social inclusion, for instance nuancing a high level of social 

polarisation, generally unfavourable conditions of poverty and deprivation, and adverse work 

conditions mainly in overcongested urban areas. 

These insights confirm that at this level of the analysis, besides the expected result that tourism 

development produces regional wealth (and, as advanced by the reference literature, it may bring 

about territorial cohesion through a reduction of regional gaps), the issue of social cohesion is at 

stake. In fact, it was shown in these analytical explorations that different patterns of tourist 

attractiveness and paces of development are not always associated with high scores of social 

indicators, and may actually stand in a negative relation with trends of social inclusion, hinting at 

tourism and mobilities more in general as redistributive agencies that operate through the effect 

they have on place and its different spatial and socioeconomic constructs.  

The hypothesis made out of SMARTDEST’s conceptual approach presented in Deliverable 2.1 is 

mostly confirmed: the growth and intensification of tourism and related mobilities does become 

associated with indicators related to social inclusion in some cases taking adverse values, especially 

in relation to subgroups of resident communities (the elderly, the less skilled, the immigrants from 

outside of Europe, and in some cases women or female-fronted households). These association 

may hint at causal relations – which are in part confirmed by econometric models presented in this 

report, taking into account a number of contextual and mediating factors. In some other cases, the 

results from econometric models contradict these initial insights from mere correlation analyses, 
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for instance in relation to poverty outcomes for the over-65 population or for female-fronted 

households and extra-EU foreigners; thus, causal relations will need to be scrutinised in further 

through case-study work. Nevertheless, even at this certainly ‘imprecise’ regional scale, we find 

evidence that the wide assemblage of tourism mobilities in places involves a negotiation and a 

restructuring of places which might end up ‘resituating’ sectors of local communities – the ‘slower’, 

less resourceful (economically, physically and cognitively), and thus less capable to adapt to such 

transformations. This happens in many domains explored in this report, and we focus in the 

following on the most significant ones. 

 

Inequality, housing exclusion and population change 

Starting the discussion of the results presented in this report from the critical analysis of ‘residence’ 

and residential change gives us the opportunity to develop a more nuanced approach to the 

interpretation of the other outputs. A growing literature on tourist-driven gentrification informs 

on how tourism pressure in general, and specifically the conversion of a sensible amount of the 

housing stock into short-term rentals especially in urban areas, has subtracted from residential 

options for ’stable’ residents and pushed up rents and housing prices (e.g. García-López et al., 2020; 

Cocola-Gant & Gago, 2019; Wachsmuth & Weisler, 2018; Gurran & Phibbs, 2017). Contemporary 

forms of tourism dwelling involve an increasing interest for everyday spaces (home, commerce, 

socialisation spaces) which are reshaped towards the use and practice patterns of mobile 

communities. In this light, besides the issues involved by sheer increase of tourism flows in the face 

of the destination’s physical and social carrying capacities, an intensification of such mobile practices 

could be an accelerator of gentrification trends. The effects for incumbent populations involve 

residential segregation along class and other material dimensions (to be explored further at case 

study level), with the additional problematic component of leading to place transformations that 

do not always correspond to ‘enhancement’ of place. In traditional gentrification studies, processes 

of physical and economic area regeneration lead to the attraction of wealthier strata of residents 

and at the expulsion of the most vulnerable ones; tourism-driven or ‘fifth wave’ gentrification 

(Lopez-Gay et al., 2021; Yrigoy, 2019) instead induces substitution of stable resident population 

with short-term dwellers. This is a point that harks back at key issues of place resilience and 

democracy (Salerno and Russo, 2021), to be explored further in next stage of the project.  

From this perspective, tourist regions with the highest concentration of accommodation supply 

(the key ‘infrastructure of anchoring’ or mooring of tourism mobilities in places), or those places 

where this supply has become more concentrated in the last years, register some indication of 

‘residential instability’ – the likeliness that residents have to abandon their homes and move 

somewhere else.  

Indeed, the results presented in Part IV of this report (Chapter 7) point to rental prices as a variable 

that mediates the relation between the intensification of tourism in densely populated urban areas, 

on the one hand, and the income levels at the destination, on the other. Specifically, the increase 

of rental prices is shown to benefit the host community in terms of the mean income, but at the 

same time it is fostering a process of unequal distribution of wealth by widening the gap between 

top and bottom incomes. Additionally, this analysis retraces a significant and direct effect of the 

spread of short-term rentals on one of the processes linked to gentrification, that is, the arrival of 

more affluent residents replacing less affluent long-term residents. Therefore, considering these 

two trends together (i.e., the increase of rental prices and the population turnover), it is reasonable 
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to assume that the undergoing process of polarization is the result of a dual impact of tourism in 

our cities, that is enriching homeowners that can rent out their property and attracting new affluent 

residents, while penalizing those who have been living for a longer time in these communities and 

that cannot afford anymore to pay an increased rent. The case study research in WP3 will offer 

the opportunity to test this hypothesis more explicitly, and from a comparative perspective. 

This phenomenon hints at various questions that have to be taken in consideration for further 

scrutiny: it may sustain the assumption that tourism development expels population from 

destination areas, even though it may also work in the sense of attracting other mobile populations. 

Thus, the residential structure of tourism-intense regions is generally more dynamic and this gets 

in the way of establishing cross-sectional analysis of the change of living conditions of the resident 

population: the picture of socioeconomic and demographic in a geographical unit trends at time x 

could be quite different from the picture at time x-1, shadowing undercurrents of population change 

and especially the situation of the expelled, which suggests the need to work with historical panel 

data to reconstruct a more significant interpretation of the process of exclusion (which will be 

done to some extent at case study level). Secondly, before expulsion and population change follows, 

the restructuring of place values and the housing market in particular under the pressure of tourism 

mobilities hints at a greater polarisation, which, in itself, is a dimension of social exclusion. We can 

propose at least one stratification factor – housing tenancy – which works in this direction. While, 

increasingly, owners can derive a rent from offering property in the short-term rental market (the 

more so when they own multiple properties), tenants may be outcompeted by mobile dwellers 

who can pay higher rents in a market characterised by higher capacities to pay. This relation is 

mediated (and possibly boosted or mitigated) by a great variety of other factors, such as residential 

culture and ownership behaviour, regimes of capital accumulation, national and local regulations 

and tenancy laws, or the geography of commuting. However, the general effect does hint at a 

greater burden for those who resort to renting homes out of unattainability of purchase, which 

involves increasing strata of the European population, especially in urban areas and most remarkably 

in the wake of the financial crisis that shook Europe – unevenly – in the last decade.  

 

Poverty and deprivation 

Partially related with the above, the polarization of wealth which seems to be a short-term effect 

of the uneven way in which tourism mobilities ‘anchor’ to places, moulding them, has specific 

material and economic dimensions. This might mean that a substantial part of the workers in the 

tourism industries (replicating categories of vulnerability analysed before) is pushed at the ‘margin’, 

and among other things, obliged to long commuting times. Yet material deprivation plays out in 

many other ways in a context of negotiation of space and resources with other ‘mobile’ collectives. 

These include the deterioration of living conditions, like being stuck in overcrowded dwellings, 

possibly lacking basic services which are fundamental for social connection and welfare. Beyond 

these factors that are related to home spaces, the increased ‘contested’ nature of the 

neighbourhood as a space of social reproduction has to be counted in: becoming insecure, 

unfamiliar, emptied out of services, or excessively crowded and thus hardly accessible when 

intensively ‘tourismified’ (López Gay et al., 2020; Pinkster & Boterman, 2017).  

Some of these dimensions have been measured in Part II of this report, and hint at conditions of 

poverty and deprivation becoming on average more acute in places that have experienced rapid 

tourism growth in the last decade (as proposed in Chapter 2) and affecting specific strata of the 
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population more than others. Reconnecting with the conceptual approach of SMARTDEST, 

tourism and the related mobilities transform the physical and socioeconomic fabric of destination 

regions, resituating sectors of the incumbent local communities towards living conditions which 

could be exclusionary, as the loss of comforts and access at home and its surrounding. Not only 

economic disadvantage persists in the tourist place in spite of the benefits generated by a more 

‘mobile’ economy – but not trickling down to the more needful strata of the population as tourism 

development discourses promise (something that has to be further examined in relation to 

employment). As the literature suggests (e.g. Cresswell & Uteng, 2008; Manderschied, 2009; Jensen, 

2011), it can be even aggravated when the material negotiations for place and the transformative 

agency of mobilities – the redesigning of the city for the mobile class – are brought into the picture, 

affecting those strata of the population who are more likely to lose access to their everyday life-

support systems as a consequence: the less mobile and physically prow, the less adaptive, the most 

dependent on the waning network of support represented by the proximity and solidarity of peers 

and relatives.  

Thus, in Chapter 3 it emerges that tourism development does not necessarily have a beneficial 

effect of reducing material poverty. Specifically, the share of working-age adults that live in material 

deprivation does not diminish when tourism levels grow – and this might be related to the 

enmeshment of labour conditions with gentrification processes and associated rising costs of living, 

that might represent a burden for some working-age adults, as proposed in Chapter 5. In addition, 

while tourism seem to contribute to reduction of material poverty in regions that are traditionally 

touristic, this is not the case in those regions that have seen an intense and sharp rise of tourism 

in the past decade (the Growth Regions). This apparently counterintuitive finding seems to highlight 

that issues of overtourism might be hindered by the unsustainable speed of tourism growth, rather 

than by tourism levels per se. In addition, the findings seem to point at a non-linear relationship 

between tourism growth and social indicators, in which social conditions might flourish with 

tourism development but only up to a certain point – hence following an inverse U-shaped 

relationship. 

Besides, the analysis included in Chapter 4 suggests that in tourist regions where there is a greater 

extent of deployment an uptake of ‘smart’ systems, social inequality tends to be lower. While this 

analysis offers no hints of causal effects, this result is in partial contradiction with one of the 

conceptual entry points of the project – that ‘smartened up’ destinations may involve an even 

greater capacity of negotiation of mobile communities in their contest over space. The evidence 

offered in this piece instead might suggest that ‘smartness, to the extent that it provides equal 

access to local households, might function as a mitigating factor allowing resident communities to 

better reap the benefits produced by a buoyant visitor economy. This possible interpretation 

should then be tested at case study level.  

We want to stress here that situations of social polarization could be read as the antechamber of 

a new ‘exclusionary’ dynamics: the weakest sectors of the population tend to eventually be expelled 

from tourism-intensive areas (even when they can maintain employment there) and thus in part 

disappear from the picture of the scrutinized population. A deeper investigation of trajectories of 

exclusion has to use longitudinal data of individual households and this is something that will be 

done at the level of case study in WP3 (at least in a subgroup of case study cities). 

Sociodemographic change as a result of tourism development only to some extent reveals the 

picture of a changing constituency (see Chapters 3 and 7). While the examinations of poverty 

looked at aggregate regional averages, thus potentially losing track of the ‘expelled’, in the way of 
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understanding ‘resident populations’ as a dynamic entity, the model of income polarization in 

Chapter 7 uses as a mediating variable a gentrification index which measures the percentage 

difference of the income of newcomers (arrived in the last 5 years) versus the one of long-term 

residents (with a length of residence above 5 years); notwithstanding, many other dimensions of 

social change (for instance nationality, gender, age, etc.) should be brought into the picture. This 

brings us to also question the results of displacement: are the expelled recovering their living 

standards when they move out of the most intensively tourismified areas? Again, a question to be 

examined in some depth and hearing the voices from the field at case study level, but intuitively 

there are factors paying against this hypothesis: first of all, some individuals may not be able to 

move at all or prefer to remain closer to the work, which means they will bear a higher degree of 

deprivation in material living conditions – if they can afford it (Hughes & Lupton, 2021). Secondly, 

displacement and the related disruption of social ties is never harmless, especially for strata of the 

population that are more dependent on their families, neighbours and friends, schoolmates, etc. 

(Fainstein, 2015). Finally, displacement may bring new opportunities in places that are pacified from 

the most intense pressures of tourism mobilities, but also involves a loss from access to the typical 

amenities that a tourist place offers to its residents, like cultural dynamism, diversity, opportunities 

for social and cultural emancipation (Biagi et al., 2020). The extent to which these positive and 

negative aspects balance out for specific collectives, has to be given further scrutiny.  

 

Employment conditions  

As for the third pillar of this examination of tourism as an exclusionary forcefield, we have focused 

in this report on labour. Part III is introduced by a methodological piece that examines the pitfall 

of analysing the situation of workers through data sources which are non-homogeneous and non-

comprehensive to say the least, due to the wide array of national classifications and systems of data 

collection that feed European statistical systems like the Labour Force survey. These systems hardly 

allow to bring fully into the picture the conditions of, to name a few classes of workers that our 

project intends to tackle, workers in the ‘gig’ or platform economy, whose contractual status is 

often informal. Similar concerns apply for undocumented and irregular workers, who are known 

to select locations where there are higher chances to intercept the ‘floating’ demand of mobile 

consumers as tourists. Given the extent to which the changes in mobilities, lifestyles, and travel 

cultures have accompanied – if not fostered (as in the case of ‘networked hospitality’ work) – the 

emergence of these irregular, largely casualised and invisibilised labour profiles, it is today quite 

hard to offer a comprehensive picture of ‘disfavoured’ employment associated to tourismification.  

This is a caveat informing about the necessity to bring about changes regarding the measurement 

of a phenomenon that mostly slips under the fingers of policy institutions – which SMARTDEST is 

keen to bring to the attention of policy stakeholders. Besides, this aspect will be taken into account 

at the level of case studied in this project, in which we expect to use alternative sources to measure 

and assess labour relations in the visitor economy and at its edges.  

A last critical issue discussed by this piece is the awkwardness of delimiting work in the tourist 

sector through an albeit sophisticated NACE-based classification. As was widely argued in 

Deliverable 2.1 (Bornioli, Russo & Valente, 2020), tourism and mobilities are to be understood as 

key dimensions of the nature of places and a constituting forcefield of construction and 

transformation of space, that merely as a sector of economic activity. Economic interrelations 

between tourism and other sectors (such as those offered by input/output analysis or even tourism 
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satellite systems) hardly offer the full picture of ‘what is tourism’ and what is not – and relatedly, 

of what dimension of employment is directly or indirectly related to tourism mobilities. We could 

use many examples of the extreme liquidity of the tourism dimension in urban areas, or of the 

porosity of urban landscapes to the agency of tourism. For instance, a restaurant is part of the 

tourism industry if the majority of its clients are tourists (which generally happens in tourism-

intensive areas), if it offers certain kinds of food, if it belongs to internationally recognisable 

franchises; however statistical classifications oblige us to include all HORECA workers (or not) in 

our indicators. ‘Homes’ are today part of the tourism industry if they are rented on the short-term 

market, and owners should be considered hospitality entrepreneurs (which does not usually 

happen), but what about the periods in which homes are not rented and are used exclusively by 

the owners? These methodological conundrums are just a part of the extreme complexity which 

is faced when wanting to ‘measure’ tourism activity and analyse its main redistributive facets. 

However, they also suggest that we should rather be preoccupied with understanding at a deeper 

level and giving them ‘voice’ in research, the situation of citizens and workers in tourist-intensive 

contexts and its enmeshments with housing, poverty and other dimensions of exclusion which are 

evoked in this document (which again we will tackle at case study level).  

Nevertheless, Chapter 6 did use the available data mostly from the LFS to develop a typology of 

regions characterised by ‘tourism labour adversity’ and matching it against several characteristics 

of the workforce as well as measure of tourist intensity. This effort is instrumental to a more 

nuanced interpretation of how the transformative agency of tourism, mediated by employment 

relations that are generated in and around tourism, could be exclusionary. The main points of entry 

of this analysis are simple: tourism is a source of employment, but generally jobs in the tourism and 

travel industry, and especially at the local end of the global value chain (certainly more than in other 

sectors) tend to be irregular, precarious, and badly paid (see Chapter 5). This means that there are 

positive aspects (tourism work as opportunity for empowerment for the less skilled) and negative 

aspects that balance out in tourist places, inviting to carry out a more nuanced research of the 

‘winners’ and ‘losers’ in a tourist economy, and to investigate which personal or collective features 

determine membership to either groups. It can be proposed that this balance could become 

negative in situation of intense and deregulated job market competition, or in places where the 

institutional capacity and propensity to protect workers gives way to macroeconomic economic 

development objectives.  

Indeed, one of the outcomes of the preliminary ‘clustering’ exercise in Chapter 2 is that regions in 

which tourist activity has been growing more rapidly over the next decade seems to be offering 

workers less stable and secure work conditions, possibly an effect of a pro-growth policy objective 

and the rapid inflow of migrant skilled and unskilled workers, while in regions that are mature 

tourist destinations and have sustained growth for a longer period of time (independently for the 

level of tourism pressure to which they are exposed, especially in urban areas) employment 

conditions are more regular.  

The piece in Chapter 6 offers a regional analysis (in this case, national) of the dimension of adverse 

work throughout the EU space and in connection with the intensity of tourism development. To 

do that, a Touristic Labour Adversity Index was created, consisting of three dimensions – 

contractual insecurity, job insecurity, and working conditions (unfavourable schedules). It focused 

on three NACE categories as a comparative proxy of tourism work (hospitality, retail, and 

culture/arts). The regions with the most touristic labour adversity were Northern and Middle 
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European regions characterised by a low share of tourism workers and Mediterranean regions 

characterised by a high share of tourism workers. Eastern European and a selection of British 

regions, as well as Norway had very low touristic labour adversity. Among those, particularly all 

the Hungarian, Bulgarian, and Romanian regions were characterised by low labour adversity and a 

very low share of foreign-born tourism workers. 

While comparative perspectives on tourism and mobility vary in meaning and scope, there one 

issue is common to each contribution, albeit to varying degrees. Labour plays a major role, either 

covertly as a concept underlying poverty, inequality, and social exclusion or, more overtly, as 

touristic labour. Moreover, all the different concepts – to some degree pertaining to labour – were 

contrasted against the intensity and/or temporal development of tourism. For future endeavours, 

these different perspectives can and should be integrated in some ways. To allow for such an 

integration, the contributions need to interact with each other. Smartness could become a pivotal 

factor in explaining income inequality – in the general population or even in the tourist sector. 

There might be a way to combine regional touristic labour adversity with poverty and deprivation 

in regional touristic labour markets. Moreover, tourism development may be put in relation to 

smartness, tourist labour, or other relevant concepts. Admittedly, these integrative efforts would 

need some methodological creativity when it comes to combining differing scales, data sources, and 

samples. Furthermore, they would need a fruitful dialogue between various concepts. However, 

the outcome would provide key insights into multiple facets of tourism and its social, temporal, 

and geographical dynamics. 

 

Policy challenges  

In the light of all the above, we close this report presenting a preliminary reflection on the main 

challenges for social inclusion that unfold in European regions and specifically in urban areas in 

connection with tourism development, and which elicit responses in terms of policy reforms, 

governance restructuring, and initiatives of social and technological innovation.  

 

Challenge 1: AFFORDABLE HOUSING AND POPULATION RETENTION IN 

TOURISM CONTEXTS  

This report has brought to the fore that affordability of housing (and especially housing for rent) is 

one of the main factors of polarization – and possibly socio-spatial segregation – affecting resident 

communities in the face of the economic pressure determined by tourism and related mobilities. 

Specifically, the increasing penetration of short-term rentals as an emerging marketplace for housing 

has had a significant impact on rental prices and the uneven distribution of wealth. As of today, the 

regulations that limit the expansion of hospitality and STR in urban areas are utterly fragmented. 

Local and national authorities are taking initial steps in this direction, however some general 

directives in this sense and new planning instruments for urban areas to be able to directly control 

the pace of development and intensification of supply in the face of emerging social issues, or 

provide affordable housing alternatives, should be coordinated at European level. Similarly, urban 

policy should favour the retention of the incumbent population with social and economic ties with 

areas of tourist intensification, rather that favour displacement and gentrification.  
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Challenge 2: REDISTRIBUTIVE SYSTEMS  

The capacity of tourism-generated income to benefits all strata of society and trickle down to the 

strata of resident communities which are more exposed to the pressure generated by tourism, 

need to be tackled by innovative taxing and redistributive systems. Traditional systems of ‘tourist 

tax’ are not sufficient or should be redesigned matching with the social footprint of tourist uses 

and practices. A more direct link should be considered between this levied income and its 

expenditure to cater for the negative impacts produced by tourism, in terms of mitigating situations 

of poverty and marginalisation.  

Challenge 3: SMART DESTINATIONS  

Technological and social innovation in ‘smart city’ programs should be clearly oriented at the 

empowerment of local communities and the improvement of their quality of life and work in the 

contexts in which a high level of tourism intensity is a threat. ‘Smart destination’ alliances between 

government, industry and technological providers should incorporate social concerns upfront.  

Challenge 4: PRECARIOUS AND IRREGULAR WORK 

There must be the capacity to detect situations of precarious and adverse employment brought 

about by the rise of the visitor economy and to dignify work in the tourist sector and other sectors 

that resent from the ‘tourist dimension’ of places, in the way of regulating and regularising work, 

with due attention to gender, nationality and other gaps. At the intersection with the housing 

challenge and the redistributive systems challenge, there must be the capacity to plan for an 

expansion of the tourist supply system guaranteeing affordable opportunities for the tourism sector 

workers to live close to their job or to provide high-standard commuting systems, reducing the 

minimum the toll this takes on their personal lives and the ecological footprint of work-to-home 

mobility.  

Challenge 5: INCLUSION IN GOVERNANCE 

Tourism affects and excludes different population strata in very different ways. A clear voice to 

those who are at higher risk of exclusion should be given in policy fora where alternative options 

for tourism development are discussed or its impacts on the economic, social and cultural landscape 

of urban areas, not forgetting that the spatial dimension of tourism activity and its footprint often 

extends well beyond municipal limits. Tourism governance should veil for the interests of local 

communities and, in this framework, ensure the maximum degree of adherence between the 

interests and initiatives of the destination ecosystem and the system of democratic representation 

of local communities, with a special care to grant voice to often invisible social actors.  

Challenge 6: SUSTAINABLE AND INCLUSIVE DEVELOPMENT IN TOURISM  

Transversally to the above, tourism development brings benefits, welfare and opportunities to local 

communities until it doesn’t anymore, and becomes rather an engine of polarization and 

displacement. Beyond the various efforts of national and European institutions and the tourism 

industry allies to come up with an accepted system of measuring the impacts of tourism 

development and monitoring the progress towards sustainability, it is today fundamental to 

recognise the excess of tourism growth as a key challenge for Sustainable Development Goals 

especially in terms of social cohesion and justice. This must be properly translated in planning 
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frameworks from the international to the local level, guiding the development of new infrastructure 

of connection (ports, airports) and its local articulation with mobility and hospitality systems.  
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Annex: Chapter 2 

Clustering 

Table A 1: 4-means clustering: centre of final clusters and ANOVA analytics 

Centre of final clusters 
 

ANOVA test 

  

CLUSTER  Cluster Error 

F 

ANOVA 

TEST 

Sig. 1 2 3 4  

Quadratic 

average gl 

Quadratic 

average gl 

ATTRACTIVENESS (overnight 

stays tot per sq.km, 2018) 
-.173 -.280 .154 1.172 

 
9.641 3 .834 156 11.563 .000 

GROWTH OF 

ATTRACTIVENESS (overnight 

stays tot per sq.km, rate of 

growth 2008-2018) 
 

4.598 -.201 .098 -.079 

 

22.526 3 .581 154 38.794 .000 

PRESSURE IN CITY (overnight 

stays per 1,000 residents in 

Degurba 1 areas)  
 

4.019 -.082 -.081 -.079 

 

16.483 3 .684 147 24.098 .000 

GROWTH OF PRESSURE IN 

CITY (overnight stays per 1,000 

residents in Degurba 1 areas, rate 

of growth 2013-2018) 
 

-1.189 .011 -.156 .606 

 

2.868 3 .959 138 2.990 .033 

PRESSURE IN RURAL (overnight 

stays per 1,000 residents in 

Degurba 3 areas) 

4.520 -.258 .030 .597 

 

23.596 3 .505 137 46.706 .000 

GROWTH OF PRESSURE IN 

RURAL (overnight stays per 

1,000 residents in Degurba 3 

areas, rate of growth 2013-2018) 

6.529 -.266 .470 -.209 

 

19.137 3 .578 129 33.097 .000 

PRESSURE IN TOWN (overnight 

stays per 1,000 residents in 

Degurba 2 areas) 

3.915 -.084 -.084 -.074 

 

15.656 3 .686 140 22.823 .000 

GROWTH OF PRESSURE IN 

TOWN (overnight stays per 

1,000 residents in Degurba 2 

areas, rate of growth 2013-2018) 

-2.090 .161 -.441 .622 

 

6.245 3 .881 132 7.090 .000 

INTERNATIONAL SHARE 

(share of overnight stays by 

foreigners on total, 2018) 

1.108 -.618 .590 1.080 

 

24.058 3 .539 150 44.648 .000 

GROWTH OF 

INTERNATIONAL SHARE 10Y 

(share of overnight stays by 

foreigners on total, rate of 

growth 2008-2018) 

3.192 -.459 .586 -.159 

 

22.022 3 .574 148 38.375 .000 

GROWTH OF 

INTERNATIONAL SHARE 5Y 

(share of overnight stays by 

foreigners on total, rate of 

growth 2013-2018) 

.926 -.382 .585 -.160 

 

11.257 3 .795 150 14.162 .000 

PENETRATION OF AIRBNB 

(bedplaces in Airbnb active 

listings per 1,000 inhabitants, 

2018) 

-.195 -.210 .068 1.155 

 

7.684 3 .871 156 8.817 .000 
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STUDENT MOBILITY (Erasmus 

students per 1,000 inhabitants, 

2018) 

.030 -.276 .593 .188 

 

6.626 3 .878 138 7.550 .000 

CRUDE MIGRATION RATE  .244 -.235 .076 2.772 
 

11.530 3 .681 99 16.933 .000 

MIGRATION RATE OF THE 15-

14 y.o. age cohort over the period 

2013-2018 

1.153 -.327 .326 .907 

 

6.108 3 .839 95 7.282 .000 

MIGRATION RATE OF THE 25-

49 y.o. age cohort over the period 

2013-2018 

-.032 -.059 -.215 2.660 

 

10.012 3 .715 95 13.994 .000 

MIGRATION RATE OF THE 50-

54 y.o. age cohort over the period 

2013-2018 

-.801 -.060 -.060 2.176 

 

7.277 3 .802 95 9.076 .000 

MIGRATION RATE OF THE 65-

79 y.o. age cohort over the period 

2013-2018 

-.391 -.054 -.052 1.595 

 

3.680 3 .915 95 4.021 .010 
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Analysis of difference of mean value of social indicators between clusters and ANOVA test of significance  

Table A 2: Analysis of difference of mean value of health-related indicators between clusters and ANOVA test of significance 

4 clusters from selection of indicators (no 

PCA), exclusion by couple 

  

1 FAST 

INTERNATIONALISATION 

(n=4) 

2 LOW INTENSITY 

(n=63) 

3 STEADY GROWERS 

(n=43) 

4 TOURISM STARS 

(n=12) 

ANOVA mean stand. dev. mean stand. dev. mean stand. dev. mean stand. dev. 

EU_SILC_HEALTH 0.089 -0.361 0.98 0.176 0.70 -0.074 1.25 -0.569 1.18 

EU_SILC_HEALTH_AGE_OVER_65 0.492 -0.338 1.51 0.127 0.83 -0.098 1.19 -0.237 0.97 

EU_SILC_HEALTH_CITY 0.238 -0.151 0.52 0.159 0.73 -0.112 1.24 -0.414 1.30 

EU_SILC_HEALTH_FEMALE 0.132 -0.470 1.15 0.155 0.68 -0.047 1.26 -0.528 1.21 

EU_SILC_HEALTH_OTH 0.202 -0.794 2.27 0.158 0.95 -0.098 0.98 -0.261 0.88 

EU_SILC_HEALTH_PERC 0.221 0.282 0.86 -0.123 0.74 0.011 1.27 0.512 1.14 

Table A 3: Analysis of difference of mean value of housing-related indicators between clusters and ANOVA test of significance 

4 clusters from selection of indicators (no PCA), exclusion 

by couple 

  

1 FAST 

INTERNATIONALISA

TION 

(n=4) 

2 LOW INTENSITY 

(n=63) 

3 STEADY 

GROWERS 

(n=43) 

4 TOURISM STARS 

(n=12) 

ANOVA mean stand. dev. mean stand. dev. mean stand. dev. mean stand. dev. 

EU_SILC_HOUSING_ARREARS 0.223 -0.018 0.98 -0.178 0.84 0.228 1.26 0.120 0.57 

EU_SILC_HOUSING_ARREARS_AGE_OVER_65 0.678 -0.422 0.10 -0.071 0.90 0.146 1.25 -0.105 0.27 

EU_SILC_HOUSING_ARREARS_CITY 0.200 -0.323 0.45 -0.176 0.88 0.235 1.24 0.143 0.50 

EU_SILC_HOUSING_ARREARS_FEMALE 0.252 -0.038 0.86 -0.171 0.91 0.221 1.19 0.117 0.60 

EU_SILC_HOUSING_ARREARS_OTH 0.009 1.116 2.61 0.328 1.20 -0.390 0.56 -0.117 0.44 

EU_SILC_HOUSING_BURDEN 0.525 -0.185 1.06 -0.049 1.07 -0.029 0.95 0.406 0.82 

EU_SILC_HOUSING_BURDEN_AGE_OVER_65 0.500 -0.296 1.12 0.030 0.97 -0.123 1.10 0.346 0.77 

EU_SILC_HOUSING_BURDEN_CITY 0.457 -0.131 1.02 -0.070 1.10 -0.011 0.88 0.435 0.78 

EU_SILC_HOUSING_BURDEN_FEMALE 0.527 -0.165 1.03 -0.047 1.06 -0.032 0.95 0.407 0.84 

EU_SILC_HOUSING_BURDEN_OTH 0.239 -0.044 0.95 0.019 1.04 -0.167 1.05 0.502 0.34 

EU_SILC_HOUSING_HEAVYBURDEN 0.078 -0.014 1.82 0.016 0.96 -0.203 1.01 0.644 0.74 
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EU_SILC_HOUSING_HEAVYBURDEN_AGE_OVER_65 0.166 -0.096 2.00 0.067 0.97 -0.227 1.00 0.466 0.76 

EU_SILC_HOUSING_HEAVYBURDEN_CITY 0.110 0.276 1.62 -0.024 0.99 -0.165 1.03 0.620 0.62 

EU_SILC_HOUSING_HEAVYBURDEN_FEMALE 0.091 0.035 1.82 0.015 0.96 -0.199 1.02 0.627 0.75 

EU_SILC_HOUSING_HEAVYBURDEN_OTH 0.094 0.600 2.11 0.065 0.98 -0.259 1.05 0.469 0.51 

EU_SILC_HOUSING_OVERCROWDED 0.906 0.401 2.13 -0.008 1.06 0.006 0.90 -0.082 0.80 

EU_SILC_HOUSING_OVERCROWDED_AGE_OVER_65 0.002 3.540   0.079 1.08 -0.141 0.77 -0.236 0.67 

EU_SILC_HOUSING_OVERCROWDED_EU_CITY 0.347 -0.736 0.45 0.272 1.22 -0.109 0.86 -0.003 0.96 

EU_SILC_HOUSING_OVERCROWDED_FEMALE 0.877 0.438 2.18 -0.015 1.05 0.017 0.91 -0.089 0.79 

EU_SILC_HOUSING_OVERCROWDED_OTH 0.831 0.433 2.10 0.070 1.04 -0.062 0.99 -0.111 0.79 

EU_SILC_HOUSING_RENT 0.279 0.068 1.11 -0.166 0.91 0.153 1.17 0.305 0.71 

EU_SILC_HOUSING_RENT_AGE_OVER_65 0.493 0.215 1.23 -0.137 0.92 0.143 1.15 0.152 0.75 

EU_SILC_HOUSING_RENT_CITY 0.337 0.010 1.01 -0.153 0.94 0.148 1.13 0.294 0.76 

EU_SILC_HOUSING_RENT_FEMALE 0.307 0.058 1.10 -0.163 0.91 0.162 1.17 0.260 0.69 

EU_SILC_HOUSING_RENT_OTH 0.135 -0.273 1.27 -0.205 0.76 0.186 1.24 0.368 0.94 

EU_SILC_HOUSING_TENURE_RENT 0.398 0.032 1.28 -0.127 1.02 0.076 0.94 0.379 1.04 

EU_SILC_HOUSING_TENURE_RENT_AGE_OVER_65 0.838 -0.219 0.95 -0.068 0.99 0.104 1.01 0.026 1.11 

EU_SILC_HOUSING_TENURE_RENT_CITY 0.913 -0.051 1.12 -0.060 1.07 0.082 0.97 0.045 0.75 

EU_SILC_HOUSING_TENURE_RENT_FEMALE 0.539 0.000 1.17 -0.108 1.04 0.064 0.94 0.328 1.04 

EU_SILC_HOUSING_TENURE_RENT_OTH 0.222 -1.265 1.48 -0.040 1.05 0.029 0.95 0.299 0.80 

EU_SILC_INC_RENT 0.020 -1.096 0.21 0.136 1.12 -0.244 0.72 0.448 1.02 

EU_SILC_INC_RENT_AGE_OVER_65 0.002 -1.000 0.12 0.154 1.05 -0.339 0.71 0.665 1.17 

EU_SILC_INC_RENT_CITY 0.091 -0.999 0.23 0.108 1.17 -0.184 0.75 0.342 0.71 

EU_SILC_INC_RENT_FEMALE 0.015 -1.198 0.18 0.130 1.09 -0.231 0.75 0.471 1.08 

EU_SILC_INC_RENT_OTH 0.309 -0.207 0.39 0.282 1.24 -0.196 0.80 -0.190 0.75 
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Table A 4: Analysis of difference of mean value of poverty deprivation related indicators between clusters and ANOVA test of significance 

4 clusters from selection of indicators (no 

PCA), exclusion by couple 

  

1 FAST 

INTERNATIONALISATION 

(n=4) 

2 LOW INTENSITY 

(n=63) 

3 STEADY GROWERS 

(n=43) 

4 TOURISM STARS 

(n=12) 

ANOVA mean stand. dev. mean stand. dev. mean stand. dev. mean stand. dev. 

EU_SILC_POV_DEPRI 0.120 0.489 1.33 -0.204 0.78 0.230 1.29 0.127 0.48 

EU_SILC_POV_DEPRI_AGE_OVER_65 0.051 0.223 1.55 -0.214 0.66 0.355 1.39 -0.116 0.49 

EU_SILC_POV_DEPRI_CITY 0.102 0.295 0.79 -0.227 0.82 0.261 1.27 0.114 0.51 

EU_SILC_POV_DEPRI_FEMALE 0.087 0.433 1.43 -0.218 0.75 0.252 1.31 0.137 0.46 

EU_SILC_POV_DEPRI_OTH 0.981 0.073 0.27 0.047 1.05 -0.050 1.11 -0.011 0.50 

EU_SILC_POV_RISK 0.061 1.029 0.82 -0.197 1.01 0.190 0.93 0.097 1.02 

EU_SILC_POV_RISK_AGE_OVER_65 0.058 0.580 0.86 -0.215 0.94 0.287 1.03 -0.019 1.04 

EU_SILC_POV_RISK_CITY 0.052 0.786 1.14 -0.224 1.02 0.245 0.89 0.123 1.00 

EU_SILC_POV_RISK_FEMALE 0.035 0.969 0.92 -0.225 0.99 0.232 0.95 0.112 1.01 

EU_SILC_POV_RISK_OTH 0.518 -0.557 0.88 0.131 1.06 -0.116 1.01 -0.114 0.65 

EU_SILC_POV_WORKINT 0.169 0.852 0.43 -0.166 0.85 0.139 1.15 0.158 1.16 

EU_SILC_POV_WORKINT_CITY 0.220 1.096 1.12 -0.088 0.97 0.078 1.03 -0.090 0.99 

EU_SILC_POV_WORKINT_FEMALE 0.149 0.797 0.62 -0.178 0.83 0.167 1.16 0.139 1.18 

EU_SILC_POV_WORKINT_OTH 0.408 0.066 0.35 0.198 1.05 -0.179 0.99 -0.076 0.87 

INTERET_ACCESS_HH_PERC 0.509     -0.094 0.86 0.145 1.23 0.044 0.94 

 

Table A 5: Analysis of difference of mean value of labor related indicators between clusters and ANOVA test of significance 

4 clusters from selection of indicators (no PCA), exclusion by couple 

  

1 FAST 

INTERNATIONALI

SATION 

(n=4) 

2 LOW INTENSITY 

(n=63) 

3 STEADY 

GROWERS 

(n=43) 

4 TOURISM STARS 

(n=12) 

ANOVA mean 

stand. 

dev. mean 

stand. 

dev. mean 

stand. 

dev. mean 

stand. 

dev. 

LFS_2_5_PCT_ATY_AGE_RANGE1 0.518 0.792 0.16 -0.082 0.95 0.119 1.02 -0.054 1.28 
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LFS_2_5_PCT_ATY_AGE_RANGE1_ISCO08_SUBSET 0.039 1.730 0.16 -0.069 1.01 0.129 0.85 -0.330 1.20 

LFS_2_5_PCT_ATY_AGE_RANGE1_NACE9 0.141 1.171 0.04 -0.059 0.98 0.151 0.94 -0.364 1.23 

LFS_2_5_PCT_ATY_AGE_RANGE2 0.894 0.062 0.20 -0.024 1.00 0.087 1.00 -0.153 1.13 

LFS_2_5_PCT_ATY_AGE_RANGE2_ISCO08_SUBSET 0.958 0.387 1.26 -0.016 1.07 0.008 0.91 -0.004 0.96 

LFS_2_5_PCT_ATY_AGE_RANGE2_NACE9 0.988 0.207 0.05 0.005 1.11 -0.029 0.91 0.034 0.75 

LFS_2_5_PCT_ATY_AGE_RANGE3 0.204 -0.307 0.50 0.166 1.03 -0.167 0.91 -0.348 1.07 

LFS_2_5_PCT_ATY_AGE_RANGE3_ISCO08_SUBSET 0.620 0.079 1.17 -0.099 1.12 0.082 0.85 0.271 0.73 

LFS_2_5_PCT_ATY_AGE_RANGE3_NACE9 0.658 0.776 0.53 -0.060 1.15 0.028 0.75 0.114 0.81 

LFS_2_5_PCT_ATY_AGE_RANGE4 0.228 0.050 0.80 0.161 0.96 -0.182 1.06 -0.328 0.96 

LFS_2_5_PCT_ATY_AGE_RANGE4_ISCO08_SUBSET 0.326 0.244 0.34 -0.056 1.13 -0.078 0.87 0.495 0.56 

LFS_2_5_PCT_ATY_AGE_RANGE4_NACE9 0.517 -0.118 0.44 -0.072 1.18 0.002 0.73 0.402 0.67 

LFS_2_5_PCT_ATY_AGE_RANGE5 0.001 1.426 0.00 -0.256 0.89 0.424 1.09 -0.128 0.73 

LFS_2_5_PCT_ATY_AGE_RANGE5_ISCO08_SUBSET 0.737 -0.306 0.71 0.113 1.16 -0.118 0.89 -0.033 0.62 

LFS_2_5_PCT_ATY_AGE_RANGE5_NACE9 0.708 0.012 0.26 0.111 1.24 -0.141 0.71 -0.040 0.63 

LFS_2_5_PCT_ATY_ISCO08_SUBSET 0.024 1.422 0.18 -0.206 0.97 0.217 0.97 0.208 1.06 

LFS_2_5_PCT_ATY_NACE_ALLBUT9 0.342 0.173 0.03 0.093 0.92 -0.024 1.05 -0.474 1.29 

LFS_2_5_PCT_ATY_NACE9 0.031 1.686 0.32 -0.166 0.95 0.164 1.00 0.114 1.05 

LFS_2_5_PCT_CHANGE_OVER_30_ATY_ISCO08_SUBSET_WORKFORCE

_5Y 0.133     -0.063 0.89 -0.224 0.95 1.062 1.11 

LFS_2_5_PCT_CHANGE_OVER_30_ISCO08_SUBSET_WORKFORCE_5Y 0.033     -0.315 1.06 0.195 0.75 0.607 1.10 

LFS_2_5_PCT_CHANGE_OVER_30_NACE9_WORKFORCE_10Y 0.045 0.197   -0.298 0.86 -0.082 0.73 0.925 1.45 

LFS_2_5_PCT_CHANGE_OVER_30_NACE9_WORKFORCE_5Y 0.026     -0.326 0.97 0.216 0.75 0.608 1.18 

LFS_2_5_PCT_OVER_30_ATY_ISCO08_SUBSET_WORKFORCE 0.000 -0.495 0.00 -0.285 0.42 0.107 0.88 1.154 2.11 

LFS_2_5_PCT_OVER_30_ISCO08_SUBSET_WORKFORCE 0.000 -0.699 0.27 -0.276 0.53 0.132 0.89 1.250 2.04 

LFS_2_5_PCT_OVER_30_NACE9_WORKFORCE 0.000 -0.158 0.26 -0.323 0.44 0.173 0.86 1.295 2.14 

LFS_2_5_PCT_POLA 0.942 0.437 0.08 -0.005 0.96 -0.012 1.07 -0.045 1.24 
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LFS_INC_FIRSTQUINT 0.018 -0.515 0.62 0.263 0.72 -0.536 1.30 0.179 1.00 

LFS_INC_FIRSTQUINT_AGE_15_29 0.000 -0.656 0.46 0.400 0.74 -0.771 1.11 0.101 0.74 

LFS_INC_FIRSTQUINT_AGE_15_29_CITY 0.001 -0.602 0.40 0.364 0.97 -0.640 0.80 -0.185 0.82 

LFS_INC_FIRSTQUINT_AGE_30_49 0.215 -1.004 0.00 0.129 0.88 -0.249 1.17 0.259 1.12 

LFS_INC_FIRSTQUINT_AGE_30_49_CITY 0.930 -0.106 0.71 0.061 1.08 -0.119 0.89 0.002 0.99 

LFS_INC_FIRSTQUINT_AGE_50_64 0.780 0.244 1.05 0.085 0.78 -0.180 1.31 -0.039 1.27 

LFS_INC_FIRSTQUINT_AGE_50_64_CITY 0.206 1.464 2.84 -0.003 0.79 -0.101 1.24 -0.113 0.58 

LFS_INC_FIRSTQUINT_EU15 0.144 -0.710 0.32 0.249 1.00 -0.242 1.03 -0.485 0.69 

LFS_INC_FIRSTQUINT_EU15_CITY 0.097 -0.086 1.27 0.282 1.05 -0.414 0.82 -0.608 0.44 

LFS_INC_FIRSTQUINT_FEMALE 0.029 -0.346 0.15 0.287 0.84 -0.480 1.15 -0.183 1.06 

LFS_INC_FIRSTQUINT_FEMALE_CITY 0.466 0.015 0.29 0.152 1.03 -0.202 0.97 -0.339 1.01 

LFS_INC_FIRSTQUINT_GASTRO 0.260 -0.067 0.69 0.178 0.98 -0.153 1.06 -0.566 0.90 

LFS_INC_FIRSTQUINT_GASTRO_CITY 0.426 -0.049 0.26 0.154 1.09 -0.143 0.93 -0.458 0.69 

LFS_INC_FIRSTQUINT_OTH 0.000 -1.272 0.00 0.373 0.97 -0.696 0.64 0.436 0.77 

LFS_INC_FIRSTQUINT_OTH_CITY 0.000 -0.962 0.09 0.404 0.99 -0.712 0.65 0.471 0.55 

LFS_MALE_TO_FEMALE_RATIO_ELEM_OCCU 0.123 1.266 0.57 -0.104 1.01 0.243 0.99 -0.197 0.81 

LFS_MALE_TO_FEMALE_RATIO_SERVICE 0.213 -0.337 0.24 -0.047 1.11 -0.103 0.79 0.623 0.62 

LFS_MALE_TO_FEMALE_RATIO_TOURISM 0.485 -0.178 0.37 -0.030 1.19 -0.095 0.46 0.462 0.60 

LFS_MOBILE_WORKFORCE 0.002 0.966 1.87 -0.194 0.80 0.571 1.30 -0.394 0.37 

LFS_NAT_RETIRED 0.487 0.332 1.31 -0.118 1.06 0.185 0.76 0.224 1.09 

LFS_NON_NAT_RETIRED 0.483 -0.160 0.36 -0.052 1.07 -0.043 0.71 0.498 1.24 

LFS_PERC_HIGH_SKILLED_OF_EMPLOYED 0.000 1.079 0.60 -0.403 0.62 0.762 1.04 0.456 1.51 

LFS_PERC_HIGH_SKILLED_OF_EMPLOYED_DELTA_10Y 0.006 0.890 0.23 -0.315 0.83 0.500 1.18 -0.168 0.58 

LFS_PERC_HIGH_SKILLED_OF_EMPLOYED_DELTA_5Y 0.435 -0.502 1.12 0.020 0.78 -0.184 1.35 0.441 1.39 

LFS_SHARE_NON_NATIONALS_TOURISM 0.003 -0.406 0.03 -0.140 0.88 -0.080 0.96 1.150 1.23 

LFS_SHARE_NON_NATIONALS_TOURISM_DELTA_10Y 0.659 -0.541 0.45 -0.100 1.11 0.143 0.71 0.150 1.36 

LFS_SHARE_NON_NATIONALS_TOURISM_DELTA_5Y 0.676 -0.667 0.52 0.081 0.93 -0.112 1.12 -0.025 1.15 
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LFS_SHARE_TOURISM_JOBS 0.000 0.103 0.24 -0.363 0.50 0.340 0.59 1.450 2.20 

LFS_SHARE_TOURISM_JOBS_DELTA_10Y 0.012 -0.019 0.21 -0.239 0.85 0.086 0.62 0.935 1.87 

LFS_SHARE_TOURISM_JOBS_DELTA_5Y 0.056 -0.229 0.73 -0.173 0.90 0.193 0.97 0.672 1.43 

LFS_UNEMP 0.219 -0.762 0.11 -0.050 0.91 0.007 1.23 0.480 0.83 

LFS_UNEMP_AGE_15_29 0.289 -0.799 0.16 -0.020 0.99 -0.028 1.11 0.406 0.76 

LFS_UNEMP_AGE_15_29_CITY 0.379 -0.812 0.15 0.028 1.04 -0.087 1.02 0.281 0.79 

LFS_UNEMP_AGE_30_49 0.247 -0.789 0.12 -0.042 0.85 0.006 1.32 0.444 0.83 

LFS_UNEMP_AGE_30_49_CITY 0.247 -0.947 0.11 0.004 0.89 -0.047 1.25 0.357 0.91 

LFS_UNEMP_AGE_50_64 0.188 -0.743 0.25 -0.060 0.93 0.015 1.14 0.513 1.04 

LFS_UNEMP_AGE_50_64_CITY 0.342 -0.715 0.20 -0.004 1.03 -0.069 0.96 0.393 1.01 

LFS_UNEMP_CITY 0.300 -0.850 0.10 -0.008 0.94 -0.034 1.17 0.367 0.93 

LFS_UNEMP_FEMALE 0.396 -0.764 0.00 -0.030 0.97 0.022 1.14 0.327 0.84 

LFS_UNEMP_FEMALE_CITY 0.427 -0.797 0.09 -0.004 0.97 -0.017 1.12 0.285 0.93 

LFS_UNEMP_OTH 0.034 -0.954 0.05 0.186 0.99 -0.346 1.01 0.235 0.81 

LFS_UNEMP_OTH_CITY 0.041 -0.808 0.09 0.228 1.06 -0.358 0.88 0.043 0.76 

NOT_EMPLOYED_NOT_TRAINED_AGE_15_24_PERC 0.867 0.044 0.83 -0.045 0.97 0.017 1.16 0.197 0.67 

 

Table A 6: Analysis of difference of mean value of other deprivation related indicators between clusters and ANOVA test of significance 

4 clusters from selection of indicators (no PCA), exclusion by 

couple 

  

1 FAST 

INTERNATIONALISATIO

N 

(n=4) 

2 LOW INTENSITY 

(n=63) 

3 STEADY GROWERS 

(n=43) 

4 TOURISM STARS 

(n=12) 

ANOVA mean stand. dev. mean stand. dev. mean stand. dev. mean stand. dev. 

RIC_COEFFICIENT_OF_VARIATION 0.000 0.001 0.16 -0.302 0.59 0.192 0.63 0.944 2.38 

RIC_CRIME_IN_AREA_PERC_URBAN 0.006 0.834 1.08 -0.288 0.77 0.343 1.23 0.137 0.73 

RIC_EDUCATION_TERTIARY_PERC_URBAN 0.488 0.046 0.34 -0.129 0.99 0.188 1.08 0.026 0.85 

RIC_EFFORT_RATE_RENT_URBAN 0.662 0.695 0.05 -0.020 0.97 0.011 1.15 -0.105 0.75 

RIC_HOUSEHOLDS_SINGLE_PARENTS_URBAN 0.001 0.873 1.93 -0.326 0.44 0.250 0.98 0.633 1.98 

RIC_MONTHLY_RENT_URBAN 0.363 0.015 1.01 -0.147 0.94 0.140 1.14 0.299 0.75 



145 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

RIC_PROBLEMS_DWELLING_PERC_URBAN 0.001 0.741 0.86 -0.315 0.78 0.449 1.10 -0.051 1.12 

RIC_PROBLEMS_NOISE_PERC_URBAN 0.154 -0.540 0.96 -0.150 0.99 0.273 1.01 0.000 0.92 

RIC_PROBLEMS_POLLUTION_PERC_URBAN 0.235 0.169 0.38 -0.180 0.91 0.196 1.09 0.232 1.18 

RIC_RISK_POV_URBAN 0.069 0.757 1.12 -0.214 1.03 0.238 0.90 0.124 0.98 

RIC_WORKERS_HIGH_SKILLED_20_34_PERC_URBAN 0.990 

-0.009 0.17 0.028 0.99 -0.021 1.12 -0.068 0.81 

RIC_WORKERS_MANUAL_PERC_URBAN 0.507 -0.354 0.10 0.111 1.10 -0.172 0.96 0.074 0.60 
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Annex: Chapter 6 

Table A 7: Correlation Matrix for the Index' Indicators (Abbreviations are listed in Figure 6.1) 
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TEMP   .846** .944** 0.164 0.050 0.004 0.186 0.082 0.491** 

TEMPDURa   .929** .207* -.083 .089 -.018 .115 .560** 

TEMPDURb    .130 -.076 -.062 .159 .044 .588** 

WISHMORE     .267** .578** -.541** -0.021 0.048 

EXIST2J      .453* -.256* -0.172 -.402** 

LOOKOJ       -.250* .333** -.155 

SHIFTWK        .293** .374** 

NIGHTWK         .378** 

SATWK          

n=93; * p < 0.05 ** p < 0.01 
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Table A 8: Ranking of regions according to their index score. The higher the value the more adverse the situation for 

tourism workers. 

NUTS 1 Region Index (Score) 

84,00 RO4 Macroregiunea patru (Sud-Vest Oltenia & Vest) 0.39% 

81,00 RO1 Macroregiunea unu (Nord-Vest & Centru) 1.00% 

8,00 BG4 Yugozapadna I Yuzhna Tsentralna Bulgaria 1.30% 

83,00 RO3 Macroregiunea trei (Sud-Muntenia & București - Ilfov) 2.30% 

56,00 HU1 Közép-Magyarország 2.84% 

65,00 LT0 Lietuva 3.29% 

82,00 RO2 Macroregiunea doi (Nord-Est & Sud-Est) 3.36% 

7,00 BG3 Severna I Iztochna Bulgaria 4.05% 

57,00 HU2 Dunántúl 4.11% 

58,00 HU3 Alföld és Észak 5.34% 

10,00 CZ0 Cesko 5.99% 

89,00 SK0 Slovakia 6.17% 

22,00 DEC Saarland 6.41% 

93,00 UKF East Midlands 6.54% 

70,00 NO0 Norge 6.96% 

91,00 UKD North West 7.12% 

12,00 DE2 Bayern 7.13% 

95,00 UKH East of England 7.26% 

51,00 EL3 Attiki 7.51% 

14,00 DE4 Brandenburg 7.53% 

92,00 UKE Yorkshire and the Humber 7.69% 

94,00 UKG West Midlands 7.82% 

20,00 DEA Nordrhein-Westphalen 7.84% 

19,00 DE9 Niedersachsen 7.90% 

101,00 Northern Ireland 8.22% 

21,00 DEB Rheinland-Pfalz 8.23% 

16,00 DE6 Hamburg 8.31% 

13,00 DE3 Berlin 8.32% 

1,00 AT1 Ostösterreich 8.44% 

11,00 DE1 Baden-Würtemberg 8.47% 

100,00 UKM Scotland 8.62% 

96,00 UKI London 8.63% 

24,00 DEE Sachsen-Anhalt 8.65% 

3,00 AT3 Westösterreich 8.65% 

90,00 UKC North East 8.67% 

25,00 DEF Schleswig-Holstein 8.67% 

17,00 DE7 Hessen 8.69% 

26,00 DEG Thüringen 8.87% 

37,00 FR1 Île de France 8.91% 

97,00 UKJ South East 9.29% 

23,00 DED Sachsen 9.31% 

2,00 AT2 Südösterreich 9.37% 

98,00 UKK South West 9.39% 

18,00 DE8 Mecklenburg-Vorpommern 9.46% 

27,00 DK0 Danmark 9.51% 

53,00 EL5 Voreia Ellada 9.63% 

40,00 FRD Normandie 9.69% 

60,00 ITC Nord-Ovest 9.87% 

46,00 FRJ Languedoc-Roussillon-Midi-Pyrénées 9.89% 
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39,00 FRC Bourgogne-Franche-Comté 9.90% 

15,00 DE5 Bremen 10.07% 

38,00 FRB Centre-Val de Loire 10.08% 

43,00 FRG Pays de la Loire 10.21% 

99,00 UKL Wales 10.55% 

41,00 FRE Nord-Pas-de-Calais-Picardie 10.60% 

5,00 BE2 Vlaams Gewest 10.69% 

44,00 FRH Bretagne 10.79% 

71,00 PL2 Makroregion Poludniowy 11.05% 

61,00 ITF Sud 11.11% 

9,00 CH0 Switzerland 11.17% 

72,00 PL4 Makroregion Polnocno-Zachodni 11.35% 

64,00 ITI Centro 11.40% 

63,00 ITH Nord-Est 11.41% 

42,00 FRF Alsace-Champagne-Ardenne-Lorraine 11.54% 

59,00 IE0 Ireland/Eire 11.55% 

75,00 PL7 Makroregion Centralny 11.56% 

62,00 ITG ISole 11.59% 

47,00 FRK Auvergne-Rhône-Alpes 11.62% 

50,00 FRY Départements d’Outre Mer 11.63% 

6,00 BE3 Region Wallone 11.73% 

77,00 PL9 Makroregion Województwo Mazowieckie 11.91% 

45,00 FRI Aquitaine-Limousin-Poitou-Charentes 11.93% 

49,00 FRM Corse 12.19% 

74,00 PL6 Makroregion Polnocny 12.20% 

48,00 FRL Provence-Alpes-Côte d’Azur 12.79% 

4,00 BE1 Region de Bruxelle-Capitale/Brussels Hoofdstedelijk Gewest 13.12% 

55,00 HR0 Hrvatska 13.13% 

76,00 PL8 Makroregion Wschodni 13.25% 

73,00 PL5 Makroregion Poludniowo-Zachodni 13.27% 

32,00 ES5 Este 13.42% 

29,00 ES2 Noreste 13.45% 

54,00 EL6 Kentriki Ellada 13.63% 

79,00 PT2 Região Autónoma dos Açores 13.68% 

88,00 SI0 Slovenija 13.89% 

80,00 PT3 Região Autónoma da Madeira 14.43% 

31,00 ES4 Centro 14.65% 

30,00 ES3 Comunidad de Madrid 14.77% 

78,00 PT1 Continente 14.84% 

85,00 SE1 Östra Sverige 14.93% 

86,00 SE2 Södra Sverige 15.19% 

28,00 ES1 Noroeste 15.38% 

35,00 FI1 Manner-Suomi 15.46% 

33,00 ES6 Sur 15.55% 

34,00 ES7 Canarias 15.62% 

87,00 SE3 Norra Sverige 16.27% 

52,00 EL4 Nisi Aigaiou, Kriti 17.64% 
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Table A 9: Index Indicators and Regional Characteristics not Included in the Index (TOURISMW, TOURISMW_f, and AGE15to24) 

 

TOURIS

MW 

TOURIS

MW_f TEMP 

TEMPDU

Ra2 

TEMPDUR

b2 

WISHMO

RE 

EXIST

2J 

LOOK

OJ 

SHIFTW

K 

NIGHTW

K 

SATW

K 

AGE15to

24 

1,00 AT1 

Ostösterreich 22.48% 52.06% 7.44% 2.75% 4.13% 10.19% 3.15% 3.89% 23.69% 15.25% 57.14% 14.56% 

2,00 AT2 

Südösterreich 20.19% 59.77% 11.61% 4.52% 5.81% 8.62% 3.47% 2.31% 27.74% 14.94% 63.79% 16.09% 

3,00 AT3 

Westösterreich 23.13% 57.22% 10.88% 5.14% 6.34% 6.30% 3.67% 1.84% 20.78% 14.96% 57.85% 15.45% 

4,00 BE1 Region de 

Bruxelle-

Capitale/Brussels 

Hoofdstedelijk Gewest 13.72% 42.72% 18.82% 14.12% 17.65% 15.53% 5.83% 9.71% 4.65% 11.11% 54.08% 8.74% 

5,00 BE2 Vlaams 

Gewest 19.62% 46.44% 14.62% 12.30% 13.92% 10.05% 4.39% 4.20% 6.02% 10.98% 59.20% 14.05% 

6,00 BE3 Region 

Wallone 17.46% 49.07% 18.82% 12.94% 16.47% 14.02% 3.76% 5.61% 4.68% 10.68% 71.01% 12.68% 

7,00 BG3 Severna I 

Iztochna Bulgaria 23.73% 59.13% 6.74% 5.32% 5.67% 0.87% 0.29% 0.29% 31.56% 10.14% 61.45% 6.38% 

8,00 BG4 Yugozapadna 

I Yuzhna Tsentralna 

Bulgaria 24.33% 54.31% 0.85% 0.57% 0.85% 0.48% 0.24% 0.01% 33.24% 11.99% 55.26% 6.70% 

9,00 CH0 Switzerland 18.03% 50.12% 11.29% 3.44% 5.23% 15.97% 7.28% 9.95% 18.84% 10.98% 55.32% 14.45% 

10,00 CZ0 Cesko 16.44% 54.92% 9.96% 2.20% 6.15% 0.93% 2.67% 1.74% 33.92% 8.82% 57.08% 9.50% 

11,00 DE1 Baden-

Würtemberg 17.31% 51.45% 12.77% 2.07% 5.90% 9.66% 7.03% 2.79% 16.12% 8.41% 55.89% 14.56% 

12,00 DE2 Bayern 18.00% 51.76% 10.66% 1.69% 4.17% 6.21% 6.73% 1.88% 16.28% 9.10% 54.47% 13.55% 

13,00 DE3 Berlin 19.42% 47.25% 11.11% 1.85% 6.79% 8.75% 3.75% 2.75% 20.31% 12.22% 60.75% 10.75% 

14,00 DE4 

Brandenburg 17.66% 44.59% 11.27% 1.41% 7.04% 10.81% 4.05% 1.35% 26.76% 8.11% 54.05% 9.72% 

15,00 DE5 Bremen 16.56% 45.33% 17.14% 5.71% 7.14% 10.67% 5.33% 2.67% 17.14% 10.67% 54.67% 16.00% 

16,00 DE6 Hamburg 20.02% 48.24% 14.54% 3.08% 6.61% 7.94% 3.53% 2.35% 16.16% 11.86% 50.79% 12.60% 

17,00 DE7 Hessen 18.38% 48.09% 13.99% 1.87% 6.34% 9.50% 5.48% 3.33% 17.69% 9.82% 56.48% 14.48% 
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18,00 DE8 

Mecklenburg-

Vorpommern 19.30% 56.20% 13.82% 2.44% 7.32% 14.71% 2.92% 2.92% 31.97% 9.49% 64.96% 10.22% 

19,00 DE9 

Niedersachsen 19.87% 51.32% 11.75% 1.91% 4.99% 8.87% 4.89% 2.38% 19.44% 9.14% 58.07% 13.62% 

20,00 DEA Nordrhein-

Westphalen 19.82% 47.98% 12.86% 1.99% 5.92% 8.96% 4.27% 2.83% 15.17% 8.38% 53.78% 13.58% 

21,00 DEB Rheinland-

Pfalz 19.80% 51.61% 13.37% 2.13% 5.78% 9.41% 5.11% 2.41% 16.31% 9.68% 57.64% 16.35% 

22,00 DEC Saarland 17.78% 52.94% 11.84% 1.32% 5.26% 7.14% 3.53% 1.18% 15.79% 8.24% 57.65% 10.59% 

23,00 DED Sachsen 17.38% 54.71% 12.71% 2.41% 6.87% 13.82% 3.24% 2.65% 30.03% 10.88% 64.41% 11.14% 

24,00 DEE Sachsen-

Anhalt 18.21% 54.29% 15.00% 3.13% 8.13% 10.34% 1.15% 2.86% 31.45% 11.43% 58.29% 9.71% 

25,00 DEF Schleswig-

Holstein 22.10% 48.59% 12.55% 2.35% 6.67% 9.57% 5.61% 3.17% 17.51% 8.10% 58.30% 14.08% 

26,00 DEG Thüringen 18.76% 53.26% 12.88% 2.45% 6.75% 12.50% 2.72% 3.26% 25.31% 9.78% 58.15% 9.73% 

27,00 DK0 Danmark 21.26% 45.22% 14.21% 2.99% 5.23% 10.92% 8.18% 8.02% 9.91% 7.51% 53.49% 31.57% 

28,00 ES1 Noroeste 26.00% 55.88% 28.74% 11.38% 17.07% 13.80% 2.93% 6.33% 28.57% 17.50% 67.14% 5.87% 

29,00 ES2 Noreste 20.95% 53.62% 25.47% 10.56% 14.60% 12.77% 2.42% 6.28% 25.08% 12.38% 61.06% 7.95% 

30,00 ES3 Comunidad 

de Madrid 22.10% 50.42% 21.66% 11.24% 12.70% 15.11% 2.26% 10.45% 31.59% 15.54% 61.77% 11.28% 

31,00 ES4 Centro 23.55% 49.20% 28.13% 11.36% 14.49% 15.06% 2.61% 6.43% 26.96% 14.75% 67.08% 8.22% 

32,00 ES5 Este 28.42% 49.77% 25.39% 11.18% 14.86% 10.74% 1.96% 6.58% 25.62% 14.69% 64.15% 10.33% 

33,00 ES6 Sur 27.02% 49.90% 33.85% 13.36% 17.77% 14.85% 1.29% 8.51% 34.16% 17.21% 69.16% 9.41% 

34,00 ES7 Canarias 43.30% 45.62% 35.24% 15.66% 22.89% 11.05% 1.80% 5.15% 35.80% 16.41% 72.93% 8.48% 

35,00 FI1 Manner-

Suomi 17.74% 52.54% 14.87% 8.21% 12.05% 14.41% 7.51% 12.42% 37.79% 12.17% 55.65% 20.97% 

36,00 FI2 Åland                         

37,00 FR1 Île de 

France 18.61% 47.68% 12.53% 6.53% 8.63% 20.50% 3.99% 5.47% 3.13% 7.32% 48.70% 12.70% 

38,00 FRB Centre-Val 

de Loire 15.29% 45.21% 13.60% 7.20% 10.40% 21.92% 2.74% 7.53% 5.74% 6.16% 65.75% 13.70% 
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39,00 FRC Bourgogne-

Franche-Comté 18.26% 46.07% 16.77% 5.81% 9.03% 28.27% 3.66% 5.24% 2.74% 10.47% 67.02% 16.32% 

40,00 FRD Normandie 16.28% 49.51% 15.20% 9.36% 10.53% 22.06% 4.90% 5.88% 2.41% 4.90% 67.16% 14.85% 

41,00 FRE Nord-Pas-

de-Calais-Picardie 15.89% 46.85% 18.34% 6.23% 10.38% 23.80% 4.52% 5.42% 5.73% 6.93% 61.75% 17.47% 

42,00 FRF Alsace-

Champagne-Ardenne-

Lorraine 18.48% 53.44% 15.87% 8.38% 11.68% 19.84% 5.29% 5.03% 6.25% 10.32% 68.52% 15.08% 

43,00 FRG Pays de la 

Loire 16.43% 43.03% 17.13% 9.72% 12.04% 21.20% 3.59% 3.59% 3.94% 9.16% 60.96% 13.55% 

44,00 FRH Bretagne 19.13% 48.63% 15.35% 8.37% 11.16% 24.71% 5.12% 4.71% 4.33% 8.24% 64.96% 16.08% 

45,00 FRI Aquitaine-

Limousin-Poitou-

Charentes 19.11% 46.75% 20.11% 10.05% 14.67% 21.69% 4.76% 7.79% 3.43% 9.09% 65.73% 14.75% 

46,00 FRJ Languedoc-

Roussillon-Midi-

Pyrénées 16.88% 45.79% 12.96% 6.98% 9.30% 22.89% 2.37% 7.61% 2.84% 13.65% 67.37% 16.05% 

47,00 FRK Auvergne-

Rhône-Alpes 17.28% 47.99% 19.83% 11.48% 13.57% 21.99% 6.11% 6.46% 3.52% 6.63% 61.43% 15.18% 

48,00 FRL Provence-

Alpes-Côte d’Azur 19.48% 46.95% 24.51% 17.32% 20.59% 19.41% 3.98% 4.77% 4.12% 10.61% 64.72% 13.26% 

49,00 FRM Corse 29.41% 55.00% 17.24% 13.79% 13.79% 14.63% 2.44% 9.76% 3.70% 20.00% 70.00% 14.63% 

50,00 FRY 

Départements d’Outre 

Mer 19.08% 46.30% 21.84% 11.49% 17.24% 25.93% 1.85% 6.48% 6.02% 7.41% 64.81% 9.17% 

51,00 EL3 Attiki 27.64% 43.77% 6.45% 1.61% 2.90% 15.27% 1.27% 3.56% 35.37% 15.27% 67.68% 7.59% 

52,00 EL4 Nisi Aigaiou, 

Kriti 38.64% 49.45% 45.30% 26.50% 37.61% 6.04% 2.76% 2.75% 35.90% 24.73% 90.06% 8.24% 

53,00 EL5 Voreia 

Ellada 27.06% 43.01% 13.56% 3.95% 7.34% 13.99% 1.40% 1.75% 33.90% 18.88% 82.52% 6.62% 

54,00 EL6 Kentriki 

Ellada 27.71% 42.86% 17.88% 11.26% 15.89% 11.65% 3.01% 2.63% 37.75% 16.54% 88.35% 6.74% 

55,00 HR0 Hrvatska 20.74% 53.57% 22.97% 14.86% 20.27% 7.23% 1.19% 4.82% 46.67% 10.71% 80.95% 11.90% 



152 

SMARTDEST – D2.3 Tourism-related mobilities, spatial effects and local responses 

 

 

56,00 HU1 Közép-

Magyarország 22.32% 48.39% 1.34% 1.00% 1.00% 1.17% 1.17% 1.17% 12.37% 8.80% 50.29% 9.09% 

57,00 HU2 Dunántúl 16.78% 58.69% 4.32% 2.70% 4.32% 1.88% 0.94% 0.47% 16.76% 7.98% 59.62% 10.28% 

58,00 HU3 Alföld és 

Észak 16.08% 56.20% 7.05% 3.96% 6.61% 2.32% 1.16% 0.78% 20.18% 7.34% 62.16% 10.51% 

59,00 IE0 Ireland/Eire 23.41% 51.35% 14.81% 4.79% 7.41% 19.60% 2.50% 5.58% 34.35% 11.00% 67.38% 23.89% 

60,00 ITC Nord-Ovest 20.15% 46.37% 20.32% 10.48% 15.45% 4.93% 1.00% 2.77% 30.58% 9.69% 66.86% 8.46% 

61,00 ITF Sud 23.73% 37.04% 27.93% 15.38% 22.24% 5.61% 0.82% 2.35% 28.60% 11.24% 78.04% 8.48% 

62,00 ITG ISole 25.14% 36.72% 30.36% 20.13% 25.74% 5.00% 0.62% 2.28% 31.79% 13.49% 79.05% 7.47% 

63,00 ITH Nord-Est 20.88% 50.27% 26.57% 14.27% 20.94% 4.23% 1.65% 2.56% 27.65% 12.36% 67.71% 9.60% 

64,00 ITI Centro 21.94% 44.95% 25.75% 13.29% 19.73% 3.94% 1.36% 2.91% 32.69% 13.21% 71.56% 7.09% 

65,00 LT0 Lietuva 21.56% 57.77% 1.14% 1.14% 1.14% 2.03% 3.72% 1.69% 18.18% 3.04% 43.58% 11.82% 

66,00 NL1 Noord-

Nederland                         

67,00 NL2 Oost-

Nederland                         

68,00 NL3 West-

Nederland                         

69,00 NL4 Zuid-

Nederland                         

70,00 NO0 Norge 18.01% 46.48% 6.68% 0.27% 0.80% 10.65% 9.92% 12.75% 28.53% 12.26% 56.70% 19.58% 

71,00 PL2 

Makroregion 

Poludniowy 19.18% 58.57% 25.82% 6.94% 16.38% 6.03% 2.54% 1.59% 41.51% 12.54% 66.03% 12.40% 

72,00 PL4 

Makroregion 

Polnocno-Zachodni 18.75% 58.20% 28.04% 8.44% 18.11% 4.81% 3.01% 1.20% 43.18% 14.00% 69.54% 12.00% 

73,00 PL5 

Makroregion 

Poludniowo-Zachodni 18.62% 58.84% 33.47% 10.04% 21.34% 5.44% 3.39% 2.38% 46.03% 12.93% 68.03% 13.27% 

74,00 PL6 

Makroregion Polnocny 17.76% 58.69% 32.29% 9.14% 20.57% 7.03% 2.58% 1.64% 43.14% 11.48% 67.14% 13.11% 
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75,00 PL7 

Makroregion 

Centralny 16.90% 56.82% 31.16% 6.98% 20.00% 4.92% 6.44% 0.76% 48.37% 9.85% 73.86% 9.85% 

76,00 PL8 

Makroregion 

Wschodni 17.28% 57.30% 28.01% 8.14% 18.57% 6.49% 6.76% 1.89% 45.60% 11.08% 70.81% 10.54% 

77,00 PL9 

Makroregion 

Województwo 

Mazowieckie 16.27% 53.79% 26.80% 6.92% 17.29% 6.40% 3.55% 2.13% 41.33% 11.82% 63.74% 12.06% 

78,00 PT1 Continente 22.14% 50.29% 26.25% 13.75% 21.13% 17.02% 3.89% 5.06% 28.13% 7.30% 66.63% 11.38% 

79,00 PT2 Região 

Autónoma dos Açores 23.68% 51.85% 29.17% 12.50% 25.00% 17.86% 3.70% 3.70% 30.43% 3.70% 66.67% 10.71% 

80,00 PT3 Região 

Autónoma da Madeira 28.46% 48.65% 28.13% 9.38% 21.88% 18.92% 2.70% 5.41% 32.26% 8.11% 64.86% 10.81% 

81,00 RO1 

Macroregiunea unu 

(Nord-Vest & Centru) 19.23% 57.75% 0.27% 0.01% 0.27% 0.75% 0.50% 0.25% 40.27% 6.00% 60.00% 5.75% 

82,00 RO2 

Macroregiunea doi 

(Nord-Est & Sud-Est) 15.72% 54.38% 1.40% 1.12% 1.40% 1.80% 1.80% 0.26% 42.02% 9.79% 71.91% 11.86% 

83,00 RO3 

Macroregiunea trei 

(Sud-Muntenia & 

București - Ilfov) 20.98% 53.14% 0.63% 0.42% 0.42% 1.18% 1.37% 0.39% 39.29% 10.00% 64.12% 6.47% 

84,00 RO4 

Macroregiunea patru 

(Sud-Vest Oltenia & 

Vest) 16.31% 58.89% 0.01% 0.01% 0.01% 0.40% 1.98% 0.01% 39.26% 9.88% 61.66% 5.16% 

85,00 SE1 Östra 

Sverige 17.38% 45.53% 22.86% 9.21% 12.06% 11.17% 10.05% 9.51% 25.16% 10.60% 50.95% 20.05% 

86,00 SE2 Södra 

Sverige 17.17% 44.59% 25.38% 10.09% 13.76% 12.26% 8.94% 9.49% 23.93% 9.46% 51.76% 20.22% 
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87,00 SE3 Norra 

Sverige 16.23% 50.38% 26.96% 12.17% 14.78% 13.18% 10.00% 9.16% 28.70% 8.40% 56.59% 21.37% 

88,00 SI0 Slovenija 19.40% 54.84% 20.50% 9.32% 16.77% 14.13% 2.15% 3.76% 53.42% 13.44% 73.12% 12.90% 

89,00 SK0 Slovakia 17.79% 59.50% 8.94% 3.52% 7.32% 1.38% 1.37% 1.38% 31.17% 10.60% 64.98% 8.26% 

90,00 UKC North East 22.36% 51.69% 4.80% 1.31% 2.18% 16.17% 3.37% 8.99% 27.07% 22.47% 67.32% 25.09% 

91,00 UKD North 

West 22.45% 47.22% 4.11% 0.99% 1.13% 12.55% 3.79% 9.36% 25.56% 15.50% 57.63% 24.40% 

92,00 UKE Yorkshire 

and the Humber 21.26% 47.34% 5.35% 1.23% 1.44% 11.83% 4.40% 8.81% 21.56% 17.50% 57.43% 22.53% 

93,00 UKF East 

Midlands 22.42% 47.47% 4.40% 0.66% 0.66% 13.65% 2.72% 10.92% 25.33% 18.11% 61.69% 26.51% 

94,00 UKG West 

Midlands 20.44% 48.08% 6.32% 0.99% 2.37% 13.49% 3.14% 8.73% 25.25% 13.64% 58.20% 24.74% 

95,00 UKH East of 

England 21.34% 48.40% 5.53% 0.95% 1.53% 12.50% 3.52% 8.09% 22.52% 14.36% 60.55% 21.64% 

96,00 UKI London 16.83% 49.66% 6.08% 1.38% 1.80% 12.09% 4.08% 8.62% 29.03% 25.00% 56.97% 16.05% 

97,00 UKJ South East 20.97% 47.99% 6.56% 2.27% 3.03% 13.35% 4.02% 8.49% 27.74% 15.49% 58.40% 27.44% 

98,00 UKK South 

West 22.10% 49.35% 5.89% 1.57% 2.95% 12.03% 5.00% 10.82% 27.50% 17.77% 65.25% 25.16% 

99,00 UKL Wales 21.38% 47.56% 8.75% 2.66% 3.80% 16.45% 3.58% 12.38% 27.38% 15.03% 60.74% 22.55% 

100,00 UKM Scotland 22.60% 51.74% 5.26% 1.69% 2.44% 11.37% 4.49% 7.46% 31.39% 15.00% 67.11% 24.67% 

101,00 Northern 

Ireland 19.07% 50.61% 6.38% 1.42% 2.13% 12.80% 4.88% 6.10% 26.24% 14.11% 62.96% 23.78% 
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Table A 10: Change Rates in the Overall Index Scores from 2008 to 2019. 

NUTS REGION CHANGE RATE 

1,00 AT1 Ostösterreich 0.69% 

2,00 AT2 Südösterreich 13.53% 

3,00 AT3 Westösterreich -11.31% 

4,00 BE1 Region de Bruxelle-Capitale/Brussels Hoofdstedelijk Gewest 35.16% 

5,00 BE2 Vlaams Gewest 37.71% 

6,00 BE3 Region Wallone 23.84% 

10,00 CZ0 Cesko 2.38% 

27,00 DK0 Danmark 38.85% 

28,00 ES1 Noroeste 12.99% 

29,00 ES2 Noreste 3.16% 

31,00 ES4 Centro -1.85% 

32,00 ES5 Este 4.91% 

33,00 ES6 Sur -3.75% 

34,00 ES7 Canarias 7.74% 

35,00 FI1 Manner-Suomi 22.15% 

37,00 FR1 Île de France 4.72% 

38,00 FRB Centre-Val de Loire -2.07% 

39,00 FRC Bourgogne-Franche-Comté -10.54% 

40,00 FRD Normandie -16.98% 

41,00 FRE Nord-Pas-de-Calais-Picardie 5.20% 

42,00 FRF Alsace-Champagne-Ardenne-Lorraine 6.95% 

43,00 FRG Pays de la Loire -3.28% 

44,00 FRH Bretagne 1.55% 

45,00 FRI Aquitaine-Limousin-Poitou-Charentes 1.93% 

46,00 FRJ Languedoc-Roussillon-Midi-Pyrénées 0.76% 

47,00 FRK Auvergne-Rhône-Alpes 21.68% 

48,00 FRL Provence-Alpes-Côte d’Azur 13.10% 

51,00 EL3 Attiki 14.97% 

52,00 EL4 Nisi Aigaiou, Kriti 39.01% 

53,00 EL5 Voreia Ellada -8.11% 

54,00 EL6 Kentriki Ellada 19.73% 

55,00 HR0 Hrvatska 2.18% 

56,00 HU1 Közép-Magyarország -43.44% 

57,00 HU2 Dunántúl -32.01% 

58,00 HU3 Alföld és Észak -14.44% 

59,00 IE0 Ireland/Eire 46.05% 

60,00 ITC Nord-Ovest 23.45% 

61,00 ITF Sud 11.88% 

62,00 ITG ISole 14.40% 

63,00 ITH Nord-Est 17.69% 

64,00 ITI Centro 13.00% 

70,00 NO0 Norge -27.71% 

71,00 PL2 Makroregion Poludniowy -24.19% 

72,00 PL4 Makroregion Polnocno-Zachodni -13.51% 

73,00 PL5 Makroregion Poludniowo-Zachodni -11.82% 

74,00 PL6 Makroregion Polnocny -0.88% 
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75,00 PL7 Makroregion Centralny -23.10% 

76,00 PL8 Makroregion Wschodni -17.49% 

77,00 PL9 Makroregion Województwo Mazowieckie -12.24% 

78,00 PT1 Continente 23.77% 

79,00 PT2 Região Autónoma dos Açores 670.00% 

80,00 PT3 Região Autónoma da Madeira 418.00% 

85,00 SE1 Östra Sverige 14.49% 

86,00 SE2 Södra Sverige 0.89% 

87,00 SE3 Norra Sverige -3.16% 

89,00 SK0 Slovakia 28.60% 

 

 


